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Abstract

This book focuses on several key issues of risk management in supply chains.
Initially, the authors studied the supplier selection problem with supply risk.
Specifically, the optimal sourcing strategy was identified in a one-retailer two-
suppliers supply chain with random yields. The optimal sourcing strategy of
a retailer and the optimal pricing strategies of two suppliers were investigated
under an environment of supply disruption. Then, the authors studied the dynamic
inventory control problems with cash flow constraints, financing decisions, as well
as delayed cash payment. Finally, the authors created a model for the bargaining
process, of an annual international iron ore price negotiation, to deal with the risk
of wholesale price in the game analysis context.






Preface

Risk management has become an essential issue in supply chain management, from
the modeling of the decision maker’s risk preference, and the studies on uncertain
elements such as demand, supply, price, lead time, etc., to the consideration of
more practical background including cash flow constraints, inventory financing and
delayed cash payment. Theoretically, the book provides a framework to study the
interaction of various factors related to risk and their influence on supply chain
management.

The core of this book is to analyze risk management of supply and cash flows
in supply chains. The book consists of eight chapters. The contents of the book are
outlined in the following.

Chapter 1 surveys the applications of risk management to supply chains and
reviews the existing literature. The numerous literature in this field is classified into
three categories, i.e., risk analysis of supply chain models, disruption management,
and financial risk measurement. Throughout this chapter, some representative
models are selected and their relationships and distinctions are analyzed.

The sourcing strategy of a retailer who procures from two unreliable suppliers
is investigated in Chap.?2. “Unreliable” means that the suppliers may default on
their obligations to deliver order quantities at the end of a given production period.
The retailer facing stochastic demand needs to determine whether to choose single
sourcing from one supplier or dual sourcing from two suppliers, and further how
much to order. A two-period model is developed, and for each period, the authors
identify the conditions under which the retailer will choose different sourcing
strategies. It should be mentioned that more structural results can be found under
the setting of deterministic demand.

Chapter 3 investigates not only the sourcing strategy of a retailer but also the
pricing strategies of two suppliers under a supply disruption environment. The
sourcing strategies of the retailer are characterized in a centralized system and a
decentralized system respectively. Based on the assumption of a uniform demand

vii



viii Preface

distribution, the explicit form of the solutions is obtained when the suppliers are
competitive. Finally, a coordination mechanism is devised to maximize the profits
of both the suppliers.

In Chap.4, a dynamic inventory control problem of a self-financing retailer is
investigated. The retailer can periodically replenish his stock from a supplier and sell
it to the market. The replenishment decisions of the retailer are constrained by cash
flows, which is updated periodically following the purchasing and the sales in each
period. Excess demand in each period is lost when insufficient inventory is available.
The retailer’s objective is to maximize its expected terminal wealth at the end of the
planning horizon. The optimal inventory control policy is characterized. A simple
algorithm is designed for computing the optimal policies in each period. Conditions
are identified under which the optimal control policies are identical across periods.
Finally, comparative static results on the optimal control policy are also presented.

Based on the model introduced in Chaps. 4 and 5 studies the dynamic inventory
control problem with the assumption that asset-based financing is allowed for the
retailer, when being short of cash flow. Excess demand in each period is lost
when insufficient inventory is available. The retailer’s objective is to maximize its
expected terminal wealth at the end of the planning horizon. The optimal inventory
control policy and its dependence on the wealth level are explored. Conditions are
identified under which the retailer will choose either to borrow or to deposit in each
period. The bankruptcy probability is also studied.

Furthermore in Chap. 6, a framework is proposed for incorporating financial con-
siderations including delayed cash payment and receivable into dynamic inventory
models. The financial constraint is updated periodically according to production
activities. The dynamic financial constraint and the optimal operational policy are
explored. The optimal operational policy’s dependence on the financial state is also
studied. It demonstrates the importance of firms considering delayed cash payment.

Chapter 7 seeks to provide insights for an annual international iron ore price
negotiation by establishing mathematical and economical models and especially
extending the Nash bargaining framework. Specifically, a one-supplier two-
manufacturer supply chain is studied. The Nash game is first analyzed between the
two manufacturers and then the bargaining process between the supplier and each
manufacturer is modeled by a sequential Nash bargaining. The results demonstrate
the importance of steel manufacturers in increasing the investment on iron ore.

Chapter 8 concludes the book and suggests some topics for future research.

Within the perspectives of risk management in supply chains, analysis on the
risk management of supply and cash flows are still in its infancy, and more efforts
are needed from academia. Hence the ambition and innovation of this book is to
contribute on risk management in supply chains in following ways:

(1) Characterizing the explicit sourcing strategy (i.e., single sourcing or dual
sourcing) to deal with supply risk

(2) Introducing the concepts of financial risk measurement by incorporating cash
flow constraints, inventory financing and delayed cash payment into inventory
management models
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(3) Providing insights for the iron ore price negotiation to help the steel manufac-
turers to handle the risk of price increase

This book is intended for researchers interested in conducting in-depth studies on
supply chain risk management. The book is also intended for business practitioners
seeking to understand the nature and law governing the working of supply chain risk
management and looking for guidance and decision support for the implementation
of supply chain risk management. Therefore, the book can be useful not only
for researchers but also for practitioners and graduate students in operations
management, management science, and business administration.

We would like to thank many friends and colleagues for their help and support
rendered to us in preparing this monograph. First, we thank Prof. Fangruo Chen
of Columbia University, Prof. Xiuli Chao of The University of Michigan, Prof.
Jeannette Song of Duke University, Prof. Gang Yu of The University of Texas at
Austin, Prof. T.C. Edwin Cheng of The Hong Kong Polytechnic University and
Prof. Kin Kleung Lai of City University of Hong Kong, Prof. Hanqin Zhang, Prof.
Ke Liu and Dr Jingan Li of the Academy of Mathematics and Systems Science
of the Chinese Academy of Sciences for their helpful discussions, suggestions and
valuable comments on our research in this area. We also thank the National Natural
Science Foundation of China, the Academy of Mathematics and Systems Science of
the Chinese Academy of Sciences, and Beijing University of Chemical Technology
for their financial support to our research.
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Chapter 1
Introduction

In recent years, the adopting of some supply chain practice such as outsourcing
and lean production helps in smoothing the operations, but it also results in little
buffer inventory in a supply chain which may lead to increased vulnerability of
the chains.! At the same time, the business environment has evolved to be an
increasingly complex scenario characterized by high uncertainty and rapid and
frequent changes. For example, supply chains are subject to many potential external
sources of disruption, e.g., natural disasters, terrorist attacks, and industrial actions,
etc. The disruption in one firm can rapidly result in a significant adversary impact
on the entire chain. Due to such changes, firm managers not only concern profit
maximization but also pay much attention to risk containment or loss minimization
for their firms. Motivated by the requirements of real world practice, supply chain
risk management attracts more and more attention from academia (Chen et al. 2007;
Shi 2004; Tang 2006a; Wu and Wang 2004a,b; Wu et al. 2006a; Zhou et al. 2006).

So far there is no generally agreed definition of supply chain risk management.
It is even not clear to distinguish risk and uncertainty in supply chain operations
(Tang and Nurmaya Musa 2010; Hua et al. 2010b, 2010c). Based on the review
of existing literature, we think a comprehensive definition of supply chain risk
management should refer to agents in the supply chain, collaboratively with
their partners or on their own, to apply risk management process tools to deal
with risks and uncertainties in the supply chain so as to ensure profitability and
continuity.

The flows in a supply chain mainly include the forms of material, finance and
information. Thus, supply chain risks can also be classified into three types: material
flow risks, financial flow risks and information flow risks. For example, organi-
zations increasingly rely on information technology such as enterprise resource
planning solutions and internet to improve the supply chain process. Vast assistance

I'The following discussion in this chapter is largely based on the ideas and results presented in Wu
et al. (2011).
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2 1 Introduction

from these IT systems has, however, exposed to another consequence, namely
information disruption (Tang and Nurmaya Musa 2010). Tang and Nurmaya Musa
(2010) also points out that quantitative methods are missing in information flow risk
analysis. This book mainly focus on material flow risks and financial flow risks.

Demand fluctuation and supply disruption are two kinds of primary uncertainties
in supply chain material flow and various specific examples of supply chain risks,
e.g., uncertainties of purchasing costs, selling prices, and contract parameters, etc.,
can be ultimately attributed to the variations of supply and demand. Hence, most of
the supply chain material flow risks can be classified into two categories known as
demand risk and supply risk. Besides, the risks of the cash flow and possibility of
bankruptcy need to be incorporated into supply chain management process.

In terms of influence and frequency, risks can also be classified into two types,
one is normal risk and the other is abnormal risk. Generally speaking, normal risk
mainly includes risks that occur frequently and are easy to track and control. These
risks, e.g., demand uncertainty, price fluctuation, and supply variation etc., attract
more and more attention to measure and to model from the academia. On the other
hand, there is broad category of risk, known as abnormal risk, which arises from
great disruptions to normal activities. Such risks are usually caused by unexpected
events such as natural disasters, strikes, economic disruptions, and acts of purposeful
agents (including terrorists) etc. The famous example is the event so-called “911”
in USA. It happened without any premonition and the tangible loss is estimated at
more than one hundred billion! Hence, there is special requirement to incorporate
abnormal risk into supply chain management. Still abnormal risk management, also
known as disruption management, is relatively new and often ignored since it is
difficult to quantify, predict and manage.

To the best of our knowledge, most of the existing literature in relation to
risk management in supply chains mainly focuses on modeling of the decision
maker’s aversion to risks, consisting of various risk measurement approaches, such
as utility function theory, mean—variance trade-off, and value-at-risk (VaR), etc. In
the following chapter, we focus on the literature dealing with the decision maker
who wants to take risk into consideration. Thus, it is the ambition of this chapter to
bring together the research results from these fields of study in order to contribute
to the study of risk management in supply chains. This chapter is not meant to be
comprehensive or inclusive, but reviews through representative papers of the various
issues studied in the risk management literature on supply chains. This chapter
seeks answers to two key questions: What are the underlying supply chain risk
management problems? and how have they been addressed in the current literature?
We hope that it will be helpful for those who are interested in supply chain risk
management.

In the following, Sect. 1.1 attempts to establish a framework of supply chain risk
management problems from modeling of decision maker’s aversion to risks and
supply chain management models. Then some literature on disruption management
is reviewed according to the classical risk management paradigm in Sect. 1.2.
Finally, Sect. 1.3 proposes some financial and economical instruments which are
incorporated into supply chain management models.
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1.1 Risk Analysis of Supply Chain Models

Traditional supply chain management mainly focuses on maximizing the expected
profit or minimizing the expected cost (Li et al. 2006, 2007, 2008; Gong et al. 2009;
He et al. 2010). Seldom of them consider the decision maker’s risk preference
towards the risk. It is well-known that decision makers are classified into three
types based on their preference towards the risk, they are risk-averse, risk-neutral
and risk-taking. In supply chain management, risk-averse usually reflects the real
risk preference of an agent, either a retailer or a supplier. Hence, the modeling
of the decision maker’s preference towards the risk mainly focuses on the risk
measurement of decision maker’s aversion to risks. Almost all methods of risk mea-
surement in supply chain risk management models are originated from economics
and finance. From theory of utility function (von Neumann and Morgenstern 1944)
and mean—variance methodology (Markowitz 1959) in midterm of the last century,
to value-at-risk model and conditional value-at-risk (CVaR) model in recent years,
we incorporate all of them into the framework of supply chain management.

In the following, the literature is categorized by risk management tools, and then
several representative papers are surveyed with basic models and main results.

1.1.1 Risk Management Tools

1.1.1.1 Utility Maximization

Utility function was first presented by von Neumann and Morgenstern in 1944
with the objective aiming to maximizing the decision maker’s expected utility. The
literature adopting utility function to study supply chain models includes Bouakiz
and Sobel (1992), Eeckhoudt et al. (1995), Agrawal and Seshadri (2000a), Chen
et al. (2003), Keren and Pliskin (2006), Wang and Webster (2007, 2009). In the
following, several representative papers are reviewed.

Bouakiz and Sobel (1992) studied the inventory replenishment strategy by
minimizing the expected utility of the present value of costs over a finite planning
horizon and an infinite horizon. Based on an exponential utility function, they had
shown that the optimal ordering policy is given by a sequence of critical numbers
if the ordering costs are linear and the penalty and holding costs are convex.
The infinite-horizon policy is ultimately stationary and approaches the risk-neutral
policy as the period gets larger.

Eeckhoudt et al. (1995) studied the effects of risk aversion in the newsvendor
model by using expected utility functions. The optimal ordering quantity is given
by maximizing the expected utility of a profit function. The decision is based on a
subjective utility function of the decision maker. For certain utility functions the
solution within this framework is larger or smaller than the solution in the risk
neutral case; also the fraction of losses may be reduced. In particular, they presented
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a comparatively static effects of changes in the various price and cost parameters in
the risk aversion setting. Although many of the comparative effects generally are
ambiguous, some fairly simple restrictions on preferences and/or risks increases are
shown to lead to qualitatively deterministic results.

Agrawal and Seshadri (2000a) considered how a risk-averse retailer, whose
utility function is assumed to be increasing and concave in wealth, chooses the
ordering quantity and the selling price in a single-period inventory model. They
showed that in comparison to a risk-neutral retailer, a risk-averse retailer would
charge a higher price and order less if a change in price affects the scale of demand;
whereas, a risk-averse retailer would charge a lower price if a change in price only
affects the location of the demand distribution.

Chen et al. (2003) studied a joint optimization problem on both ordering quantity
and price. In the paper, a framework is proposed for incorporating risk aversion
in multi-period inventory models as well as multi-period models that coordinate
inventory and pricing strategies. In each case, the authors characterized the optimal
policy for various risk measurements. In particular, they showed that the structure
of the optimal policy for a decision maker with exponential utility functions is
almost identical to the structure of the optimal risk-neutral inventory (and pricing)
policies. These structural results are extended to models in which the decision maker
has access to a (partially) complete financial market and can hedge its operational
risk through trading financial securities. Computational results demonstrate the
importance of this approach not only to risk-averse decision makers but also to risk-
neutral decision makers with limited information on the demand distribution.

Wang and Webster (2007) analyzed a supply chain composed of a risk-neutral
manufacturer selling a perishable product to a loss-averse retailer. They found
that the independence between parameters and market demand breaks down in
a buyback contract when the retailer is loss averse. Their results indicate that
coordinating contracts based on the assumption of risk neutrality may result in
markedly lower supply chain profit when retailers are loss averse. Manufacturers
should consider the impact of loss aversion in contract design along with mitigating
provisions such as a gain/loss (G/L)-sharing clause, especially when dealing with
small retailers for which the assumption of risk neutrality is less likely to hold.

Wang and Webster (2009) used a kind of loss aversion utility function to model
a manager’s decision-making behavior in the single-period newsvendor problem.
They found that if shortage cost is not negligible, then a loss-averse newsvendor
may order more than a risk-neutral newsvendor. They also found that the loss-
averse newsvendor’s optimal ordering quantity may increase in wholesale price
and decrease in retail price, which can never occur in the risk-neutral newsvendor
model.

Although the utility theory is widely applied in the area of risk management
in supply chain risk management, the approach itself can be criticized, since it
relies on an independence axiom which may be violated (Kischka and Puppe 1992).
Moreover, from a more pragmatic point of view the application of the expected
utility is more difficult than expectation since the decision maker has to specify
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a utility function, which needs further uncertain procedure including choosing
different utility function and specifying different parameters, which makes the
decision-making is doubtful and inconvenient.

1.1.1.2 Mean-Variance Trade-Off

Besides the utility theory, another widely used risk measurement approach is mean—
variance methodology (Xie et al. 2008). This methodlogy was firstly introduced
by Markowitz (1959). Actually, the mean—variance methodology is a special form
of utility function theory, noting that mean—variance objective maximization is
equivalent to expected utility maximization when the utility function is quadratic
as shown in Mossin (1973) and Wang and Xia (2002).

Chung (1994) and Sobel (1994) used the mean—variance methodology to study
undiscounted Markov decision process (MDP). They introduced the mean—variance
methodology into MDP model, and laid the foundation for further research of using
the mean—variance methodology to study supply chain risk management.

Another classical and fundamental work is done by Chen and Federgruen (2000).
They revisited a number of basic inventory models by using the mean—variance
methodology. They showed how a systematic mean—variance trade-off analysis
can be carried out efficiently, and how the resulting strategies differ from those
obtained in the standard analysis. Specifically, in the infinite horizon models, they
focused on the mean—variance trade-off of customer waiting time as well as the
mean—variance trade-off of inventory levels. Based on these classical works, some
researchers studied more complicated supply chain models by using the mean—
variance methodology.

Martinez-de-Albéniz and Simchi-Levi (2006) studied the mean—variance trade-
offs faced by a manufacturer in signing a portfolio of option contracts with its
suppliers and having access to a spot market.

Lau and Lau (1999) studied a supply chain consisting of a monopolistic supplier
and a retailer. The supplier and the retailer employ a return policy, and each of them
has a mean—variance objective function. They found the optimal wholesale price
and return credit for the supplier to maximize the utility.

Buzacott et al. (2003) studied a class of commitment—option supply contracts
within a mean—variance framework. They showed that a mean—variance trade-off
analysis with advanced reservation can be carried out efficiently. They got results
demonstrating that the mean—variance objective is convex with respect to both the
contract commitment portion and the option potion. Moreover, a monotonicity result
with respect to the quality of information revision is also obtained. Their numerical
experiments demonstrate that, in particular, the mean—variance analysis is efficient
when the quality of information revision is low to medium. Also, a number of their
results remain to be true for a general utility function formulation as well. They also
pointed out to model this type of volume contract with down side risk would be a
good direction.
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Agrawal and Seshadri (2000b) considered the issue of coordination of the
channel. Their aim is to increase the channel’s ordering quantity to the optimal level
in the risk-neutral case. They designed a two-part tariff contract, in which a mean—
variance risk-averse retailer receives a side payment from a risk-neutral distributor
with the remainder of the channel profit going to the distributor. The channel risk in
their contract is assumed only by the distributor, whereas it is shared by all in their
risk-sharing contract.

Chen and Seshadri (2006) revisited the problem proposed in Agrawal and
Seshadri (2000b) and reconstructed their results when the number of retailers is
infinite and their coefficient of risk aversion is drawn from a continuous distribution.
They showed that this distribution uniquely determines the channel structure.

Choi and Chow (2008), Choi et al. (2008a, 2008b, 2008c), Wei and Choi (2010),
and Zhao et al. (2010a) studied some related problems in inventory and supply
chain within the mean—variance framework systematically. The topics involve the
newsvendor problem, return policy, and channel coordination, etc. Several signifi-
cant insights are presented from the comparisons with the traditional performance
evaluation by the expectation maximization.

Wu et al. (2009) studied the risk-averse newsvendor model with a mean—variance
objective function. They showed that the stockout cost has a significant impact on
the newsvendor’s optimal ordering decisions. In particular, with the stockout cost,
the risk-averse newsvendor does not necessarily order less than the risk-neutral
newsvendor. They illustrated this finding analytically for the case where the demand
follows the power distribution.

Xing et al. (2010) investigated the strategies of a manufacturer and a retailer in a
decentralized supply chain with a fully liquid B2B online exchange by using mean—
variance theory. They showed that for the retailer, the B2B electronic market can
serves as a speculation market or a second procurement source. Correspondingly,
by using the pricing strategy, the manufacturer can achieve bully or risk-sharing
intentions.

The approach of mean—variance trade-off is widely used into the area of
supply chain risk management. However, as a utility function, the mean—variance
methodology also suffers two drawbacks. Firstly, it equally penalizes desirable
upside and undesirable downside outcomes. While in reality, a decision maker
usually cares only the downside loss while maximizing profit. Hence, opposite to
mean—variance, semi-variance or downside risk measurement may be applied in
that case. Secondly, it is well known that if the investors hold diversified portfolios
of financial assets, the relevant risk of an investment by a value-maximizing firm
cannot be appropriately measured by the total variance of the return from that
investment. Under such circumstances, the proper measure of the project’s risk
aversion of the decision maker may be different from the return-risk trade-off
imposed by shareholders, and thus this criterion may imply the existence of the
agency problems.
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1.1.1.3 Value-at-Risk and Conditional Value-at-Risk

In the last several years, value-at-risk (VaR) has increasingly been used by financial
managers as a powerful tool to measure and manage risk exposure and at the same
time hedge trading and other financial policies. VaR is defined as the expected loss
arising from an adverse market movement with specified probability over a period of
time. Please see Duffie and Pan (1997) for an exposition of this subject. Although
VaR is currently broadly used, it has some critiques. For example, Artzner et al.
(1999), showed that VaR should not be used as the sole measure of risk exposure
since it does not satisfy all the properties needed from a risk measure. Therefore,
research of supply chain management incorporating VaR approach is rare.

A rare exception is the work by Tapiero (2005). The author solved a specific
problem based on VaR risk exposure in inventory manager’s concern for their
“money and risk” preferences. He also showed that single-period, multi-period,
and multi-products inventory problems as well as inventory with price and demand
uncertainty can be considered by using the standard VaR approach. Although
the mathematical problems arising from such applications of the VaR approach
are difficult to solve analytically, solutions can be found by applying standard
computational and simulation techniques.

Based on VaR, another criterion used in inventory management is the CVaR
(Chen et al. 2003 and the literature cited there). The CVaR is the conditional
expected profit under the condition that the profit is below the y-quantile. Thus,
CVaR encompasses the amount of loss. Moreover, CVaR has an advantage over VaR
of being a coherent risk measure (Artzner et al. 1999). The recent works include
Jammernegg and Kischka (2004), Wu et al. (2006a, 2006b), Xu et al. (2006), Gotoh
and Takano (2007), Zhou et al. (2008), Chen et al. (2009), Yang et al. (2009), Goh
and Meng (2009), Wu et al. (2010), Xu (2010), and Carneiro et al. (2010).

Jammernegg and Kischka (2004) work was a certain extent related to the CVaR
approach. They used the well-known newsvendor model to determine the optimal
performance measures for an objective function with two risk parameters, one
is for the convex combination of two conditional expected values of the profit,
and the other discriminates the low profits and high profits by being used as the
a-quantile of the profit distribution. In contrast to CVaR models, not only the
CVaR is taken into account for low profits but also the high profits are taken
into consideration. The authors then provided a complete characterization for this
approach with respect to the performance measures which expected profit and
service level, and showed that a risk-averse inventory manager can not dominate
a risk neutral or a risk seeking inventory manager. Furthermore, they provided a
managerial guidelines for selecting the appropriate risk parameters of the objective
function. The CVaR criterion is two-faced, as it describes risk aversion but neglects
a large part of the profit distribution, or encompasses a large part of the profit
distribution but approaches risk neutrality. The method proposed in their work
avoids this disadvantage.

Wu et al. (2006a, 2006b) applied CVaR approach to study a pay-to-delay
contract first proposed in Brown and Lee (1997), and then analyzed by
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Buzacott et al. (2003). The results show advantages of using the CVaR approach
over the mean—variance approach in some aspects. It avoids the disadvantage of
the mean—variance methodology which equally penalizes the desirable upside and
the undesirable downside outcomes. The CVaR approach also provides an explicit
solution, which has better computational characteristics.

Zhou et al. (2008) proposed an optimal-order model for multi-product with CVaR
constraints which is formulated as a linear programming problem. The model is
simulated for the case of a newsvendor to analyze to what degree it succeeds. The
comparison of return-CVaR model and the classical model shows that return-CVaR
model is more flexible.

Chen et al. (2009) considered a risk-averse newsvendor with a stochastic price-
dependent demand using CVaR. They investigated the optimal pricing and inventory
decisions for both additive and multiplicative demand models and provided suffi-
cient conditions for the uniqueness and the existence.

Yang et al. (2009) studied the coordination of supply chains with a risk-neutral
supplier and a risk-averse retailer in a CVaR framework. They showed that the
supply chain can be coordinated with the revenue-sharing, buy-back, two-part tariff
and quantity flexibility contracts. Furthermore the revenue-sharing contracts are still
equivalent to the buy-back contracts when the retail price is fixed. The risk-averse
retailer of the coordinated supply chain can increase its profit by raising its risk-
averse degree under mild conditions.

Goh and Meng (2009) established a stochastic programming formulation for
supply chain risk management by using CVaR and introduced the sample average
approximation method for solving the underlying stochastic model.

Wu et al. (2010) introduced the concept of CVaR as the evaluation criterion in
a supply contract model. They derived the manufacturer’s optimal decisions and
analyzed the impact of risk aversion on the manufacturer’s decisions. They obtained
results that characterize the explicit relationship between the manufacturer’s risk
attitude and the optimal decisions. They also showed the dependence of the
decision variables on the price and cost parameters, which is seldom given in the
literature.

Xu (2010) considered a newsvendor model in which a risk-averse manager faces
a stochastic price-dependent demand in either an additive or a multiplicative form.
By adopting CVaR as the decision criterion, he investigated the optimal pricing and
ordering decisions and the effects of parameter changes in such a setting.

1.1.1.4 Downside Risk

Mean-variance equally treats upside and downside outcomes and hence is inappro-
priate for use. Another risk measurement approach, downside risk measure, solves
the problem well (Zhu et al. 2009; Yu et al. 2010). The development of downside risk
measures started with Roy (1952), whose aim is to develop a practical method for
determining risk-return trade-offs. He stated that an investor would prefer safety of
the principal first and set some minimum acceptable returns. A general definition of
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downside risk is introduced by Fishburn (1977) in the form of lower partial moments
(LPM) operationalized as the probability-weighted functions of deviations below
some target return.

As for the issue of supply chain management, the recent works include Gan
et al. (2004, 2005) and Yang et al. (2007). Gan et al. (2004, 2005) considered
downside risk measure which is defined as the probability that the return is below
a target level. Gan et al. (2004) took up the issue of Pareto-optimality and began
with defining a coordinating contract as one that results in a Pareto-optimal solution
acceptable to each agent. Their definition generalizes the standard one in the risk-
neutral case and then developed coordinating contracts in three specific cases.
In each case, they showed how to find the set of Pareto-optimal solutions, and
then designed a contract to achieve the solutions. The authors also exhibited a
case in which they obtained Pareto-optimal sharing rules explicitly, and outlined
a procedure to obtain Pareto-optimal solutions. Gan et al. (2005) investigated how
a supply chain involving a risk-neutral supplier and a downside-risk-averse retailer
can be coordinated with a supply chain contract. They showed that the standard buy-
back or revenue-sharing contracts may not coordinate such a channel. Using their
earlier definition of supply chain coordination with risk-averse agent, they designed
a risk-sharing contract that achieves coordination. Li et al. (2009) analyzed loan
limit indicator of seasonal inventory financing in supply chain financial innovation.
They analyzed loan limit consistency to risk tolerance level of downside-risk-averse
banks in seasonal inventory financing. The results show that downside-risk limits
can control the risk of seasonal inventory financing and make the loan consistent to
risk tolerance level of banks.

1.1.1.5 Prospect Theory

Prospect theory arose from behavior finance and psychology, and was proposed in
Kahneman and Tversky (1979). In the prospect theory, opposite to that in traditional
utility function theory, a decision maker may have reference dependent preferences
and is risk-averse over the domain of gains and risk seeking over the domain of
losses. The definition of reference point is decided subjectively and circumstantially.
An obvious example is that, in the context of the newsvendor problem, it is natural
to assume the reference point equals current wealth. With the reference point
chosen, the convex/concave utility function then predicts risk-seeking behavior in
the domain of losses and risk-averse behavior in the domain of gains. Although the
prospect theory has been broadly used in economics and finance, to the best of our
knowledge, there is little literature introducing the prospect theory into supply chain
risk management.

Schweitzer and Cachon (2000) referred to the theory, but they mainly focussed
on the experimental evidence for the explanations to that subjects that always order
too few of high-profit products and too many of low-profit products. In fact, the
prospect theory could explain the asymmetry if subjects are relatively more risk-
seeking in losses than risk averse in gains, and more specifically, could handle
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the case of demand disruptions by putting a large weight on the small-probability
events. Therefore, the prospect theory may have a good prospect of being applied in
disruption risk management for supply chains.

A rare exception is Hua et al. (2010a). They examined the loss-averse newsven-
dor problem with the prospect theory. The newsvendor can order goods at a regular
purchase price before the selling season, and can also order at an emergency
purchase price, if any, before the selling season ends. The optimal order policy and
profit in this scenario are obtained and are compared with those in the classical
model and the loss aversion version.

1.1.1.6 Other Risk Measurements

As shown above, CVaR is a coherent risk measurement while value-at-risk is not.
The general notion of a coherent risk measure arises from an axiomatic approach
for quantifying the risk of a financial position. As Artzner et al. (1999) showed,
a function is said to be coherent risk measure if it satisfies some axioms. The
reader is recommended to read the paper for more details. Ahmed et al. (2005)
analyzed the classical newsvendor and multi-period inventory models where the
objective function is a coherent risk measure. By using a dual representation, a one-
to-one correspondence is established between the risk aversion formulation and the
min—-max type formulations. The results showed that the structure of the optimal
solution of the risk aversion model is similar to that of the classical expected value
problem, for both single period newsvendor problem and finite horizon dynamic
inventory model. Furthermore, the authors analyzed the monotonicity properties of
the optimal ordering quantity with respect to the degree of risk aversion for certain
risk measures. Another risk measurement approach is suggested by Lau (1980),
where the risk measurement is defined as the probability of not achieving a certain
level of profit. The author analyzed the classical newsvendor model under two
different objective functions. In the first objective, the focus is on maximizing the
decision maker’s expected utility of total profit which has been discussed above. The
other objective function is the maximization of the probability of achieving a certain
level of profit. For this purpose, Lau (1980) presented formulas for the moments of
the profit for a general demand distribution. In particular, the author considered
a special demand distribution called Schmeiser—Deutsh and demonstrates some of
its advantages. Although this criterion avoids the definition of risk altogether, it
is not at all clear how a value-maximizing firm should specify the cut-off rate of
profit.

1.1.2 Newsvendor Model

As a fundamental problem in stochastic inventory control and supply chain man-
agement, the newsvendor problem has been extensively studied for a long time
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and applied in a broad array of business settings with the objective of expectation
performance. This section focuses on the risk analysis of newsvendor model from a
risk management perspective.

1.1.2.1 Model Formulation

In the newsvendor problem, a manager is assumed to sell a single product during a
short selling season facing stochastic demand. He has only one ordering opportunity
before the selling season, and no further replenishments are allowed. If too much is
ordered, he will incur an overage cost, whereas if too little is ordered, sales are lost
with underage cost. Therefore, he must balance the shortage costs of ordering too
little against the overage costs of ordering too much to obtain his maximal profit.

Let O be the newsvendor’s ordering quantity. Let D be the future stochastic
demand during the selling season. Let F' be the cumulative distribution function
and f the probability density function of demand, respectively. It is assumed that
F is a continuous and strictly increasing function and f is a nonnegative function.
The purchasing cost of the product is ¢ per unit, the selling price is r per unit, the
salvage value of any unsold product is s per unit, and the stockout cost of unsatisfied
demand is p per unit. To avoid unrealistic and trivial cases, it is assumed that 0 <
s < ¢ < rand 0 < p. Throughout the book, we use the following notation: for
any number a and b, a~ = min{a, 0}, a* = max{a,0}, a V b = max{a,b} and
a Ab = min{a, b}.

1.1.2.2 Risk-Neutral Case with Expectation Maximization

This section considers a risk-neutral newsvendor with expectation maximization
as its objective function, which is always treated as a benchmark. The objective
function is Igaé{E[H(Q)]}.

>

r+p—c
r+p—s’

The optimal ordering quantity Q* is given by F(Q*) = which is the

well known newsvendor solution.

1.1.2.3 Risk-Averse Case with Mean—Variance Trade-Off

A newsvendor model within a mean—variance framework was proposed by Chen
and Federgruen (2000). A newsvendor needs to balance between the mean and the
variance of his random profit. The objective function with mean—variance trade-off
is rggg{E[H(Q)] — aVar[I1(Q)]} with & (¢ > 0) as the risk parameter to balance

between the return and the risk.

Theorem 1.1.1. The mean function is a concave function of Q and the variance
function is a non-decreasing function of Q. Moreover; the optimal order quantity
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O3y that balance the mean and variance (it is equal to maximize the expected
utility under certain condition) is less than or equal to the newsvendor solution Q*.

For details of the above result, please see Chen and Federgruen (2000).

1.1.2.4 Mean-Variance Trade-Off with Stockout Cost

Wau et al. (2009) incorporated the stockout cost in the above newsvendor model and
finds out that the properties of the variance function and the mean—variance trade-
off may be very different from those of the model without stockout cost. Moreover,
some results obtained in the previous literature may no longer be valid.

When the demand faced by the newsvendor follows a power distribution (for
example, Fp(x) = x¥,0<x <1,k > 0), there is the following result.

Theorem 1.1.2. For power distributed demand, there exists one unique minimizer
08 for Var[z(Q)] on (0, 1), where Var[r(Q)] is decreasing in [0, Q%] and increas-
ing in [Q9, 1]. Moreover, there exists a critical value k* with 0 < k* < 1 and the
newsvendor’s optimal order quantity is distinguished by three cases as follows:

(1) If0 < k < k*, then Q* < Q3 and the optimal order quantity is in the interval
[0*, O}l

(2) Ifk = k*, then Q* = Q) and the optimal order quantity is exactly Q*.

(3) If k > k*, then Q* > Q3 and the optimal order quantity is in the interval
[0F. 07].

Theorem 1.1.2 leads to the insightful result that the risk-averse newsvendor may
order less than the risk-neutral newsvendor, if the stockout cost is positive, which
will never happen if the stockout cost is zero. This result disproves a claim by Lau
and Lau (1999).

For details of the above result, please see Wu et al. (2009).

1.1.2.5 Risk-Averse Case with Utility Maximization

A risk-averse newsvendor, who would like to select maximizing his expected utility

function, is considered in Keren and Pliskin (2006). The objective function with

utility maximization is given by Iéla%({E [U(IT(Q))]}, which can be simplified as
>

Iggg{E[U(V(Q AD)+s(Q—=D)" —p(D - Q)" —cO)]}.

With the concavity property, the first order condition can be given by

rtp—c _ Jowl—9x + (-0l f(x)dx
c=s ol +p=0)Q = pxlfx)dx

Under certain assumptions of utility function and/or demand distribution, some
results may be obtained.

(1.1)
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Theorem 1.1.3. If the demand for newsvendor is uniformly distributed over [A, B],
a risk-averse newsvendor with a uniformly more concave utility function sets his
optimal ordering quantity Q& to a lower value than a less risk-averse newsvendor.
We note here that a more concave utility function is more risk-averse according to
Pratt’s (1964) measure of risk r(x) = —'2&)

w(x)

Theorem 1.1.4. A risk-averse newsvendor with a concave utility function sets Q¢
less than a newsvendor who is risk-neutral.

For details of the above results, please see Keren and Pliskin (2006).

A multi-period (then an infinite horizon) stochastic inventory model with respect
to risk-averse criterion by using utility function is studied in Bouakiz and Sobel
(1992). The utility function is assumed to be an exponential one given by u(x) =
e ™ where © > 0. The objective function of M period planning horizon is
max E[e*BM))] where B(M) is the present value of costs incurred during an
M -period planning horizon.

In period m, let x,, and y,, be the respective inventory levels before and after
additional goods are ordered (and delivered). It is assumed that: (1) the demand in
period m, D,, is unknown when y,, is selected, (2) Dy, D, ..., D,, are independent
and identically distributed nonnegative random variables.

The present value of costs during M period planning horizon is given by

M
B(M) =" B e(yi — xi) + g(yi. D] = B v(ym. D). (0 < B < 1). (1.2)

i=1

It is proved in Bouakiz and Sobel (1992) that the M period problem for each M
has an optimal base stock policy. Specifically, there is a sequence of functions y; (+),
such that the optimal base stock level in period i, is y; (B~ 'u), i = 1,2,..., M.
It is also proved that the infinite period problem has an optimal base stock
policy. Specifically, there is a sequence of functions y (i), y(Bu), y(B*1), ..., to
characterize the optimal policy. Moreover, for sufficient large m, y(B" ') is an
optimal risk-neutral base stock level.

For details of the above result, please see Bouakiz and Sobel (1992).

1.1.2.6 Risk-Averse Case with Conditional Value-at-Risk

A risk-averse newsvendor with CVaR approach was studied by Chen et al. (2003).

A close-form solution by using a definition presented in Chen et al. (2003) is

obtained. The objective function is rga)é Cym(x, Q), where C,m(x, Q) = malgc{v +
> VE

%E [(w(x, @) —v)7]}, vis areal number, E is the expectation taken on the random
demand D, Q is the ordering quantity, and y (0 < y < 1) is the risk aversion
parameter.
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Theorem 1.1.5. A risk-averse newsvendor with CVaR approach orders F~!

(V(r+p—6)
r+p—s

averse the newsvendor is, the less quantity he will order.

), which is less than a risk-neutral newsvendor. Moreover, the more

For details of the above result, please see Chen et al. (2003).

1.1.3 Supply Chain Contract: A Pay-to-Delay Capacity
Reservation Contract

There is numerous literature devoted to supply chain contracts that coordinate a
supply chain with risk-neutral agents. For these literature, the reader is referred to
Tayur et al. (1999), and the survey by Cachon (2003), and the references therein.
In the following text, we focus on the literature dealing with supply chain contract
with risk-averse agents. Specifically, a pay-to-delay capacity reservation contract is
analyzed in both risk-neutral case and risk-averse case as an example to derive the
impact of risk aversion on the optimal supply chain decisions.

1.1.3.1 Model Formulation

A pay-to-delay capacity reservation contract in which capacity may be reserved in
the form of options was given by Brown and Lee (1997). It is an agreement between
a downstream manufacturer and an upstream supplier. With such a contract, the
manufacturer can make two procurement decisions in the whole time horizon. At
11, long before the selling season begins, the manufacturer should decide to buy the
commitment capacity y with a cost ¢f per unit, and reserve the option capacity z — y
with a cost ¢, per unit. At f,, with the demand forecasting, the manufacturer makes
his final decision whether to use the option or not and how many options he should
use. Let w be the manufacturer’s final ordering quantity, where w > y. For any
option exercised, the manufacturer pays c. per unit. Besides purchasing by contract
in the second stage, the manufacturer can also purchase from a spot market with
a price ¢, for each unit. At the end of the selling season, the manufacturer gains
revenue p per unit and sells the remaining inventory for a salvage value s for each
unit. To ensure realistic decisions, it is assumed that s < ¢f < ¢e + ¢, < ¢p < p and
s < Ce.

1.1.3.2 Risk-Neutral Case with Expectation Maximization

With the expected profit maximization as the criterion, the objective function is
Jnax {Ep,[m1(y,2)]}. The main results are given as follows:
<y=z
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Theorem 1.1.6. For any given commitments portion y and option portion z, the
optimal ordering quantity w*(y, z, D1) in the second stage is given by
VW, If z<wy,
w(y,2, D1) = {wy, if y<w <z

v, otherwise,

where wi and w, are two order-up-to levels given by wy(Dy) = H™! (%|D1),
— —1 —Ce
andwl(Dl) =H (ILTle1> .

Theorem 1.1.7. The optimal commitments portion y* and the optimal option
reservation 7* are given by

() = 1.z1)s i <z,
(2, y2), else,

where y1, z1, and y, are the optimal solutions satisfying the first order conditions,
respectively.

For details of the above results, please see Brown and Lee (1997).

1.1.3.3 Risk-Averse Case with Mean—Variance Trade-Off

Buzacott et al. (2003) studied the above pay-to-delay capacity reservation contract
within the mean—variance framework. It is assumed that the decision maker in stage
1 is risk-neutral and the decision maker in stage 2 is risk-averse with mean—variance
criterion.

The objective function at stage 2 is to choose optimal w to maximize

Iy (y,z,w, D1) = E[m(y, z, w|D1)] — aVar[ma (v, z, w| D1)]. (1.3)
The objective function at stage 1 is to choose optimal y and z to maximize

max I1,(y, z) (1.4)

0<y=z

where

Iy (y.2) = E[E[m2(y,z,w*, D3| D1)]] — co(z — y) —cty. (1.5)
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The main results are given as follows:
Theorem 1.1.8. For any given commitments portion y and option portion z, the

optimal ordering quantity w*(y, z, D1) in the second stage is given by

Vv wp(Dy), if y <z<we(Dy),
w*(y,z, D1) = {we(D)), if y <we(D1) <z, (1.6)

y, otherwise,

where we(D1) and wy(D1) are two order-up-to levels given as follows:

Wp(Dl)
(1 — HOwp(D))| D) {1 ~2u(p—s) | H<x|Dl)dx} =

we(D1) Ce —
[1 — H(we(D1)|D1)] [1 —2a(p —S)/O H(X|D1)dx:| =5 (1.7)

Theorem 1.1.9. Assume that the updating demand D,| D is stochastic increasing
in the observed information D,. Forany 0 <y <z,

L(y) =Ui(z) 2 Us(2) (1.8)

and L(-), Ui(-) and U,(-) are non-decreasing functions. Moreover, the optimal
purchase quantity w* at stage 2 can be written as

wp(D1), if Us(z) < Dy < o0,

V(e Dy =17 lf Ui(z) < Dy < Us(2), (1.9)
we(D1), if L(y) < D1 = Ui(2),

Theorem 1.1.10. The optimal commitments portion y* and the optimal option
reservation 7* are given by

Gy =D s (1.10)
<

<
3.y, ifyzz

For details of the above results, please see Buzacott et al. (2003).

1.1.3.4 Risk-Averse Case with Conditional Value-at-Risk

Motivated by the work and suggestions presented in Buzacott et al. (2003), Wu et al.
(2006a, 2006b, 2010) used the CVaR approach to analyze the pay-to-delay capacity
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Table 1.1 Property comparisons of the three different criteria

Expectation Explicit solution Implicit solution Implicit solution
Mean-variance Implicit solution Implicit solution Implicit solution
CVaR Explicit solution Implicit solution Implicit solution

reservation contract model as a measure of downside risk. The ordering quantity in
the second stage is mainly used to cover the demand uncertainty, while, the ordering
quantity in the first stage is the main source to meet most of the expected demand.
The main results are given as follows:

Theorem 1.1.11. For any given commitments portion y and option portion z, the
optimal ordering quantity w*(y, z, D1) in the second stage is given by

2V wp(Dy), if y <z<we(Dy),
W*(y’Zle)z We(Dl)’ l'nyWe(Dl)SZ,

v, otherwise,

where we(D1) and w,(D1) are two order-up-to levels given by

wp(Dy) = H! (yp_cp|D1), ify <z<w,
— S

we(Dy) = H™! (yﬁwl), ify<w<z
p—S

The solution structures in the two stages are summarized in Table 1.1.
When the manufacturer is allowed to use options after the demand is realized,
there is the following result.

Theorem 1.1.12. The manufacturer’s optimal ordering strategy is dependent on

. . : cetCo—Cr —(ce+co) ; ; —

his risk attitude. If Z; “ < L e then the optimal strategy is y* =

F-l ()/ Cc+co—cr) and 7* = F! (7/ Pf(c_e‘)k("o)). Jf Gt p=(eete) yhon the
Ce P—Ce Ce P—Ce

optimal strategy is y* = z* = F~'(y %)-

For details of the above results, please see Wu et al. (2006a, 2006b, 2010).

1.1.4 Supply Chain Coordination

There are numerous works on supply chain coordination with assumption that the
agents in the supply chain are risk neutral (Shu et al. 2010; Zhao et al. 2010b).
However, seldom literature deals with supply chain coordination with risk-averse
agents. In this section, the main results of Gan et al. (2004) and Wang and Webster
(2007) are recalled.
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1.1.4.1 Pareto-Optimality Criterion
Gan et al. (2004) used the Pareto-optimality criterion, derived from the group
decision theory, to evaluate the supply chain’s performance.

Definition 1.1.13. Supply Chain Coordination. A contract agreed upon by the
agents of a supply chain is said to coordinate the supply chain if the optimizing
actions of the agents under the contract:

1. Satisfy each agent’s reservation payoff constraint.
2. Lead to an action pair (s*, 6*(s*)), that is, Pareto-optimal.

Moreover, three specific cases in supply chain management are considered.
Case I: One risk-neutral supplier and one retailer averse to downside risk.

Theorem 1.1.14. If the supplier is risk neutral and the retailer maximizes his
expected profit subject to a downside risk constraint, then a feasible action pair
(s,0(s)) is Pareto-optimal if and only if the supply chain’s expected profit is
maximized over the feasible set.

Case 2: Risk-averse supplier and retailer both with mean—variance trade-off.
Theorem 1.1.15. An action pair (s*,0%) is Pareto-optimal if and only if

§* = arg max |:EH(S) — (Zl ; ) V(H(s))] and almost surely T1;(s, 0*(s)) =
s€ i %y

ﬁl‘[(s)—i-ﬂi,i:l,L...,N.
)%

Case 3: Risk-averse supplier and retailer both with concavity utility.

Theorem 1.1.16. An action pair (s*, 0*(s*)) is Pareto-optimal if and only if s* =

_A,Amu))
arg max E exp ( ) and, almost surely,
As Ay
I, (s*,0(s*)) = ————TI(s*) — A ln ——,
(s7.0(s7)) PR (s7) N

and
A oA
I, (s*,0(s*)) = T TI(s*) + Aln —=,
(s*,0(s7)) Ry (s) + o

where o, g > 0, o + oty = 1.

For details of the above results, please see Gan et al. (2004).

1.1.4.2 Loss Aversion Function

Wang and Webster (2007) considered a channel coordination of a supply chain with
a risk-neutral manufacturer and a loss-averse retailer.
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Table 1.2 Representative literature categorized by risk tools
Other
Mean-—variance Utility function Var and CVar measurements
Chen and Federgruen, Bouakiz and Sobel  Carneiro et al. (2010), Lau (1980),
Chung (1994), Sobel (1992), Tapiero (2005), Chen Schweitzer
(1994), Lau and Lau Eeckhoudt et al. et al. (2003), and Cachon
(1999), Agrawal and (1995), Agrawal Jammernegg and (2000),
Seshadri (2000b), and Seshadri Kischka (2004), Xu Ahmed et al.
Martinez-de-Albéniz (2000a), Chen et al. (2006), Gotoh (2005), Gan
and Simchi-Levi (2006), et al. (2003), and Takano (2007), et al. (2004,
Buzacott et al. (2003), Wang and Wu et al. (2006b, 2005), Yang
Wau et al. (2009), Chen Webster (2007, 2010), Zhou et al. et al. (2007)
and Seshadri (20006), 2009), Keren (2008), Chen et al.
Choi and Chow (2008), and Pliskin (2009), Yang et al.
Choi et al. (2008a, (2006) (2009), Goh and

2008b, 2008c), Wei and Meng (2009), Xu

Choi (2010) (2010)
The retailer’s loss aversion utility function is
W — W, W > W,
Uw) = ’ -
AW —=Wy), w< W,

where A > 1 is the loss-aversion level, W is the retailer’s initial wealth, and
Wy is the retailer’s final wealth. If A = 1, then the retailer is risk neutral. The
objective function is to maximize the retailer’s expected utility function given by
max EU [7(Q, W)].

0>0

For details of the above result, please see Wang and Webster (2007).

1.1.5 Concluding Remarks

As we have discussed above, a large amount of the literatures has been devoted to
the study of risk analysis of supply chain models. The existing literature has been
categorized into three kinds of models including newsvendor, supply chain contract,
and supply chain coordination. In the following, the literature are summarized
according to risk management tools in Table 1.2 for a general view.

1.2 Disruption Management in Supply Chains

1.2.1 Introduction

Uncertainties mentioned in Sect. 1.1 can be represented by probability distributions.
However, these distributions lack attributes to represent rare and extreme events,
known as disruption risk. Supply chain disruptions are unplanned and unanticipated
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events that disrupt the normal flow of goods and materials within a supply chain
(Hendricks and Singhal 2003; Kleindorfer and Saad 2005) and, as a consequence,
expose firms within the supply chain to operational and financial risks (Stauffer
2003). For example, Ford Motor Company was forced to intermittently idle
production at five of its assembly plants due to delays at US land borders after the
September 11 terrorist attacks (Rice and Caniato 2003). The 2002 longshoreman
union strike at a US West Coast port interrupted transshipments and deliveries to
many US-based firms, with port operations and schedules not returning to normal
until 6 months after the strike had ended. The one-month-long brutal winter weather
caused by heavy snowfalls that occurred in large tracts of China in January 2008 is a
few recent reminders of the potential for significant disruptions (Wang et al. 2010).
It caused transport chaos and disrupted supplies of energy and food. The delivery
dates of the goods on most delivery trucks were way overdue. It can be catastrophic
for a short-life product if the disruption coincides with the selling season.

In most of the cases, the business impact associated disruption risks is much
greater than that of the operational risks (Tang 2006a). Chopra et al. (2007)
showed that bundling the two sources of uncertainty results in higher inventory and
supply chain costs than optimal. These errors get exaggerated as the probability of
disruption grows. Hence, it is important to decouple operational risks and disruption
risk when planning appropriate mitigation strategies.

In the last few years, supply chain disruptions have received increasing attention
from academics and practitioners. The reason for this is twofold basically. Firstly,
the real world is increasingly more uncertain and vulnerable. According to many
studies, the historical data indicates that the total number of natural and man-made
disasters has risen dramatically over the last 10 years. Secondly, the vulnerability
of supply chains disruption has increased. Many supply chain managers strive to
seek efficiency improvements through “lean” solutions. These “lean” solutions have
created longer and more complex global supply chains in which the domino effects
of disruptions have been exacerbated (Christopher and Lee 2004).

It is not surprising that there has been a large number of literature on supply chain
disruption risks since supply chain disruption risk is unavoidable and can potentially
be so harmful and costly. In the following, some literature are reviewed to trace
approaches for exploring supply chain disruption risks according to the classical
risk management paradigm, i.e., risk identifying, risk assessing, and risk mitigating.

1.2.2 Disruption Risk Identifying

Disruption risk identifying is to classify supply chain disruption risks into different
categories and to identify drivers of these different categories. It is the fundamental
step in managing disruption risk in supply chains. However, most of the current
studies on disruption risk identifying focus on the different categories of disruption
risks and not on the drivers of them. The study on disruption risk identify-
ing was conducted mainly by employing case study methodology and interview
methodology.
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Table 1.3 Failure modes
Failure mode Description

Disruption in supply ~ Delay or unavailability of materials from suppliers, leading to a shortage
of inputs that could paralyze the activity of the firm

Disruption in Delay or unavailability of the transportation infrastructure, leading to the
Transportation impossibility to move goods, either inbound or outbound

Disruption at Delay or unavailability of plants, warehouses and office buildings,
Facilities hampering the ability to continue operations

Freight breaches Violation of the integrity of cargoes and products, leading to the loss or

adulteration of goods (can be due either to theft or tampering with
criminal purpose, e.g., smuggling weapons inside containers)

Disruption in Delay or unavailability of the information and communication
communications infrastructure, either within or outside the firm, leading to the
inability to coordinate operations and execute transactions
Disruption in Delay or disruption downstream can lead to the loss of demand,
demand temporarily or permanently, thus affecting all the companies upstream

Source: MIT research group on “Supply Chain Response to Global Terrorism”, Sheffi et al. (2003)

After the attack on 9/11/2001, firms are starting to realize that the disruption risk
from terrorism is affecting their ability to successfully manage their supply chain.
MIT research group on “Supply Chain Response to Global Terrorism” have shown
that firms usually focus on the type of disruption, i.e., the limited ways in which
the disruption affects the supply-chain, and not its source. The group distinguishes
6 different types of failure modes from the perspective of a single firm as listed in
Table 1.3 (Sheffi 2001; Rice et al. 2003).

Christopher and Peck (2004) presented a comprehensive framework in which
disruption risks are divided into three categories, namely disruption risks internal
to the firm, disruption risks external to the firm but internal to the supply chain
network (SCN), and disruption risks external to the network. Furthermore, the first
category is sub-divided to process disruption risk and control disruption risk. The
second category is sub-divided to demand disruption risk and supply disruption risk.
The final category indicates those events which may of course directly impact upon
some or all agents of the supply chains, or indeed on the marketplace itself. They
may be the result of sociopolitical, economic or technological events.

From the above literature review, it can be found that most of the studies focus
on classifying supply chain disruption risks into different categories and not on
identifying drivers of them. However, it is not adequate for supply chain managers
to plan for disruptions. For example, although the effect on the supply chain of
a terrorist attack can be very similar to those of a natural disaster, the expected
duration and the occurrence likelihood of it may be different. Terrorism is equally
likely to happen at any time of year. However, any particular natural disaster, e.g.,
storm, is more likely to happen in some parts of the year and less likely in others
(Ross et al. 2008). Hence, the strategies taken by mangers for mitigating them
should also be different if the disruption source is different.

To summarize, not only classifying of disruption risk categories but also identi-
fying of disruption risk sources are important research issues. Thus, processes and
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tools need to be developed that will help managers to identify drivers of disruptions
in their supply chains in order to mitigating the disruption risk by more appropriate
strategies.

1.2.3 Disruption Risk Assessing

Disruption risk assessing is to estimate the likelihood of each type of major
disruption to occur and to assess potential loss due to a major disruption. Both
the probability and the magnitude of supply disruption are important to overall
perceptions of supply disruption risk (Ellis et al. 2010). This is a critical step
in managing the supply chain disruption risk. Most companies recognize the
importance of risk assessment programs and use different methods, ranging from
formal quantitative models to informal qualitative plans, to assess supply chain
disruption risks (Rice and Caniato 2003; Zsidisin et al. 2004). However, it is difficult
to obtain good estimates of the probability of the occurrence of any particular
disruption. Some of the current studies focus on the measure of potential impact
of each disaster by empirical analysis. The following three papers which make
empirical analysis of the negative economic impact of supply chain disruptions
maybe contributed to this issue.

Hendricks and Singhal (2003) estimated the short-term effects of supply chain
disruptions such as production or shipment delays on the shareholder wealth. Their
research is based on a sample of 519 disruptions announcements made by firms
during 1989-2000. They showed that the mean decrease in firm market value is
10.28% over the two-day period after the public announcement of a supply chain
disruption.

Hendricks and Singhal (2005) investigated the long-run effects and risk effects
due to supply chain disruptions. Based on a sample of 827 disruptions announced
by publicly traded firms during 1989-2000. They found that companies suffering
from supply chain disruptions experienced 33—40% lower stock returns relative to
their industry benchmarks over a 3-year time period that starts 1 year before and
ends 2 years after the disruption announcement date.

Kleindorfer and Saad (2005) considered empirical results from a rich data set
covering the period 1995-2000 on accidents in the US Chemical Industry. Based on
these results, they developed a conceptual framework that trades off risk mitigating
investments against potential losses caused by supply disruption.

The results obtained from the above empirical analysis show that supply
disruption can have grave financial consequences for firms relying on suppliers for
crucial items. The detrimental effects of various major disruptions may motivate
firms to examine ways to identify supply chain strategies that are efficient and
yet resilient to major disruptions. However, disruptions are low-probability events
whose non-stationary probabilities may be difficult to estimate. In the absence of
accurate measures of the probability of an occurrence of a major disruption, many
firms invested little time or resources in managing supply chain disruption risks
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even though they learned the potential detrimental impact of a disruption (Rice and
Caniato 2003; Zsidisin et al. 2004). Surveys confirm this perplexing dichotomy.
For example, according to a study conducted by Computer Sciences Corporation
in 2003, 43% of 142 companies reported that their supply chains are vulnerable to
disruptions, and 55% of these companies have no documented contingency plans
(Poirier and Quinn 2003).

From the above literature review, it can be found that disruption risk is often
ignored in practices because it is difficult to predict an occurrence of a major
disruption. Thus, the issue of estimating the likelihood of disruption to occur should
be addressed by future research. Effective tools should be developed to estimate
the likelihood and duration of disruption. Obviously this issue relates to the issue
of identifying disruption source properly. Correctly identifying disruption source is
the foundation of good predicting of the occurrence.

1.2.4 Disruption Risk Mitigating

Disruption risk mitigating is to mitigate the uncertainties identified from the various
disruption risk sources by undertaking some strategic moves deliberately (Miller
1992). It relates properly to the execution period of disruption risk management in
supply chains.

There are many strategies for mitigating disruption risks. For example, Oke and
Gopalakrishnana (2009) suggested some kinds of measures to mitigate supply risks,
such as better planning and co-ordination of supply and demand, flexible capacity,
identifying supply chain vulnerability points and having contingency plans, and
multiple sourcing strategy, etc. In general, strategies for mitigating disruption
risk can be classified into four types: contingency planning, robust optimization,
stochastic models, and real-time disruption management.”

1.2.4.1 Contingency Planning

Contingency planning uses a pre-allocated set of resources and a well-documented
recipe to cope with each scenario identified during the planning stage. This
approach is completely scenario-based and usually includes the following elements:
identifying the threshold for action (the trigger event); identifying the specific event
that would cause a disruption to supply chain; identifying the key personnel in the
contingency plan; identifies contingency options.

The key step for contingency plan making is to identify each possible scenario in
supply chain. It is also the most difficult step for a complex supply chain in which the
number of the future scenarios is vast. Most of the current analysis on contingency
planning are qualitative.

>The “real-time disruption management” strategy is also referred as “disruption management”
named by Clausen et al. (2001), and sometime as “real-time operations control and recovery”.



24

Table 1.4 Robust supply chain strategies

1 Introduction

Benefit(s) under

Robust Supply normal Benefit(s) after a major
Chain Strategy Main objective circumstances disruption
Postponement Increases product Improves capability Enables a firm to change

Strategic Stock

Flexible Supply
Base

Make-and-Buy

Economic
Supply
Incentives

Flexible Trans-
portation

Revenue
Management

Dynamic
Assortment
Planning

Silent Product
Rollover

flexibility

Increases product
availability

Increases supply
flexibility

Increases supply
flexibility

Increases product
availability

Increases flexibility
in transportation

Increases control of
product demand

Increases control of
product demand

Increases control of

product exposure

to customers

to manage supply

Improves capability
to manage supply

Improves capability
to manage supply

Improves capability
to manage supply

Improves capability
to manage supply

Improves capability
to manage supply

Improves capability
to manage
demand

Improves capability
to manage
demand

Improves capability
to manage supply
and demand

the configurations of
different products
quickly

Enables a firm to respond
to market demand
quickly during a major
disruption

Enables a firm to shift
production among
suppliers promptly

Enables a firm to shift
production between
in-house production
facility and suppliers
rapidly

Enables a firm to adjust
order quantities quickly

Enables a firm to change
the mode of
transportation rapidly

Enables a firm to influence
the customer product
selection dynamically

Enables a firm to influence
the demands of different
products quickly

Enables a firm to manage
the demands of different
products swiftly

Source: “Robust Strategies for Mitigating Supply Chain Disruptions”, Tang (2006b)

1.2.4.2 Robust Optimization

Robust optimization is another approach to handle uncertainty in the planning stage.
The philosophy of robust optimization is to help firms to reduce cost and/or improve
customer satisfaction under normal circumstances and to sustain their operations
during and after a major disruption. In robust optimization, future uncertainties are
modeled by a set of scenarios. A typical robust planning process usually includes
the following elements: identifying the potential disruptive scenarios; choosing a
robustness criterion appropriate for the decision maker; incorporating information
and measure in planning to generate a robust plan; carrying out the plan (Yu and Qi

2004).

Tang (2006b) presented some “robust” strategies as listed in Table 1.4.
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Klibi et al. (2010) developed a comprehensive SCN design methodology under
uncertainty. Through an analysis of supply chains the authors reviewed key random
environmental factors, uncertainty sources and risk exposures, and discussed the
nature of major disruptive events threatening SCN. They argued for the assessment
of SCN robustness as a necessary condition to ensure sustainable value creation.
Several definitions of robustness, responsiveness and resilience are reviewed, and
the importance of these concepts for SCN design is discussed. This work contributes
framing of the foundations for a robust SCN design methodology.

The advantages of robust strategies are that they can guarantee the performance
of a supply chain regardless of the occurrence of major disruptions. However, a
robust plan will sacrifice average performance, especially when the probability of
some disruptive events may be very small (Yu and Qi 2004). So managers must
carefully analyze the trade-offs between higher costs for implementing these robust
strategies and negative economic consequences associated with disruptions. Till
now, most of the current analysis on robust optimization are qualitative.

1.2.4.3 Stochastic Models

Stochastic model is a typical method of generating an operational plan within an un-
certain environment when the precise probability distribution of future uncertainty
is known in advance. An operational plan or policy based on stochastic models
usually contains the following steps: building stochastic models to describe the
future uncertainty; finding the optimal policy so that the future output is optimized
in terms of the average output; executing the plan by taking the obtained policy for
each scenario that occurs (Yu and Qi 2004).

The most common type of stochastic disruption appearing in the literature is that
of supply disruption. In the existing supply-disruption models, the uncertain source
of supply disruption is from the state of supplier. The supplier is either up or down.
If the supplier is up, the order will be delivered on time. If the supplier is down, no
order can be supplied. The inter-failure time and/or the repair time are uncertain. In
what follows, these studies are classified into two categories, based on the number
of supplier: singular supplier models and multi supplier models.

With no alternative source available for single-supplier systems, inventory
mitigation is the only disruption management strategy under consideration in these
papers. The focus of these papers is to identify the optimal inventory policy
or the optimal parameters for particular inventory policy when there is supply
disruption risk.

The singular supplier models are further sub-divided to deterministic demand
models and stochastic demand models based on the types of demand. Recent
singular supplier models with deterministic demand include, but are not limited to,
Parlar and Berkin (1991), Parlar and Perry (1995), Moinzadeh and Aggarwal (1997),
Arreola-Risa and DeCroix (1998), and Abboud (2001). In these models, the demand
faced by system is assumed to be deterministic and the supply source is subject
to random failure. The uncertainty of supply is characterized by exponentially
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distributed up and down periods, constant failure rate, and general randomly
distributed repair times, or geometrically distributed inter-failure time and repair
time. The policies identified in the models include, EOQ, EPQ, (Q, r, T), and
(s, S) policy. Their analysis yields the optimal values of the policy parameters, and
provides insight into the optimal inventory strategy. There are also a few of literature
to consider stochastic demand in addition to stochastic supply, e.g., Gupta; Parlar;
Ozekici and Parlar; Burke et al.; Lewis et al.; Li et al. (1996, 1997, 1999, 2004,
2006, 2007), and Ross et al. (2008). These models assume not only the unreliable
supplier is up or down for random durations, but also the unit demands are also
stochastic. For example, Lewis et al. (2006) considered a periodic-review inventory
model in which the lead time probability distribution is dependent on the state of
a completely observed, exogenous Markov chain. They also analyzed the effect of
a possible major supply chain disruption (e.g., a border closure) on a firm’s long
run average cost. Ross et al. (2008) considered a firm that faces random demand
and random supply. The probability of supply disruption, as well as the demand
intensity, can be time dependent. They modeled this problem as a two-dimensional
non-homogeneous continuous-time Markov chain (CTMC). The model is solved
numerically to obtain the total cost under various ordering policies. They proposed
several such policies, some of which are time dependent while others are not. They
found that non-stationary policies can provide an effective balance of optimality
(low cost) and robustness (low sensitivity to errors).

Recent work dealing with multiple suppliers include Parlar and Perry (1996),
Giirler and Parlar (1997), Tomlin (2005, 2006), Yu et al. (2009), Li et al. (2010),
Sarkar and Mohapatra (2009), and Yan and Liu (2009). In these models, it is
assumed that retailer sources from two or more suppliers. The inter-failure time
and the repair time are scholastic for all suppliers. The disruption management
strategies include sourcing mitigation, contingent rerouting, dual sourcing, emer-
gency sourcing, and demand management, etc. For example, Tomlin (2005) went
beyond the existing literature by explicitly modeling the trade-offs and limitations
inherent in mitigation and contingency strategies. Yu et al. (2009) evaluated the
impacts of supply disruption risks on the choice between the famous single and
dual sourcing methods in a two-stage supply chain with an on-stationary and price-
sensitive demand. The expected profit functions of the two sourcing modes in the
presence of supply chain disruption risks are first obtained, and then compared so
that the critical values of the key factors affecting the final choice are identified.
It is found that either single or dual sourcing can be effective depending on the
magnitude of the disruption probability. Li et al. (2010) studied a supply chain
consisting of one retailer and two suppliers with unreliable supply. They investigated
not only the sourcing strategy of a retailer but also the pricing strategies of two
suppliers in a supply chain under an environment of supply disruption. Sarkar and
Mohapatra (2009) formulated a model in a decision tree-like structure to determine
the optimal size of supply base with considering risks of supply disruption due to
occurrence of super, semi-super, and unique events. They also forwarded a tabular
method of solution that overcomes the problem of dimensionality. Yan and Liu
(2009) considered the problem of joint replenishment and pricing for a single
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product with two suppliers and supply disruption. They not only obtained that the
form of the optimal policy has a (s, S, p, 0, X)-type, but also analyzed how supply
disruption affects the profit function and the optimal policy.

In the above literature, the probability distribution of an occurrence of a major
disruption is assumed to be known. Thus, the estimating the likelihood of disruption
to occur is the foundation of executing stochastic plan. However, as mentioned
above, it is difficult to measure the probability, which could undermine the analysis.

1.2.4.4 Real-Time Disruption Management

Real-time disruption management refers to the real time dynamic revision of an
operational plan when disruptions occur. This concept can be formally stated as
follows: At the beginning of a business cycle, an optimal or near-optimal operational
plan is obtained by using certain optimization models and solution schemes. When
such an operational plan is executed, disruptions may occur from time to time
and is caused by internal and external uncertain factors. As a result, the original
operational plan may not remain optimal, or even feasible. Consequently, it is
necessary to dynamically revise the original plan and to obtain a new one that
reflects the constraints and objectives of the evolved environment while minimizing
the negative impact of the disruption. This process is referred to as real-time
disruption management (Yu and Qi 2004).

There are many papers on real-time disruption management in supply chains.
Most of them focus on the algorithm of obtaining the optimal solution and the
changes of the optimal solution when some disruptions occur. Disruptions of
demand and supply are the source of risk. In the following text, only a few notable
works are listed.

Yang et al. (2001) considered possible disruptions in a finite production and
inventory model with a deterministic demand. They also gave a steepest decent
method to obtain the optimal solution of the problem. Golany et al. (2002) proposed
a general approach based on a three-level lexicographical goal programming
formulation, to address various types of disruptions. Qi et al. (2004) considered
the coordination of a supply chain with one supplier and one retailer under demand
disruptions. They modeled the cost of deviating from the original production plan
for several scenarios, and showed that under certain wholesale quantity discount
policy, the supply chain can be coordinated. Xia et al. (2004) considered real-
time disruption management for a two-stage production and inventory system.
They presented a general disruption management approach for this system and
introduce the concept of a disruption recovery time window. Xiao and Yu (2005)
studied the effect of the supply chain disruptions including the raw material
supply and demand disruptions on the retailers’ strategies by employing an indirect
evolutionary game model. Xu et al. (2006) studied a supply chain coordination
problem under production cost disruptions. They designed coordination schemes
under disruptions. Xiao et al. (2007) investigated the coordination mechanism
for a supply chain with one manufacturer and two competing retailers when the
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demands are disrupted. Xiao and Qi (2008) studied the coordination of a supply
chain with one manufacturer and two competing retailers after the production
cost of the manufacturer was disrupted. The model is also extended to the case
with both cost and demand disruptions. Chen and Xiao (2009) developed two
coordination models of a supply chain to investigate how to coordinate the supply
chain after demand disruption. They considered two coordination schedules, linear
quantity discount schedule and Grove’s wholesale price schedule. They found that
linear quantity discount schedule is better for the manufacturer when the increased
amount of demand is very large and production cost is sufficiently low. However,
Grove’s wholesale price schedule is always better when the production cost is
sufficiently large. Cauvin et al. (2009) presented a general framework for disruption
management aiming at supporting decision-making in a disrupted and distributed
environment. They proposed an approach to minimize the impact of disrupting
events on distributed industrial systems. It is based on an analysis of disrupting
events and the characterization of the recovery process, and on a cooperative repair
method for the whole systems.

The outstanding contribution of the above works is the introduction of deviation
costs and disruption management time window. Firms incur deviation costs asso-
ciated with the transition from the original plan to a new plan. The deviation cost
can be a real dollar cost caused by raw material waste, or using on-call or reserved
personnel; it can also mean the loss of the customers’ goodwill for waiting and
delay. One of the roles of introducing the deviation costs is to force the revised plan
to stay close to the original plan. Disruption management time window is a time
point by which the system should restore to its normal operation after a disruption
occurs. By setting the time window, the impact of a disruption can be contained
within a limited time period (Yu and Qi 2004).

The supply chain real time disruption management is a meaningful and interest-
ing field. There are still many questions that need to be studied and analyzed. For
example, most of the above models are extensions of the simple models in supply
chain management such as EOQ model, EPQ model, and supply chain model with
one supplier and one retailer, etc. Besides, even though the demand or the supply is
varying, they are assumed deterministic, i.e., these models are deterministic. Hence,
the model can be extended to the case in which there are multiple retailers, multiple
periods, and longer supply chains, to the case in which demand is stochastic.

1.2.5 Concluding Remarks

This section seeks to investigate disruption risk management in supply chains.
As we have discussed above, a large amount of the literature has been devoted
to the study of disruption risk management in supply chains. We first review
the literature to trace approaches for exploring supply chain disruption risks
according to the risk management paradigm, i.e., disruption risk identifying,
disruption risk assessing, and disruption risk mitigating. Some feasible solutions,



1.3 Financial Risk Measurement in Supply Chains 29

such as contingency planning, robust optimization, stochastic models, and real-time
disruption management, have been advised to mitigate disruption risk in supply
chain. Obviously, these measures are not free. Many firms find it difficult to justify
certain costly strategies for mitigating supply chain disruptions that may not occur.
Thus, it is an interesting and important issue to justify why resources should be
devoted to proactively manage such risks.

1.3 Financial Risk Measurement in Supply Chains

1.3.1 Introduction

Most of the above risk measurement approaches are incorporated into the risk
management for a single decision maker or some decision makers respectively. As
shown above, these attempts are to incorporate the riskiness of inventory investment
decisions that fail to measure properly the project’s risk and to use a market-based
trade-off between risk and return. On the other hand, most applied inventory control
policies, e.g., the (s, S) or (Q, r) policy, are derived from stationary infinite horizon
models discounted at a fixed interest rate. In practice, the discounted model is often
approximated by an average-cost model where the effect of discounting is taken into
account by an opportunity holding cost term. In the mean while, how to determine
the size of the interest rate is still not clear.

It is well known that in a world where investors hold diversified portfolios of
financial assets, the relevant risk of an investment by a value-maximizing firm can
not be appropriately measured by the total variance of the return from the investment
(Fama and Miller 1972). Under such circumstances, the proper measure of the
project’s risk is its systematic, i.e., non-diversifiable risk.

It is also known from the financial economics literature that the size of a discount
rate depends on the systematic (business-cycle-related) risk of the costs that are to be
discounted. According to the Capital Asset Pricing Model (CAPM, see for example,
Sharpe 1964; Lintner 1965; Merton 1973), the expected return of the firm can be
measured by merging risk free interest rate and a risk premium, which is decided
by the correlation between the expected market return and the systematic risk. The
formulation of CAPM is given as follows:

E(R) = R + B[E(Rm) — Ry, (1.11)

where E(R) and E(R,,) are the expected returns of the firm and the market
respectively, and Ry is the risk-free interest. Furthermore, the systematic risk
coefficient § = Cov(R, R,)/Var(R,). With this relationship defined, adjustments
for risk of the firm can be incorporated into discount rates on future returns. Finally
the firm or project could be evaluated based on discounted expected cash flows.
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Recently, there is a growing interest in hedging operational risk using these
financial instruments. This can be traced back to Anvari (1987), who analyzed the
one-period newsvendor problem by using the CAPM and defining the risk as the
covariance of random liquidating dividend and value of market portfolio. To obtain
useful results, he assumed that the joint distribution of random demand and value of
market portfolio is bivariate normal. The resulting optimal policy is characterized
and is compared with the classical expected benefit maximization framework. It is
shown that when the relevant risk of the inventory investment is considered, results
are dramatically different.

The work by Anvari (1987) also indicates that measuring the riskiness of the
inventory investment project by its systematic risk, however, may not be appropriate
under certain circumstances. The correctness of this treatment is based upon the
ability of investors to diversify, at zero cost, their portfolios of risky assets, and
thus eliminate the non-systematic risk of the project. The particular firm analyzing
the inventory investment decision cannot assume that its claimholders can do so,
e.g., small, closely held companies, to the extent that the CAPM will not be
the appropriate valuation framework. Furthermore, in circumstances where the
magnitude of the investment is large enough to affect the chances of bankruptcy,
the total variance or the downside risk of the project may have to be taken into
account, as introduced above.

The existing stochastic inventory models incorporate the risk of holding in-
ventory by specifying the opportunity cost of capital, and consider the effect of
inventory decisions on the risk of cash flows. Besides Anvari (1987), Singhal
(1988), and Kim and Chung (1989) independently showed that the level of inventory
determines the risk, and therefore, the opportunity cost of capital. These authors
used the CAPM to value the cash flows for the newsvendor problem. They got two
key conclusions. Firstly, the opportunity cost of capital for investments in inventory
is an increasing function of the inventory level. Secondly, the opportunity cost of
capital is higher for a firm facing more risky demand.

Singhal et al. (1994) addressed settings where the demand risk is measured by the
covariance of demand with the market return, and the objective of optimization is
minimizing the present value of total cost. The CAPM is used to value the uncertain
cash flows from inventory decisions. The paper analyzes the effect of the demand
risk on the lot size and reorder point decisions of a firm in the standard (Q,r)
inventory model. By numerical analysis the authors found that the influence of
demand risk on inventory decisions depends on the scale of replenishment lead time,
and the average inventory is decreasing in the demand risk. Recently, Caldentey and
Haugh (2006) showed that different information assumptions lead to different types
of solution techniques, and Gaur and Seshadri (2005) investigated the impact of
financial hedging on the operations decision.

Thorstenson (1988), Chung (1990), and Birge and Zhang (1999) derived an
optimal policy for the newsvendor problem by applying the option valuation model
in Black and Scholes (1973). Neither, they did not estimate the size of the systematic
demand risks to be expected, nor they did evaluate the general importance of these
financial risks on inventory control. In Berling and Rosling (2005), the authors
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analyzed the effects of financial risks on (Q, r) inventory policies in a real options
framework, with the assumption that stochastic price and demand follow a Wiener
process. The objective to maximize is net present values (NPV), which are assumed
determined by the Consumption Capital Asset Pricing Model (C-CAPM, Breeden
1979). A single-period model of the newsvendor type and an infinite-horizon model
with a fixed set-up cost are studied. The systematic risk of stochastic demand is
proved to have a negligible effect on the optimal value of r and Q, while the
systematic risk of the purchase price has a significant effect on r and Q.

There is another important issue that manufacturing and service operations
decisions depend critically on capacity and resource limits. These limits directly
affect the risk inherent in those decisions. While risk consideration is well developed
in finance through the efficient market theory and the CAPM, operations manage-
ment models do not generally adopt these principles. One reason for this apparent
inconsistency may be that analysis of an operational model does not reveal the level
of risk until the model is solved. Birge (2000) used some results from the option
pricing theory, and showed that this inconsistency can be avoided in a wide range of
planning models. By assuming the availability of market hedges, they show that risk
can be incorporated into planning models by adjusting capacity and resource levels.
The result resolves some possible inconsistencies between finance and operations
and provides a financial basis for many planning problems. The author illustrated
the proposed approach using a capacity-planning example.

So far we have introduced the incorporation of systematic risk measurement
into the operational decisions context. From another point of view, financial and
operational decisions of the firm are usually studied separately. It may be due to the
fact that production managers in large firms cannot influence financial policy and
financial officers are typically detached from production decisions. Furthermore, for
more than 40 years it has been known that a firm’s capital structure does not affect
its market value if the capital markets in which the firm operates are perfect and
complete (Miller and Modigliani 1961). However, real capital markets are imperfect
because the information is asymmetric and there are taxes, transaction costs, etc.
Also, for a small firm, say a start-up, the responsibilities of a chief operational officer
and a chief financial officer are often delegated to a single person or a small group
of people who are obliged to be involved actively in all types of decisions. In many
cases, growing firms are capital constrained and cannot implement the operational
decisions that would be optimal if financial considerations were ignored.

In addition, firms may prefer more debt rather than equity due to the tax
advantage of debt. However, this advantage can be nullified by direct and indirect
bankruptcy costs and the risk of bankruptcy. Direct costs include legal and admin-
istrative costs of liquidation or reorganization a business, and indirect costs include
damaged relationships with customers and suppliers, and sometimes “fire sale”
liquidation of the firm’s assets below their market value. The financial economic
research literature studied optimal capital structure by trades off between tax
advantages and bankruptcy risk (Kraus and Litzenberger 1973; Scott 1977; Brennan
and Schwartz 1978; Kim 1978; Turnbull 1979; DeAngelo and Masulis 1980).
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Until a decade ago, financial considerations were conspicuously absent in the
extensive literature on models of inventory and production processes. However,
recent studies (Archibald et al. 2002; Buzacott and Zhang 2004; Xu and Birge 2006,
2004a, 2004b; Li et al. 1997; Sobel and Zhang 2003; Babich and Sobel 2004; Hu
and Sobel 2005; Chao et al. 2008) in operations have recognized the importance of
the interplay between financial and operational decisions.

Hu and Sobel (2005) studied a dynamic newsvendor model with the criterion
of maximizing the expected present value of dividends, and examine the inter-
dependence of a firm’s capital structure and its short-term operating decisions
concerning inventories, dividends, and liquidity. They obtained interesting results
on the interaction between firm’s capital structure and operational decisions.

Buzacott and Zhang (2004) analyzed a Stackelberg game between the bank and
the retailer in a newsvendor inventory model. They considered a single period
inventory management problem where the bank’s decisions include the interest rate
to charge and the loan limit, and the retailer needs to decide the amount to borrow
within the loan limit and the amount of inventory to order from suppliers. Both the
bank and retailer maximize their expected returns.

Chao et al. (2008) considered a classic dynamic inventory control problem of
a self-financing retailer who periodically replenishes its stock from a supplier and
sells it to the market. The replenishment decisions of the retailer are constrained
by cash flows, which is updated periodically following purchasing and sales in each
period. The retailer’s objective is to maximize its expected terminal wealth at the end
of the planning horizon. They characterized the optimal inventory control policy and
present a simple algorithm for computing the optimal policies for each period. They
also study the dependencies of the optimal control policy on the system parameters.

In the following, a consideration of systematic risk measurement is taken into
supply chain management in Sect. 1.3.2 by applying CAPM model or C-CAPM
model. In Sect. 1.3.3, other methods are employed to study the risk of cash flow as
well as possible bankruptcy of firms. Conclusions are given in Sect. 1.3.4.

1.3.2 A Systematic Risk Analysis

The systematic risk is usually measured by the correlation between the returns of
the firm and the market as the CAPM model shows. Anvari (1987) introduced the
methodology into the analysis of inventory control problem. In the following we first
present his model. Notice that only the main model and its results are introduced,
and for the details, please see Anvari (1987).

1.3.2.1 Optimality Criteria with CAPM Model

According to Anvari (1987), consider the one-period newsvendor problem with no
set-up costs. Suppose the all-equity firm is established at + = 0, with total capital
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C to be invested in two independent projects. At t = 0, an amount equal to ¢Q
is invested in the inventory project, and C — ¢ Q is invested in other projects. The
latter investment generates returns at the random rate of u, where u incorporates
the terminal value of all physical assets involved in other projects. The investment
in inventory is used to purchase Q units of a commodity at the net price of ¢ per
unit. They are sold at# = 1 at a price p per unit, where p is the price net of storage
charges. The demand for the commodity, D, is a random variable characterized
by a probability density function f(-) and a cumulative distribution function F(-).
Surplus units are disposed of at a net price of s < p.

The firm is liquidated at # =1, which proceeds accruing to the shareholders.
Common-share trading takes place at ¢t =0, at which time prices are estab-
lished based on investors’ homogeneous expectations concerning pay-offs at t = 1.
Assuming the one-period CAPM applies, the value of the firm’s common shares at
t =0 is given by:

E(v(Q)) — QCov(v(Q). M)
147 '

S(Q) = (1.12)
where v(Q) is the random liquidating dividend, €2 is the market price per unit of
risk, M is the value of market portfolio at # = 1, and ry is the risk-free rate.

The objective of the value-maximizing firm is to select Q such that the current
shareholders’ wealth, S(Q) — C, is maximized.

Notice that v(Q) can be written as v(Q) = (1 + u)(C —cQ) + pmin D, Q +
s(Q — D)T. Let E(D) and ¢ denote the mean and standard deviation of D. To
characterize the optimal policy, further let Q. = E(D) + 02/ QCov(D, M).

Finally, the optimal ordering quantity, Q* can be found as follows:

Case 1: Cov(D, M) > 0
S(Q*) = max{S(Dmax), S(Qc), S(Qmax)}, (1.13)
where Dy, is the maximum possible value of D and Q. is the value of Q

that maximizes the function in the concave region determined from the first order
condition.

Case 2: Cov(D, M) < 0
S(Q7) = max{S(0), $(Qc). S(Qmax)}- (1.14)

Case 3: Cov(D, M) = 0
S(Q%) = S(Qmax)- (1.15)

Notice that the NPV of the overall production plan, i.e., S(Q*)—C, may be negative,
in which case the firm should be dissolved at time ¢t = 0.

The CAPM model is applied to analyze the single-period newsvendor problem.
The newsvendor problem is a useful starting point to illustrate the fundamental idea
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that inventory decisions affect the risk of cash flows. However, the focus is on the
newsvendor problem that has two limitations. Firstly, it limits the generalization
of the results to just the safety stock component of a firm’s inventory. Cycle stock
issues — the result of the trade-off between setup, holding, and backorder cost —
are ignored. There exists a high degree of interrelationship between the cycle stock
and safety stock decisions and these two should not be separated. Secondly, the
newsvendor problem is a single period model whereas inventory decisions are made
in a multi-period framework.

In the following we will present the CAPM-based multi-period (Q, r) inventory
model, which shows how risk considerations affect the cycle stock (order quantity)
and safety stock (recorder point) when both these decisions are made simultaneously
in a multi-period setting. The details of the model can be found in Singhal et al.
(1994).

1.3.2.2 The (Q, r) Inventory Model Applying CAPM

Consider the traditional (Q, r) inventory model with setup, inventory, and backorder
costs. This is a widely known model where the inventory control policy is to place
an order of size Q, the lot size, whenever the inventory level drops to r, the reorder
point. The objective is to minimize the present value of total cost, using the CAPM
to value the uncertain cash flows.

Similar to (1.12), in the single period CAPM context, the risk-adjusted present
value V(X)) of the risky cash flow X, realized at the end of the year, is given by the
single period CAPM as

E(X)—QCov(X, M)

Vo(X) = T+ R , (1.16)

where E(X) is the expected cash flow and Cov(X, M) is the covariance of the cash
flow with the market return, the relevant measure of risk in valuing a risky cash flow
in the CAPM framework.

Furthermore, using the version of the multi-period CAPM developed by Fama
(1977), consider a firm that will have an uncertain cash flow of X at the end of year ¢
and no cash flows at any other time. Assume that the distribution of X is stationary.
The risk-free rate and the market price per unit of risk in future periods are non-
stochastic. It is reasonable and necessary for tractability to assume the values of
the risk-free rate and the market price per unit of risk are the same in each period.
Given these conditions, Fama (1977) showed that when the values in each period
are determined according to the CAPM, the market value of the firm at time O is

E(X)—QCov(X, M)

W) = = (1.17)

Equation (1.17) is the appropriate formula to value the cash flows from the (Q, r)
model.
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Next, the certainty equivalent of the costs incurred during any period ¢ is
determined. Since an order is placed every cycle, a fixed setup cost S is incurred
every cycle. The backorder costs per cycle are uncertain and depend on the demand
during the lead time. Using the results in the Appendix of Anvari (1987) with the
assumption that the demand and the market return are jointly normal, the certainty
equivalent of backorder costs per cycle, BC, can be written as

BC = b {B(r) — QCov(D;, M;)(1 — F(r))}. (1.18)

where b is the per unit backorder cost, D; and M, are respectively the uncertain
demand and the market return over the lead time /, and B(r) = E(D — r)* is
the expected number of backorders per cycle. Notice that F(-) here denotes the
cumulative distribution of D;.

Using the economic interpretation of the certainty equivalent of an uncertain
cash flow, the valuation impact of the uncertain backorder costs per cycle can be
replicated by substituting the uncertain cash flow with a certain ‘fixed’ backorder
cost per cycle equal to the certainty equivalent of the backorder costs per cycle. Thus
in every cycle, the valuation impact of setup and ordering costs is like incurring a
fixed cost equal to S + BC. The inventory system goes through one cycle every
Q units of demand realized. By allocating the setup and backordering costs equally
over Q units of demand, (S + BC)/ Q is the setup and backordering costs per unit of
demand realized. Given the assumption that all costs during a year results in a single
cash flow at the end of the year, an uncertain cash outflow equal to D(S + BC)/Q
will be incurred at the end of any year f. Thus, the certainty equivalent of this
uncertain cash flow, Z, in any year 7 is

_ (D —QCov(D,M))(S + BC)

z :
0

(1.19)

where D and M are the demand and market return of each period, and D —
wCov(D, M) is the certainty equivalent of demand.
Similarly, the certainty equivalent of holding cost, H, in any period 7 is

H = hc [%Q +r—(D; — QCov(Dy, M;)):| , (1.20)

where £ is the per unit holding cost. The present value of the cash flow of the
investment in inventory is

I=c BQ +r— (D —QCOV(D;,M[))]. (1.21)
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Finally the present value of total costs, P V¢, over an infinite number of periods
can be written as

PVic = =1+ . (1.22)

1+ rp) e

I+ZH+Z H+Z

Maximizing the present value of total costs, we find the first order optimality
conditions as

. 2(d — QCov(D, M))(S + b(B(r*) — QCov(D;, M;)(1 — F(r*))))
9 ch+ 1)

(1.23)

and

o _ Q*c(h +rr) X
L= F0™) = 5= covp ity SCOV @ MDLGD). (124)

Further note that the first order conditions for the traditional model are given by

. [2d(S +bB(r*))
0* = =B (1.25)

1= F(r*) = W. (1.26)

and

Comparing (1.23) and (1.24) with (1.25) and (1.26) indicates that using the
CAPM to adjust for the risk of the cash flows results in three differences. Firstly,
the expected demand and expected backorder cost per cycle are replaced by their
respective certainty equivalents. Secondly, an additional term is introduced in the
right hand side of (1.24), similar to the adjustment made in the optimality condition
by Anvari (1987) and others, in their analysis of the newsvendor problem. Thirdly,
in (1.25) and (1.26) the fixed opportunity cost of capital, k, accounts for both the
timing and the risk of the cash flows. In our model, the risk-free rate, r¢, accounts
for the timing of cash flows whereas the various covariance terms account for the
risk of cash flows. Furthermore, in contrast to (1.25) and (1.26), the risk adjustments
depend on the inventory decisions themselves. Also note that when Cov(D, M) is
zero, (1.23) and (1.24) reduce to (1.25) and (1.26) with k replaced by Ry, the risk-
free rate of return.

In the following, Sect. 1.3.2.3 will propose the incorporation of financial risk
by adopting the real option framework and C-CAPM. Also the impact of both the
stochastic demand and price are studied. For details of the model, please see Berling
and Rosling (2005).
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1.3.2.3 The Effect of Stochastic Demand and Price

Consider a single-period model in which there is a period of length ¢. Stock bought
at the beginning of the period costs ¢(0) per unit and what is left over at time ¢
is sold back at price ¢(¢). Demand evolves from an initial intensity D(0), or D,
to D(t), which is the total period demand. Shortages at the end of the period are
satisfied externally at the price ¢(¢), but in addition the customer is compensated by
a discount of 8 per unit.

All the decisions are made to maximize the firm’s market value. Let X(¢)
represent a monetary value at time ¢. X (¢) are assumed to follow logarithmic Wiener
processes, i.e., the growth rates (or logarithms) of the variables obey regular Wiener
processes. Thus, In[X(7)] is normally distributed with E[In(X(¢))] = In[X(0)] + §¢
and VAR[In(X(¢))] = ot forall ¢ > 0, where §, the drift, and o > 0 are constants.
Consequently X(¢) is lognormally distributed with E[X ()] = X(0)e'¢°°/2 and
VAR[(X(1))] = E2[X(1)](e'®" — 1) forall £ > 0.

Assume that the stochastic variables are stationary in the sense that E[X(¢)] =
X(0) for all ¢, so that § = —o2/2.

By adopting the real option valuation framework, the present value of X(¢) in
the financial market depends on the expected return that the market requires for
outcomes as risky as X. This relationship is assumed to follow the C-CAPM.
The aggregate per capital consumption (of all goods and services), G(¢) — which
is understood as a proxy for the business cycles then supposed to be jointly
lognormally distributed with X(¢). The market’s required expected return per
period, R, on the investment in X satisfies

R = ry 4+ QCov(G, X).
The present market value of X (¢) is found as
PV[X(1)] = E[X(t)]e”®.
Consider a monetary value, g(X(¢)), that is a general function of g(¢). According

to the Risk Neutral Valuation Principle (or Martingale Property) the present market
value of g(X(¢)) can be found as

PV[g(X1)] = E[g(Y(1)]e ", (1.27)
where
Y(1) = X(r)e™¥CVGX1 (1.28)

Thus, X(¢) is replaced by its risk-adjusted value, X (¢)e~ V(G- X)’ The expected
value of g(Y(¢)) is then discounted by the risk-free rate, ry.
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Next to study the effect of stochastic demand, in the single-period model the
inventory level is set to r, the order point. By (1.27) and (1.28) the present value of
the expected cost is

TC(r) = cr +e "™BE[max(0, D' —r)] —e " cE[r — D]
=c(1—e ) (r — E[D']) + cE[D’] + Be™ " E[max(0, D' — r)],

where D’ = D(t)e *CV(G.D) As D’ is lognormally distributed, the optimal solu-
tion satisfies

,Be_”' _ C(l _ e—rfl) _® ]n(r*) — E[IH(D/)]
be—rit B VAR[In(D")]

_% (ln(r*) — E[In(D(z)) — QCov(G, D)t])
= i ,

where ® denotes the standard normal distribution function and o is the variance.

Hence, systematic demand risk generally seems to have little influence on the
optimal order point. This conclusion is extended to the related infinite-horizon
problem in Berling and Rosling (2005). Then myopic policies are not optimal due
to the dependent increments of the lognormal process.

Furthermore, consider the single-period model which is realized with both the
end-of-period price, c(¢), and the demand, D(¢), stochastic. Assume the random
variables are independent and there is a risk premium, QCov(G, ¢)¢, associated
with ¢(¢) only. In the risk neutral formulation, ¢(¢) is replaced by c (¢)e=2CV (G-
Thus,

TC(R) = cr+ ¢ "™ {BE[max(0, D(t) — r)] — E[c(t)e *“" OV E[r — D(1)]}
= ¢(1 — e THRCNCN - — E[D(1)]) + cE[D(1)]
+Be™"" E[max(0, D(1) — r)].

The optimal solution, r*, satisfies

Be " —¢(1 — e-(ff‘f’QCOV(GvC))t) _ (ln(r*) - E[IH(D(I))])
ﬁe—rft a 0'\/; ’

where 0%t denote the variance of In[D(?)].

Thus, the modification rule for systematic risk now reads that the opportunity cost
of holding inventory should include the purchase-price risk premium. Note that the
model is insensitive to the detailed assumptions about the discount shortage cost, f.

Sometimes very substantial relative losses may be incurred by not adjusting the
formulas for the risk premium. It can be concluded that the effect of a systematic
purchase-price risk may be of considerable importance when determining the
order point.
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1.3.3 The Risk of Capital and Bankruptcy

In real world, the operational decisions of the firm are usually constrained by cash
flows. Many firms become bankrupt due to the breakdown of capital chain. Thus,
beyond supply chain management, the firms also need to establish appropriate
capital structure and manage the capital. Next, we first introduce the model which
focuses on the impact of capital structure on the firms’ operational decisions. The
detail can be found in Hu and Sobel (2005).

1.3.3.1 The Importance of Capital Structure

Assume that the firm has initial levels of debt and equity and, thereafter, these levels
remain constant. Let  be the amount of equity. Specifically, the bonds have an
infinite maturity date and the proceeds are m B which entails a periodic coupon
payment of B. Let X,(n = 1,2,...) be the firm’s internal capital at the beginning
of period n, so X is the firm’s initial working capital. In order to reflect the tax
advantage attraction of debt-financing, let 1 — t be the firm’s marginal income
tax rate.

At the beginning of each period n(n = 1,2,...), the firm knows X,, and the
size of its physical goods inventory, denoted x,,, and makes three decisions: b,,, the
amount of a short-term loan; z,, the physical goods replenishment quantity; and
vy, the amount of dividends to issue. The repayment of b, is due at the end of
period n. The constraints on the decision variables are b, > 0 and z, > 0, but
dividends are not constrained v, > 0 for the following reason. Capital subscriptions
occur frequently in entrepreneurial firms. If v, < 0, |v,| is interpreted as a capital
subscription. Later in the section we comment on the effects of imposing the
constraint v,, > 0.

Although a broad array of inventory replenishment models would be consistent
with the model, it is assumed for specificity and simplicity that ordered goods
are provided by a singlestage source without delay, excess demand is backlogged,
and successive periods’ demands are independent and identically distributed non-
negative random variables Dy, D, .... Let F(-) denote the distribution function
of D. The model can be generalized in numerous ways including positive lead
times, excess demand being lost, a multi-stage source for the ordered goods, and
autocorrelated demands. Under the stated assumptions,

Yn = Xp + Zn. (1.29)

Equation (1.29) is the total amount of the total amount of goods available to satisfy
demand in period n. The constraint z,, > 0 corresponds to y,, > Xx,,.

The interest on the short-term loan b, in period n is modeled as a random
variable A, (b,, y,) whose distribution depends on the amount borrowed and on



40 1 Introduction

the total supply of goods. This representation can reflect the dependence of the
interest rate on the firm’s current risk of bankruptcy, and it includes borrowing limits
contingent on the firm’s current condition. It is assumed that A, (b, y), A2(b, y), ...
are independent and identically distributed random variables (for each pair (b, y)
with b > 0).

The firm is declared insolvent at the end of a period if it has insufficient funds
to pay the bond coupon B and repay the short-term loan (if one was made at the
beginning of the period). Insolvency at the end of period n leads to reorganization of
the firm accompanied in period n + 1 by the resumption of operations after payment
of a bankruptcy penalty p(X,+1). The costs of reorganization bankruptcy are both
direct, such as fees paid to lawyers and accountants, and indirect, such as lost sales
and damaged supplier and customer relationships.

Represent the sales revenue net of inventory costs in period n as a function
g(yn, D,) of total supply and demand. Let L(z,) be the cost incurred in pe-
riod n to replenish the quantity z, =y, — x,. Assume that the firm is subject
to a liquidity constraint that obliges it to fund its expenditures early in the
period:

X, +by=v, + T[L(Zn) + A (bn, yn) + p(Xn)]-

The left side is the sum of retained earnings and the short-term loan. The right side
is the sum of dividends and, net of tax credits, inventory replenishment cost, short-
term interest, and bankruptcy penalty.

Define s, = X,, — v, — t[L(zy) + An(by, yu) + p(X,)] as the residual internal
capital after making expenditure early in the period, then the liquidity constraint is

by + sn = 0. (1.30)

It can be easily shown that an optimal policy specifies b, = —s,,.

The single period discount factor in period n is modeled as a random variable
Bn(Sn, yn) whose distribution depends on the residual internal capital and the
total supply of goods. Assume that Si(s, y), B2(s,y), ... are independent and
identically distributed random variables (for each pair (s, y)), and that (D1, D5, ...),
(A1(b, y), Aa(b, y),...), and (B1(s, y), B2(s,y),...) are mutually independent se-
quences (for each (b, s, y) with b > 0).

The dynamics reflect the backlogging of excess demand and the balancing of
cash flow:

Xn+1 zyn_Dn, (1.31)
Xn+1 =y +7[g(Yn, Dn) — B]. (1.32)

The value of the firm is the maximal value of E(IT) where the random variable
IT denotes the present value of dividends. Specifically,
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with the definition

K.(b,s,x,y;0)
= —[1 = Bu(s, Y)Is + tBu(s. y)[g(y. Du) — pis + t&(y,. D) — tB} — B]
—t[L(y —x) — Au(D, ¥)]. (1.34)

where /C,, does not depend on w,,, and (b, s, x, y; B), K2(b,s,x,y; B), ... are
independent and identically distributed random variables.
Therefore,

E() =E

i [Hﬁ;llﬂj (5 Yj)] Vn§
=1

=E [Z ) j(sj,yj)’C(bn,sn,xn,yn;B)} + X1 — p(X1). (1.35)
n=1

Next the optimal policies and impacts of long-term debt are identified. Without
loss of generality, the following linearity assumptions are given:

L(z) = cz,

An(b, ) = pb,

Bu(s.y) =P €10, 1),

pla) = 0(=a)™,

g(y,d) = pmin{y, D} —h(y — D)* = py — (p + h)(y = D)*.

Where c is the unit cost of acquisition, & > 0 is a unit default penalty, and p is a
scalar interest rate.

The following result characterizes the parameter sets yielding an optimal s < 0
(sob > 0).

Proposition 1.3.1. The firm borrows short-term only when

hy + B
h+p

TBOF ( ) <1—-8—1p, (1.36)
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where y satisfies

(1.37)

(p + h)F(§) + t0hF (hﬁ“?) _p—cU=p)

h+p B

Equation (1.36) implicitly restricts 1 — 8 > 1p, i.e., the gain from receiving
a dollar of dividend now rather than next period must be greater than the interest
payment for 9 one-dollar short-term loan. Otherwise, borrowing would never be
optimal. In addition, F[(hy+ B)/(h+ p)] is next period’s probability of bankruptcy
when s = 0, so the left side of (1.36) represents next period’s expected bankruptcy
cost; the right is the benefit of distributing a dollar dividend now while borrowing
the dollar short-term to maintain solvency. Hence, (1.36) states that the firm should
borrow only if the incremental benefit of receiving a dollar of dividend now rather
than next period, net of interest payment, is greater than next period’s expected
default cost.

The following result characterizes y* and s* including comparative statics with
respect to B.

Proposition 1.3.2. (a) The optimal base-stock level y*

(i) Is invariant with respect to the long-term debt level

(ii) Is nondecreasing in T and p if s* < 0
(iii) Depends only on inventory related parameters if s* > 0
(iv) Is at least as high when s* < 0 as when s* > 0

(b) The optimal capital level s*

(i) Is nondecreasing as the long-term debt level increases
(ii) Is nondecreasing in 0, p, and t, and depends on the same inventory-related
parameters as y*

The linearity assumption yields two influences of capital structure on operational
policies. Firstly, the optimal physical goods base-stock level does not depend on the
capital structure, but the optimal residual internal capital increases as the long-term
debt level increases. Secondly, if the firm borrows short-term, financial parameters
(except for the tax rate and short-term interest rate) do not affect the optimal physical
goods base-stock level, whereas the optimal residual internal capital depends on
both financial and inventory-related parameters. The managerial insight from these
results is that maximization of the firm’s value is consistent with (i) ignoring
financial parameters (other than the tax rate and short-term interest rate) when
making short-term operational decisions, and (ii) taking operational parameters into
account when making short-term financial decisions. Note that nonlinearity of the
default penalty function would invalidate the conclusions that the optimal physical
goods base-stock level does not depend on the capital structure, and financial
parameters do not affect the physical goods base-stock level.
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1.3.3.2 Asset-Based Financing

This section proposes a framework of inventory management with asset-based
financing. The details of the model can be found in Buzacott and Zhang (2004).
Consider a single-period newsvendor problem. The decision maker can get loan
from the bank or deposit residuals in the bank. The sequence of events is as follows.

At time 0, the retailer has initial cash of X, but no other assets. The retailer
places an order of size ¢ at a cost of ¢ per unit from her suppliers without knowing
the actual demand, only the probability distribution of demand D given by F(§) =
Pr{D < §£}.Let F(§) = 1— F(£) and f(£) = F'(£). Itis assumed that the retailer
and the bank have the same belief about the distribution of demand. Full payment of
cq is required when the order is placed, so the retailer borrows w from the bank. This
means that there are no accounts payable and the retailer will have a cash balance
of X’ = Xo + w — cq after payment. The amount borrowed by the retailer has to
be such that X’ > 0 or w > max{0, cq — X,}, otherwise full payment for the order
could not be made. Also, w < V¥, the asset-based loan limit of ¥ = ycx’ + ycq
once the order is placed. Suppose that the bank funds the loan using money received
from depositors to whom it promises to pay interest at the rate of o’.

Over time (0, T'), the retailer receives orders for D units of the product.

At time T', available product is shipped to customers who pay immediately p
per unit and unsold inventory is disposed at a price of ¢/, ¢/ < ¢, per unit. So the
retailer receives a total payment of p min{D, ¢} + ¢’ max{g — D, 0} and there are
no accounts receivable. The retailer then has to pay the bank w 4 aw, the required
loan repayment plus the required loan interest, although it will receive a credit of
o’ X’ for the interest due on the retailer’s cash balance. Again, it will be assumed
that @ > «’. Because of our assumption that the retailer had no other assets but X at
time 0, the retailer will be bankrupt if they are unable to repay the loan and interest
due on it. Assuming that the retailer is set up as a corporation with limited liability,
the liability of the retailer’s equity owners is limited to the amount invested in the
ownership shares so the potential loss would be at most X,. Therefore, the retailer’s
final cash position X7 (D) after repaying the loan will be given by

Xr(D) = X'+ pmin{D, ¢} + ¢’ max{g — D,0} —w(l + a) + o' X’

and the retailer is bankrupt if X7 (D) < 0. Because o’ < «, it can be easily shown
that it is optimal for the retailer to ensure that X’ xw = 0. That is, the retailer should
use up all the cash before considering borrowing money from the bank, and so the
value of y¢ is irrelevant to decision making. There are some simple properties that
follow immediately.

Lemma 1.3.3. The retailer borrows with no bankruptcy risk if the order quantity is
such that xo/c < q < §, where q is given by
xo(l + @) Xo

1= ta)—c -y (138)

where y' = ¢'/c(1 + a).
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Lemma 1.3.4. [f the order quantity q is such that ¢ > q, then bankruptcy will
occur if demand & is less than d(q), where

(cl+a)=c)g=q)

d(q) = ;
p—c

The retailer’s ending cash will then be given by

YD) = | P —HminiD.gy —d(@). D zd@.
0, if D <d(q).
and the bank’s economic return from its loan to the retailer is
, 0, ifD >d(q),
(D) = (cq — Xo)(a — ') — (1.40)
' §<p ~c)ld(q) = D] if D <d(g).

By using Lemmas 1.3.3 and 1.3.4, the expected returns to the retailer and bank
for any given ¢ can be derived. There are three possible situations that can arise:

(1) The retailer has enough initial capital that it does not borrow (¢ < Xy/c, no
borrowing)

(2) Theretailer borrows, but not sufficient to create any risk of bankruptcy (Xo/c <
q < g, borrowing without bankruptcy risk)

(3) The retailer borrows and there is the risk of bankruptcy (¢ > ¢, borrowing with
bankruptcy risk)

The probability of retailer bankruptcy is Pr{D < d(g)} and the retailer’s expected
cash position, E[X7(D)], is given by

E[X7(D)]

q _ X
(r—c) fo F©)d — [c(1 +o) — lg + Xo(1 +a), if =",

q _ X
- (p—c’)/o F@E — e +a)~lg+ Xl 4. if 2 <g<g,

9 _
(=) [ P i q>i.
d(9)
(1.41)
The bank’s expected return by lending to the retailer is
E[I(D)]

. X

0, if g =—.
Y. ©

=\ (cq = Xo)(@ - o), if 2 <q<4q.

(cq = X —a') = (p =) [d(@) = J{'" F&)&]. if a>3.
(1.42)
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For a given bank interest rate «, no retailer will borrow if p < ¢(1 + «). So only
the case where p > ¢(1 + «) is considered. The following theorem identifies the
order quantity a retailer with initial capital X, will choose.

Theorem 1.3.5. For increasing failure rate (IFR) distributions of demand, the
order quantity a retailer with initial capital of Xo will choose, q®*, for given o
is as follows:
qNB7 lf XO > chB7
P O e s
PV, ifeqBVO(1 — ') < Xy < cqPWO,

q(Xo), if0<Xo<cg®O—y).

where B, ¢BWVO, and q(X,) are determined by

Py = Lt = (1.44)

p—c
F(qBY0) = M (1.45)

p—c

_ 1 —c
Fq(Xy) = %F(d(q(xo))). (1.46)

Furthermore, q(Xo) is decreasing in Xo for 0 < X, < cq®VO(1 — ') with
q(cg® O (1 —y") = ¢*°.

From the above theorem, the optimal retailer order quantity decreases as Xy
increases from Xo = 0 until X, = c¢®V°(1 — y’), then it is constant until
Xo = ¢q®VO and eventually it increases once Xy > cg¢®W°. Because the bank
faces a set of retailers who differ only by their initial cash X, without loan limits,
the retailers will respond in the following ways for a given o.

(i) Retailers with cash level xo > c¢gNB will have more than enough cash for their

operations and will not borrow.

(ii) Retailers with cgBW° < X < cgNB will use all the cash they have to finance
their inventory and will not borrow.

(iii) Retailers with cg®WO(1 —y") < X, < cq®WVO will borrow, but not sufficient to
create any risk of bankruptcy.

(iv) Retailers with the least initial cash (i.e., Xo < cg®W°(1 — y’)) will be the big
borrowers. As a matter of fact, the less wealthy the retailers are, the more the
retailers will borrow and the more inventory the retailers will stock.
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Furthermore, we will first determine the retailers’ order quantities that achieve
the optimal bank returns and then compare these quantities with the quantities that
the retailers will order for a given «. As long as there is no risk of bankruptcy by
lending to a retailer, the bank’s return, E[IT1(D)], increases with increasing w and,
hence, for a retailer with initial capital Xy, increases with increasing ¢. However,

once there is bankruptcy risk, the maximum bank return occurs when ¢ = ¢,
where
_ c(l+a)—c
F(d =—— 1.47
@) = o~ (1.47)
or
X _ !/ _ 1 + AN
gy —X0 L P=¢ pafcl+a)-cy (1.48)
c1—=y) c(+a)—c c(l+a)—c

With the option of asset-based financing, Theorem 1.3.5 and (1.47) propose the
optimal quantities for the retailer and bank respectively. Here the study is for single-
period newsvendor problem. In Chap.4, the multi-period model with cash flow
constraints will be investigated.

1.3.4 Concluding Remarks

This section proposes many supply chain management models related to financial
risk, i.e., systematic risk or the risk of cash flow and bankruptcy. These models
adopt financial theories (e.g., CAPM and Modigliani-Miller (M&M) Theorem, etc.)
to study various financial risks.

Firstly, the CAPM model is applied to measure the systematic risk of the
inventory control process. The CAPM-based inventory model is formulated and
the optimal inventory control policy is proposed. Furthermore, the multi-period
(Q, r) inventory model incorporated with CAPM is studied and the optimal ordering
quantity and reorder point are proposed. We also present the analysis of the effect
of the stochastic demand and price on operations.

Then the risks of cash flow and bankruptcy in supply chain management
are studied. First the impact of capital structure on inventory control strategy is
proposed, by establishing the inventory model to maximize the present value of
dividends of the firm. Then a general asset-based financing inventory model is
established, with the assumption that a newsvendor can carry out both operational
decisions and financing decisions.

There are also other studies which coordinate the theory and practice supply
chain management and finance. The innovation of financial theory and practice will
also drive the development of supply chain management.



1.4 Organization and Main Conclusions of the Book 47
1.4 Organization and Main Conclusions of the Book

The first part of the book surveys the applications of risk management to supply
chains and review the existing literature categorized by modeling of decision
maker’s risk preference, supply disruption management, and financial risk measure-
ment in supply chains. Some representative works are selected for demonstrating
the application of various risk management tools in supply chains.

The second part of the book focuses on the studies on supply uncertainty.
Specifically, the sourcing strategy of a retailer who procures from two supplier
with random yield is investigated in Chap.2. The single-period and two-period
problems with stochastic demand is analyzed. In each of the case, the condition
whether the retailer will choose single soucring or dual sourcing is identified.
Furthermore, an explicit form of sourcing threshold could be found for the special
case of deterministic demand. Chapter 3 investigates not only the sourcing strategy
of a retailer but also the pricing strategies of two suppliers under an environment of
supply disruption. A coordination mechanism is devised to maximize the profits of
both suppliers.

The third part of the book focuses on the financial risk measurement in supply
chains from the perspective of cash flow constraints, financing decisions, and
delayed cash payment.

Chapter 4 considers a classic dynamic inventory control problem of a self-
financing retailer who periodically replenishes its stock from a supplier and sells
it to the market. The replenishment decisions of the retailer are constrained by
cash flows, which is updated periodically following the purchasing and the sales
in each period. Excess demand in each period is lost when insufficient inventory is
available. The retailer’s objective is to maximize its expected terminal wealth at the
end of the planning horizon. We characterize the optimal inventory control policy
and present a simple algorithm for computing the optimal policies for each period.
Conditions are identified under which the optimal control policies are identical
across periods. We also present comparatively static results on the optimal control
policy.

Chapter 5 presents a classic dynamic inventory control problem of a retailer who
periodically replenishes its stock from a supplier and sells it to the market. Asset-
based financing is allowed for the retailer, when being short of cash flow. Excess
demand in each period is lost when insufficient inventory is available. The retailer’s
objective is to maximize its expected terminal wealth at the end of the planning
horizon. The optimal inventory control policy is characterized. The dependence of
the optimal policy on the wealth level is studied. Conditions are identified under
which the retailer will choose to borrow or deposit in each period. The bankruptcy
probability is also studied.

In Chap. 6, a framework is proposed for incorporating financial considerations
including delayed cash payment and receivable into multi-period inventory models.
Specifically, we characterize the dynamic financial constraint that is updated
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periodically according to production activities. The optimal operational policy and
its dependence on the financial state are studied. It also demonstrates the importance
of firms considering delayed cash payment.

The last part of the book studies on wholesale price negotiation. Specifically,
a one-supplier two-manufacturers supply chain is studied in Chap.7. The Nash
game is first analyzed between the two manufacturers and then the bargaining
process between the supplier and each manufacturer is modeled by a sequential
Nash bargaining. The results demonstrate the importance of steel manufacturers
increasing the investment on iron ore.



Chapter 2
Dynamic Suppliers Selection: Single
or Dual Sourcing?

2.1 Introduction

Supply chain disruptions are unplanned and unanticipated events that disrupt the
normal flow of goods and materials within a supply chain (Hendricks and Singhal
2003; Kleindorfer and Saad 2005) and, as a consequence, expose firms within the
supply chain to operational and financial risks (Stauffer 2003).

Generally speaking, most supply chain disruptions can be broadly classified into
three categories, namely supply-related, demand-related, and miscellaneous risks
(Oke and Gopalakrishnana 2009). Supply disruption occurs when suppliers are
unable to fill the orders placed with them. These risks could potentially affect or
disrupt the supply of products or services that the supply chain offers its customers.
Demand disruption may be due to a sudden drop or a sudden rise in customer orders.
Demand-related risks could potentially affect or disrupt the operations of the retailer
and affect its ability to make products available to its customers. Miscellaneous
risks are risks that could potentially affect the costs of doing business, such as
unexpected changes to purchasing costs, interest rates, currency exchange rates,
safety regulations by government agencies, etc. This book mainly focuses on supply
disruption.

A supplier may be unable to fill an order for a variety of reasons, including
equipment failures, damaged facilities, problems in procuring the necessary raw
materials, or rationing its supply among its customers.

This chapter addresses the problems faced by a retailer who deals with two
unreliable suppliers who may default on their obligations to deliver order quantities
at the end of a given production period. Using a simple two-periods model of a
supply chain with one retailer and two unreliable suppliers, this chapter studies
questions of supplier selection and ordering policies among firms.

Our work is related to the research on random yields. An excellent review
of the random yield literature is offered by Yano and Lee (1995). Examples
of model constructions appearing in these literature include, among others, the
case of all-or-nothing delivery (Anupindi and Akella 1993; Gerchak 1996),
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the case of random capacity (Ciarallo et al. 1994), the case of binomial yield
(Chen et al. 2001; Xie et al. 2010), the case of stochastic proportional yield
(Henig and Gerchak 1990), and combinations thereof (Wang and Gerchak 1996).
Specifically, Anupindi and Akella (1993) studied one- and multi- period discrete-
time problems of a retailer who can order from one or two suppliers whose failure
processes are uncorrelated. The authors derived optimal ordering policies under
various stochastic yield assumptions including all-or-nothing, partial recovery, and
delayed delivery.

One can also interpret the problem considered in this chapter as a multi-supplier
sourcing problem. Recent survey articles by Elmaghraby (2000) and Minner
(2003) described a variety of models proposed in a multi-supplier supply chain
management literature. When there are multi suppliers, quite different disruption
management strategies including dual sourcing, emergency sourcing, etc. could be
employed. The focus of multi suppliers model is how to evaluate these different
strategies and find a trade-off between the strategies cost and the disruption
negative consequences. These studies can be found in Parlar and Perry (1996),
Swaminathan and Shanthikumar (1999), Dada et al. (2003), Tomlin and Wang
(2005), Babich et al. (2007a, 2007b), and Tomlin (2006).

Babich et al. (2007a, 2007b) studied a supply chain where one retailer deals
with competing risky suppliers who may default during their production lead-times.
The suppliers, who compete for business with the retailer by establishing wholesale
prices, are leaders in a Stackelberg game with the retailer. The retailer, facing
uncertain future demands, chooses order quantities while weighing the benefits of
procuring from the cheapest supplier against the advantages of order diversification.
For the model with two suppliers they show that low supplier default correlations
dampens competition among the suppliers, increasing the equilibrium on wholesale
prices.

Tomlin and Wang (2005) investigated a single-period, yield-uncertainty problem
in which the firm faces trade-offs between mix flexibility and dual sourcing. They
assumed that the firm is risk neural or risk averse, respectively. Loss-averse objective
and CVaR measure are used to quantify the firm’s downside risk tolerance in
this system. Their results indicate that the appropriate levels of diversification and
flexibility are very sensitive to the firm’s downside risk tolerance.

Tomlin (2006) considered a model in which the firm may order from a cheap
but unreliable supplier and/or an expensive but reliable supplier. Tomlin examined
the conditions under which the firm’s optimal strategy is to manage disruptions by
holding extra inventory, by dual sourcing, by emergency sourcing, or by taking
no action, and simply accepting the disruption risk. The author investigated the
influence of the firm’s attitude to risk on mitigation and contingency strategies
for managing supply disruption risks. Risk is measured by using a mean—variance
approach. The authors proved that a mixed mitigation strategy (partial sourcing from
the reliable supplier and carrying inventory) can be optimal if the firm is risk-averse
or if the unreliable supplier has finite capacity.

In this section, the retailer facing stochastic demand needs to determine whether
to choose single sourcing from one supplier or dual sourcing from two suppliers,
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and further how much to order. For each period, we identify the conditions under
which the retailer will choose different sourcing strategies, and find that the supplier
selection process is the trade-off between the ordering cost and the randomicity of
the yield rate. It is further pointed out that more structural results can be found under
the setting of deterministic demand.

Another contribution of our model is the corresponding insights that it yields. In
particular, it is found that the supplier selection process is the trade-off among the
cost, the average yield rate, and the variance of yield rate. Moreover, these results
are complemented with useful comparative statistics.

The rest of this chapter is organized as follows. Section 2.2 introduces the
proposed problem and some assumptions. Sections 2.3 and 2.4 present the model
and results for both single-period problem and two-period problem. Section 2.5
considers a special case that the demand is deterministic. Some numerical studies
are included in Sect. 2.6. The chapter concludes in Sect. 2.7 with some remarks and
some possible extensions.

2.2 The Problem and Assumptions

Consider a single-product supply chain with one retailer who can procure from two
suppliers. The yield rates of both suppliers are random but independent of each
other. The yield is random in the sense that, if an order for ¢; units is placed by
the retailer with supplier i, a quantity Y;q; will be delivered to the retailer. It is
assumed that the yield rate Y¥;, 0 < ¥; < 1, is a normal random variable with mean
0; and variance oiz, i = 1,2. G; and g; denote the distribution and density function
of the supplier i’s yield rate, respectively. Assume the procurement leadtime from
suppliers is zero.

Denote p as the selling price of the product and w; as the unit ordering cost from
supplier i. The retailer needs to determine ordering quantities from each supplier for
two planning periods. If the retailer orders from both suppliers, then it is said that he
uses dual sourcing; otherwise, he uses single-sourcing. The ending inventory of the
first period is carried over to the second one. The customer demands occur only at
the retailer and are i.i.d random variables in different periods. Unsatisfied demand
of period one is fully backlogged, while is lost in the period two. The objective of
the retailer is to maximize her total expected profit over two planning periods.

Some other notation is summarized in the following. Forz = 1,2,
q:.; = the order quantity from supplier i in period#,i = 1, 2.
D = the generic one-period demand with mean d.

To guarantee 0 < Y; < 1, it is assumed that 0 < u; £ 30; < 1, which makes
the probability of ¥; falling into the interval [0, 1] exceed 99%. Without loss of
generality, it is assumed that pu; > w;, otherwise, the retailer will not order at all.
We also assume pG;(0) < w; to avoid trivial case.
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Suppose the intial inventory at the retailer is 0. The decision problem for the
retailer is

max  I1i(qi1,912)

q11=0,912>0
= max {pdi—wiqu —w2qi2 + E[Va(Yiqu1 + Yaq12 — D1)]},  (2.1)
q11=0,912=0
where

Va2(x) = max OPE[miH{Dz,X + Y1921 + Yo}l —wiqar —w2ga.  (2.2)

421=0,922>

2.3 Single Period Analysis

We first consider the problem of period two. At this period, the retailer’s objective is

Va(x) =  max  IIy(q21,922)

421=0.922>0

= max pE[min{Dz, X + Y1Qz1 + Yzqzz}] — Wi1{q21 — Wa2(2. (23)

q21>0,422>0

Firstly the following lemma ensures that there are optimal solutions for the
optimization problem. The proof is straightforward by definition of joint concavity
and submodularity. So we skip it here.

Lemma 2.3.1. (a) [15(q21, ¢22) is jointly concave, and submodular in ¢ and ¢;.
(b) Va(x) is concave in x.

For notational convenience, define ¥ = Yi1g21 + Y2¢2,. Since Y; and Y, both
follow normal distribution and are independent, thus Y ~ N[u1q21+12¢22, olzqgl +
0343,)- Let g(y, g1, 92) and G(y, g1, ¢22) be the density function and cumulative
distribution function for Y, respectively. Notice that if pu; < w;, then the retailer
will order nothing. Next taking partial derivative of I1,(¢21,¢22) on ¢z; yields the
first order condition

(M2(q21, 422))y,

= PE{Yl1{Y1q21+Yzqzz§D2—X}} -—w

S
= pE |:/ / Y181 (J’1)dy1g2(J’2)dY2:| —w
—0o0 —00

+oo pl2=x—axnyy
4921
= pE |:/ / [1g1(v1) — 01281(Y1)182(J’2)dJ’1dY2i| —wi
-0 J—oo
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+o00 Dy — x —
= pmE U G (z—qzm) gz(yz)dyz}

oo q21
+o00 Dy — x —
—po?lE [ / 2 (Z—W) gz()’z)d)’2:| —w
—00 421

=p E[G(Dy — x.421.42)] — potgn E[g(D2 — X, q21.422)] — w1 =0, (2.4)
where the third equality is due to the fact that g;(y;) follows normal distribution
and hence g} (y1) = —(y1 — t1)g1(y1)/0}. And similarly the first order condition
on gy, is given by
(M2(q21, 422)),,

= pur E[G(D2 — X, q21.90)] — po3qnE[g(Ds — x,q21,92)] —wr=0. (2.5)

Notice that if x > F~! (1 - %) then

/
(M2(q21, 922)) 4,

T
=p / [ / yig1(y1)g2(y2)dyidys f(z)dz | —wy
X —00 —0Q0

= ppi(1 = F(x)) —w
<0.

Where the equality follows from Pr(Y g1 + Y2g2» < Dy — x < 0) & 0. Thus the

R

retailer will not order from supplier 1 if x > F~! (1 —

)
Similarly if x > F~! (1 — ﬁ), then (I1,(g21, qzz)):m < 0. It is found that the
retailer will not order from supplier 2 if x > F~! (1 — ﬁ)
Therefore, the retailer will order nothing if x > max { F! (1 — ﬁ) JF1

(1 — %)}, and choose single sourcing from supplier i if F~! (1 — ﬁﬁ) <x<

F~! ( 1— p—vﬁ—) Next we discuss the optimal sourcing strategy of the retailer when

x<min {F1 (1= 2) Pt (1- P_Mzz)}

Let ¢21(¢22) and g22(g21) be the optimal solutions of (2.4) and (2.5), respectively.
Because I1»(g21. g22) is concave, there exists at least one optimal solution (¢5;, ¢5,)-
If both ¢}, > 0 and ¢}, > 0, then the retailer adopts dual sourcing; otherwise, she
uses single sourcing. We discuss the optimal sourcing strategy of the retailer. In
what follows, let ¢ and @ be the pdf and cdf of standard normal distribution.
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Theorem 2.3.2. In the second period, when x < min{F -1 (1 —

(1 — ﬁ)}, the retailer’s optimal sourcing strategy is

(i) Single sourcing from supplier 1 if

Dy —x — Mléjl(x))]

Wy — Uawi = poj i E =
Hiws — oW > POl [¢( 011 ()

(ii) Single sourcing from supplier 2 if

Dy —x — Mz@z(x))]

Howy — (iwa = poa i E [¢ ( -
0242(x)

(iii) Dual sourcing from both suppliers if

[ (Dr—x—pu1gi(x)\]
Hiws — powy < poi o E ¢>( 2 ~ L/ ,
L 0141 (x)

and

[ (D2—x — p2ga(x)\]
Howi — (Liwa < poa i E </>( 2 azqz(/;)q

where §1(x) and §>(x) satisfy

Dy —x — 141 (x)
E|o —wy =0,
Pr [ ( 0141(x) "

o E [qD(Dz—x—Mzc?z(x))} =0,

0242(x)

_) F1

2.6)

2.7)

(2.8)

2.9

(2.10)

@2.11)

Proof. We discuss the condition for the retailer to determine whether to choose
single sourcing from supplier 1. The case that single sourcing from supplier 2 is
parallel. Let go» = 0, the optimal solution ¢, (0) satisfies the first order condition

(2.4). Transform Y into standard normal,

0I15(¢21(0),0)

9g21
Dz—x—ﬂlqzl(o)) (Dz—x—mCIzl(O))
= E® — po E —
P ( 01921(0) porEd 01421(0)
Given g (x) from (2.10), then
JdT1 ,0 1 Dy —x — g
9Ma(g.0) = — |:IL1W2 — Howi — porj E¢ (—2 - i
8q21 421=¢?1 2 aiq

w1 =0.

)}
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If pywy — powy > popusEd (D2+;’“é‘>, then we find %ﬁ;mzo. Since
I15(q21,922) is concave in ¢,;, we find that ¢,;(0) > §;. Moreover, given

g21 = q21(¢22) and ¢g2» = 0, the partial derivative on g, is

0I12(q21(g22), 422)
092

Dy —x — g3 (0
=pqu<I>( S Mlqzl())—wzf(),

*
0147

q2=0

where the inequality follows from that if D, — x > 0,

Dy —x — //«1‘1;1 (0)

*
0147,

PMZECD(

D v — g
)—Wzil’Mqu’( 2t Mlql(X))—Wz=0:

0141(x)

otherwise, ®((D,—x—u1)/01¢45) ~ 0 when D, < x as we assume 1 > 307. Due
to the joint concavity of I1,(¢21,¢22) on ¢g»1 and g2, the optimal ordering quantity
from supplier 2 is 0. In other words, the retailer will choose single sourcing from
supplier 1. Through similar procedure, we can show that, if (2.7) is true, the retailer
will only source from supplier 2.

Finally, if

Dy —x — g1
pawa — powy < poijaE¢ (—AM)
0141
similarly it can be found that (IT»(g2;(0), 0));2 , > 0, and hence the optimal ordering
quantity ¢, should be positive. Furthermore, through similar analysis it can be
found that (IT,(0, g22(0)))’ > 0 under the condition

l
q21

Dy — x — p2G>(x)

Howi — piwa < poaji1 E¢ ( - 12 .
0242(x)

Thus the optimal ordering quantity ¢5; should be positive. Therefore, the retailer

will choose dual sourcing from both suppliers. O

From the previous theorem, the optimal ordering quantity is g3, = g(0) while
q3, = 0, if (2.6) is true; the optimal ordering quantity g3, = 0 while g5, = ¢2,(0),
if (2.7) is true; otherwise, g3, = ¢21(¢5,) while g3, = ¢22(g5).

Notice that §; given in (2.10) and (2.11) is function of inventory level x, we find
the following property.

Proposition 2.3.3. §;(x) is decreasing in x, furthermore, the retailer is more likely
to choose single sourcing than dual sourcing as the ending inventory of first period
increases.
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Proof. Recall that ¢;(x) is the solution of (2.10). Taking derivative of (2.10) with
respect to x and applying Implicit Function Theorem yields,

pin [ () SO IR e =0, 1)

F 111 () 0141(x) 01473 (x)

as @(’)Z_#W) ~ 0 when D, —x < 0. Thus

di(x) <0.

Since g{(x) < 0, note that

Dy —x— Mlél(x))]/
E [¢( 01‘?1()()

[ £—x—gi(x) (S —x —mél(X)) =§1(x) = (§ = 0)q;1(x)
x+mq1(v) 0141 (x) 0141(x) 0161 (X)
/ ( —X —u@(ﬂ) G+ E -0 x)
+u1qi(x Ulél(x) O-IQI( x)
/ T /3 (E—X—,U«lﬂ?l(x)) G1(x) + (£ — )41 (x)
01511(16) 1611( x)
+oo ~ ~ ~/
E—x—mql(X)) q1(x) + (€ —x)qi(x)
+/xfal(x>/a;<x> ( 0141(x) 07q; (x)

=g (/1 (x) e —1a 5 A7
<t [ g (B B) O EE)
x+p1g1(x) 0141(x) 1‘11( X)

+oo —x = g,
Xx—n /) [ (E );lél’(‘;;"(x))q‘(x)tf() 4
1

x—§1(x)/4 (x)
o (E—x—mﬁ?l(x)) 51(X)+(5 x)g1(x)
x+p1q1 (x) Ulal(x) Ulq ( )

f(§)dé

f(€)dé

J(€)dé

+p1q1(x)

S (§)d§

f()dg

f(€)dé

=[x —qi1(x)/q](x)] F(E)dE =0

Where the second and last equalities follow from (2.12), and the inequality follows

. 1) +(E—x)g(x) A A1 i(x)+E— X)ql(X)
by noting that ST > 0 when § < x—q(x)/q;(x) and —G e <

0 when § > x—4;(x)/§;(x). Thus E [(}S (%’W)] is increasing in x. Finally
observing the conditions for identifying single or dual sourcing, it is concluded
that the retailer will be more likely to choose single sourcing than dual sourcing

as inventory increases. O

Further noting that the optimal ordering quantity depends on w;, there are the
following comparative statistics results.
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Proposition 2.3.4. ¢J;(w;, w3_;) is decreasing in w; and increasing in wi_;, where
i=1,2

Proof. According to the first order conditions and Implicit Function Theorem, it can
be found that

(I2(q21. 422))y,,
<0
(TM2(q21, 922))7,, (T12(g21, 422))y,, — (T12(q21, 422)) 17,4

Q;ll(Wl) =

and

H , "
a3 () = _ (2 2(g21 Clzz)qzmz _ >0,
(M2(q21.922))},,40,)* — (12(G21. G22)) 77, T12(q21, 422) gy

where the first inequality follows from the joint concavity of I1,(g21, ¢22), and the
second inequality follows further from the submodularity of I1,(g2;, ¢22)- O

2.4 Analysis of the Two-Period Problem

This section will discuss the retailer’s optimal sourcing strategies and ordering
quantity in the first period.
Following from Lemma 2.3.1, there is the following lemma.

Lemma 2.4.1. I1,(q11,q12) is jointly concave in q1; and q1>.

It
meax{F_l (1—ﬂ),F—‘ (1—2)}, (2.13)
PHI PK2

then the retailer orders nothing, and the optimal profit of the second period is
1,(0,0) = pE min{D,, x} = pdy — pE[(D;, — x)™].

From Theorem 2.3.2, if

—1 w2 -1 wi
F (1__)5X<F (1__)
P2 PHI
or X < min { F! (1 - ﬂ) JF! (1 - ﬁ)} and (2.6),  (2.14)
PH1 P2

then the retailer chooses single sourcing from supplier 1. The optimal ordering
quantity ¢5; (x) is given by

D _ _ * D _ _ *
leEq)( 2—X *MquI(X))—polEqﬁ( 2—X *Ml%l(x))_wl —0
0145, (x) 0145, (x)
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The optimal profit of the second period is

2(g5,(x),0) = pE{min[Dy, x + Y15, (x)]} — w1q5; (x)
Dy — x — p1g53,; (X))]

014;1 (x)

= pdy— pE |:(D2 —x)® (

Similarly if

F! (1—3) <x<F (1—2)
Plti P2

or x < min { F! (1 - ﬂ) P! (1 - ﬂ)} and 2.7),  (2.15)
P P2

then the retailer chooses single sourcing from supplier 2. The optimal ordering
quantity ¢5,(x) is given by

D _ _ * D _ _ *
P E® ( 2—X *MZQ22(X)) — posE ( 2— X *MZCIzz(x)) —wy = 0.
Uzsz(x) UZ‘]zz(x)

The optimal profit of the second period is

1,(0, ¢5,(x)) = pd> — pE [(D2 —X)® (Dz —Xx— quiz(X)):|-

0245,(x)

Further if

X < min % F! (1 - ﬂ) F! (1 - ﬁ)} and (2.8) and (2.9), (2.16)
PH1 P2

then the retailer chooses dual sourcing in the second period. Then

PIEG(D; — x,¢5,(x). 43,(x))— po1 g5, (x) E[g(Dr—x. 431 (x), ¢35(x))]—wy = 0,

P2EG(Dy—x, 431(x). 45 (x))— po3 55 (x) E[g(Da—x. g5, (x). 43 (x))]-w2 0 = 0.

The optimal profit of the second period is then

Dz—x—lth;l (x)_lLZQ;z(x)
\/‘71251;1 (X)2 40395, (x)?

I2(q5,(x). 43, (x)) = pdy—pE | (D2—x)®
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Therefore, the optimal profit-to-go is

pdy— pE[(Dy — x)*], (2.13) true,
pds = pE[ (D2 = )@ (2t | (2.14) true,

Va(x) = ot (2.17)
dy — pE | (Dy — x)® [ 22 07map ™) ) | - (5 16) true,
pdy—p [( 2 —X) (\/af(qzdl(x))zﬂzzqé‘z(wz)] (2.16) true
pds = pE[(D2 = )@ (2t | (2.15) true.

Before we turn to the optimization problem of the first period, we find that the
following lemma is useful.

Lemma 2.4.2.
(1 — F(D, (2.13) true,
D _ _ N
pEcb( 2 — X squl(x)), (2.14) true,
0143, (x)
dVa(x)
. VEG 2 — X — p1g5 (X) — pags, (x) . (2.16) true,
Joras (02 + 035 ()2
D _ _ s
pECD( 2 —X YmCIzz(x))’ (2.15) true.
szq'zz(x)

Proof. The result is straightforward when Lemma (2.13) is true. If Lemma (2.14) is
true, then ¢, (x) satisfies the first order condition

D _ _ * D _ _ *
mecp( 2 — X *qu](X)) B palE(p( 2 — X *qu](X)) =0,
0145, (x) 0145, (X)

Take derivative with respect to x yields

=0.

* 9D«
D, —x (Dz—x_ﬂIQQl(x)) 43 (x)
015 (x) 0145, (x) dx
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Thus, as g3, (x) > 0,

dra() _ VE [qD (Dz—x—mqé‘l (X))}
dx

Ulqikl(x)
D2—x
Dar—x—1q} 1920
—pE (Dz—x)¢( i I%I(X))— ne
01495, (x) oy Ox

_JE [(D (Dz—x—ulq;O(x)ﬂ
019;1 (x) .

The proof is similar when (2.15) is true.

When (2.16) is true, the first order conditions which ¢5;(x) and ¢3,(x) satisfy
can be written as

Dy—x—q3 ()12

+o0 E3
(x)
PE / / " y181(y1)g2(y2)dyidys | —wi =0,
—00 —00

oo pl27E =435 ()12
5 (x)
PE / / . 281(y1)g2(y2)dy1dys | —wa = 0.
—00 —00

Taking derivative with respect to x yields

E |:/+oo (Dz T yzqé‘z(x))’ Dy —x — yzq;‘z(x)gl
—00 qa (x) X qz} (x)

§ (Dz —x - yzqi"z(x)) gz(yz)dyz] —o. (2.18)
g5, (x)

0 Dy —x — y2g3(x) )/
E
P I:/;oo ( Q; (x) )) r&

X

" (Dz —x— {26122(D2 - X)) gz(yz)dyz] =0. (2.19)
q51(x)
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Therefore, we find that

dlg(x) _ e |o Dy — x — p1g5,(x) — 2y, (x)
x VD@ (02 + @D g5 )
0 '32——74(5‘2)(”2 '
Gnp(x
—pE| (D —x) / . g1(y1)g2(y2)dyidy,
—o00 J—o00
_pE | o Dy — x — pg (x) — pag3,(x)

ot @300 + 03 (g ()
—pE [(Dz—x) / m (_DZ‘;K‘)IL@))’
—0o0 21 X

(Dz—x—yzqi‘z (x)
g | —————=—

) ) gz(Y2)dY2]

Dy —x— Ml‘Hl (x) — /,qu;2(x)

=pE|®
Jor @301 + 03 (g ()

where the penultimate equality follows from that

o0 o % / o *
PE [(Dz—x) / (DZ’;—W) ¢ (Dz’;—ﬁ?z(”) gz(yz)dyz}
—0o0 21 X 21

o Dy —x — 12035 (x)\ D2 —x — y2g3(x)
= ¢, (x)pE U ( 2 ) =
—00 4121()5) X ‘bl(x)

. (Dz — X — y2g5,(X)
4;1 (x)
+435(x)pE [/Jm (D2 - yzqu(x))/ 2
2 —o0 Q;l (x) ¥

p (Dz — X — ¥245,(D3 — x)
1
451 (x)

) 22 (Y2)dJ’2}

)gz(yz)dyzi| =0.

Since V5(x) is continuous in x across different ranges, the lemma is proved. O

Next we proceed to the optimization problem of the first period. For notational
convenience, define, for i = 1,2, the different conditions for no sourcing (NS),
single sourcing (SS), and dual sourcing (DS)
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(NS) : Yiq1i+Y3-iq13-i—D; > max { F~! (1—£) JF! (l—h)},
PR PHU3—i

W3—;
PMH3—i

or Yiq1; + Ys—iq13—; — D1 < min { F! (1 - L) JFT! (1 - h)}
PHi PH3—i

Wi
(SSi): F~! (1 - ) <Yiqii + Ys_iqi3—i —D; < F' (1 — —l),

and p;w3—; — U3—jw;

Di+Dr—Yiqii—Ys—iqi3—i—pigi (Yiqii + Y3—iq1,3—i_Dl))
014i (Yiq1i + Y3—iq13-i—D1) ’

> poipz—i E¢ (

(DS;) : Yiqi+Y3—iq13—i—D1 < min % F! (1—L) JFT! (1—h)},
PHi PH3—i

and j4; w3—; — 3—iw
D1+D2—Yi611,i—Ys—if]1.3—i—ﬂi@i(YiqLi-i-Y3—i6]1,3—i—D1))
0:qi(Yiq1; + Ya—iq13—i — D1) '

< poips-i E¢ (
Then the total profit function for the retailer can be shown as

Mi(q11.912)
= E{pD| —wiqi1 — waq1> + Vo(Y1q11 + Yaq12 — D1)}

= p(di + d2) —wiqi1 —waqia

—pE{ (D1 + Dy —Yiqn — Ylez)[l{Dzzqun+Yquz—D1}1{(NS)}

D + Dy — Yiq11 — Yaogq12 — 145, (Y1911 + Yaq12 — D))
+@ - — Lessiy
01951 (Y1q11 + Yaqi2 — D)

D+ D>—Y1q11—=Y2q12— 1143, Y1g11+Y2q1o—D1)—p2q3> (Yiq11+Yoq1o— D)
o1 (g3 (Y1g11+Y2q1— D)2 +03 (g5 (Y1q11+Y2g12—D1))?

+ @

X 1¢(ps;)Ds2)}

Dy + Dy — Yiq11 — Yaq12 — p2q3,(Y1q11 + Yaq12 — D1)
+ (D( ™ 22 1{(552)} . (220)
0295, (Y1911 + Yaq12 — D)

Let I'(Y1411+Y2q12— D) be the function in square brackets after taking expectation
over D,. There is

(g1, q12)=p(di1+d2)—wiq11—w2q12—pE[(D1+ D2—Y1g11—Y2912) T (Y1911 + Y2q12— D).

It can be found that pI'(x) = (V»(x))’. With different sourcing strategies in the
second period, I'(Y1g11+ Y2q12— D) reflects different probabilities that the demand
of the second period is not satisfied given inventory Y,¢q; + Y>q1» — D1. Notice that
0<T(Yiqu + Yoq12— D) < 1.
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The first order conditions for the optimization problem of the first period are
given by
(M1 (q11,912))y,, = PE[Y1Va(Yigu + Yaqia — D1)] —wy

= pENT(Yiq11 + Y2g12 — D1)] —w
= 07

and

(1 (q11,912))y,, = PE[Y2T (Yigu + Yagi2 — D1)] — wy = 0.

Then straightforwardly, the retailer’s optimal sourcing strategy in the first period is
provided in the following theorem.

Theorem 2.4.3. In the first period, the retailer’s optimal sourcing strategy is
(i) Single sourcing from supplier 1 if
PEMT(V1g{ = D1)] = w1 = 0,
(ii) Single sourcing from supplier 2 if
pE[Y2T'(Y2g, — D1)] —wa > 0,
(iii) Dual sourcing from the two suppliers if
PEVIT (Y14 — D1)] —w; <0,
PE[V2T (Yag; = D1)] = w> <0,
where 4i and g} are given by
P2 E[(Y1§) — Dp)] = wz =0,
puiE[L' (Y243 — Dy)] —wy = 0.
Proof. The proof is similar to that for Theorem 2.3.2. Firstly we discuss the

condition for the retailer to determine whether to choose single sourcing from
supplier 1. Let ¢;» = 0, the optimal solution g}, satisfies the first order condition

oIl (g%, 0
% = pE[Y\['(D,. Y191, — D1)] —w; = 0.

GiVeIlqu1 so that p,bLzE[F(Dz, Ylt?ll —Dl)]—W2 =0, ipr[er(Dz, Ylt}ll —Dl)]—

aTI1(41.0)
wy > 0, then Y

gt > §i. Thus given ¢ = ¢}, and q1» = 0, the partial derivative on g1, is

> 0. Since I1(g11,912) is concave in g1, we find that

31_[1 (q;k] ’ O)

o2 PR2E[T (D2, Y1g{) — D1)] — w2 < ppaE[T(D2, Y1) — D1)] —wy = 0.
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Where the inequality follows from Lemma 2.3.1 by noting that V,(x) is concave
in x, and hence % = pET (D, x) is decreasing in x. Next due to the joint
concavity of IT; (11, ¢12) on 11 and ¢12, the optimal ordering quantity from supplier
2 is 0. In other words, the retailer will choose single sourcing from supplier 1. The

other proof follows similar procedure to the proof for Theorem 2.3.2. O

The following proposition indicates that there is no incentive for the retailer to
switch suppliers.

Proposition 2.4.4. The retailer will not choose single sourcing from different
suppliers in different periods.

Proof. Without loss of generality, assume the retailer choose single sourcing from
supplier 2 in the second period, i.e., inequality (2.7) is satisfied. It is needed to prove
the retailer will not choose single sourcing from supplier 1 in the first period. First
notice that (2.7) indicates pow; — pywy > 0. Then we find that

pE[V\T(Y14| — D1)] — wy

o
=pE [/ T (ng) — Dl)gl()’1)d)’1i| —wi

—00

+o0
=pu E [/ T (y1§; — Dl)gl()’1)dJ’1]

(o.¢]

+o0
—poiE [/ T (»1§; — Dl)g{(yl)d)h] —wi

o0
|7
o

w2 ~
= pp1—— — poiE |:F(YICI11 = Dy)g1(y)
P2

+o0
- [ @Br(ng! - D1>)(y1)g1<y1)dy1] -

o0

+o00
%) ~
= pp1——+poiE [/ (T (1141 —D1)(1)g (yl)dyl} —wy
P2 —00
- Hiwa —w
M2
<0,

where the third equality follows from the definition of |, and the penultimate
inequality is due to the fact that V5(x) is concave and hence E[I'(y14} — D1)] =
(Va(»141 — Dy)) is decreasing in y;. Therefore, the condition for the retailer to
choose single sourcing from supplier 1 in Theorem 2.4.3 can not be satisfied, i.e.,
the retailer will not choose single sourcing from supplier 1. O

When demand is deterministic, more structural results and sights can be found.
In Sect. 2.5, we report our findings.
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2.5 A Special Case: Deterministic Demand

In this section, to gain more insight and structrual results, we consider the case that
the demand is deterministic, D = d. Note that the first order conditions (2.4) and
(2.5) change to

p1G(dr — x,q1,q2) — poiqig(da — x,q1,q2) —wi = 0,
paG(dr — X, q1,42) — porqag(ds — X, q1,q2) — wr = 0.
Notice that ¢, and ¢, given in (2.10) and (2.11) can be derived in close form. Then

the retailer’s optimal sourcing strategy could be simplified as follows.

Theorem 2.5.1. In the second period, the retailer’s optimal sourcing strategy
is independent of demand as well as ending inventory of the previous period.
Specifically, it is optimal for the retailer to choose

(i) Single sourcing from supplier 1 if

i w
(w2 — [Law) = POy ot (cb ! (—2)) : .21
PH2
(ii) Single sourcing from supplier 2 if
W
Hawi — U1Wwa = pO2 i1 (CI) ! (—1)) , (2.22)
P
(iii) Dual sourcing from the two suppliers if
i w
Hiws — aw) < poy o (q> ! (—2)) . (2.23)
PH2
W
paw1 — paws < poapiig (cb : (—‘)) : (224)
PH1

We find more properties characterizing the optimal sourcing strategy. Define

170 = st = poscaad (07 (1)) / "
Pl

the functions of w;.

Proposition 2.5.2. T"(w;),i = 1,2 are increasing and convex in w;. By drawing
the two functions onto the coordinate planes with wy and w being the coordinate
axis, the two curves intersect at (W, w) = (pi1, pit2) and a point near (wy, wy) =
(0,0). Finally the area between the two curves displays where the retailer chooses
dual sourcing.
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Proof. Taking derivatives of 7}"(w;) on wy yields

(le(wl))/ = [Mz + oy ®7! (%)] //Ll > 0,
(T w) = o [W?aﬁ (dfl (ﬂ))} >0,
PH1

where the first inequality follows from % > G(0) = @ (—’;—j) due to the

assumption. Therefore, 7}"(w;) is increasing and convex in wi, and similarly
T,"(w) is increasing and convex in w».

Furthermore, noting that 7 (pu;) = pus—; and 7¥(0) ~ 0, it is found that the
two curves intersect at (wy, wy) = (pp1, pi2) and the point near the origin. Finally
from Theorem 2.5.1 it is concluded that wholesale price pairs of (w;,w;) under
which the retailer chooses dual sourcing are between the two curves wo = T7"(w1)
and w; = TZW(WZ). O

Similar to Proposition 2.5.2, by defining

! (ui) = |:I/LiW3—i + pos_iuid (43_1 (i))} /,u,',
PMi

the following proposition characterizes the retailer’s optimal sourcing strategy in
terms of the mean value of the yield rate.

Proposition 2.5.3. T/ (w;).i = 1,2 are increasing and concave in w;. By drawing
the two functions onto the coordinate planes with p; and [, being the coordinate
axis, the two curves intersect at (L1, h2) = (0,0) and (1, u2) = (wi1/p, w2/p).
Finally the area between the two curves and lines iy = 1 — 30y and 1, = 1 — 30,
displays where the retailer chooses dual sourcing.

Proof. Taking derivative of T{" (1) on 1 yields

(T{' ()" = | w2t pord (q)_l (ﬁ)) —poapu @' (ﬂ)

PH1 PH1

—w

o0 G) (q)?wl ) /-

Pl

oo (0 ) oo ) 5]
Pt pur/) pi

= [w2 + po2d(2) + po2z®(2)]/w1.
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Where the last equality is due to the transformation z = ®~! (%) Taking deriva-
tive of ¢ (z) + zP(z) on z yields

—2¢(2) + P(z) + 29 (2) = D(z) = 0.

Thus (TI“(;LI))/ is decreasing in p, and T|*(11;) is concave in p;. Notice that
¢ (2) + z®(z) approximates to zero when z approximates to —oo. Therefore, it is
found that ¢(z) + z®(z) > 0 and hence (T} (11)) >0, and further T} (u,) is
increasing in p;. Similarly it is found that Tz”“ (u2) is increasing and concave in [;.

Furthermore, since 7/(0)=0 and 7/(w;/p) = ws—;/p, the two curves
intersect at the origin and (i1, u2) = (w1 /p, wa/ p). Finally by noting that w; / p <
wi < 1—30; we conclude that the pairs of (i1, ;o) with which the retailer chooses
dual sourcing are between the two curves 1o = T/ (i1) and w1 = T, (142), and the
two lines u; = 1 — 307 and wy = 1 — 305. O

Finally we study the impact of the variance of yield rate on the retailer’s optimal
sourcing strategy.

Proposition 2.5.4. (a) The retailer is more likely to choose dual sourcing if either
variance of yield rates increases.

(b) The retailer is more likely to source from supplier i if |; increases and/or w;
decreases.

The proof follows from Theorem 2.5.1 by noting that pos_iui¢ (P~

Wi . L A
(W[()-,[@) )) is increasing in o3—;.
Furthermore, by comparing the single or dual sourcing conditions under deter-
ministic demand and normal distributed demand, we find following property.

Proposition 2.5.5. If demand is random and normally distributed, then the retailer
is more likely to choose dual sourcing under deterministic demand than under
random demand.

Proof. If demand D, follows normal distribution with mean pp, and variance o]%z,
then from (2.10) we find that

DisED (Dz —xA_lLI‘?l(x)) o
o141(x)

—X — 1q1(x) + pup,

07q(x) + 062

= pr®
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Thus ¢, (x|1?1, q1, Y,, G») can be obtained as

—X = qi(x) + po, _ ! ( W) )

Vorat) + a3 Pit
Furthermore,
Dy —x — g (x > 7—x— g (x
P01M2E¢>( 2 ~ i )) = P01M2/ ¢ (w) f(2)dz
o141(x) —00 0141(x)
0141(x) —x — (141 (x) + pp,
= poiji2 ¢
02g3(x) + o} 02q3(x) + o}

D

= P01M2M¢ (‘D_l (2)) < poipa¢ (qu (ﬂ)) :
Jeism o\ \p it

Similarly there is

Dy — x — aga(x w
pori Ep | 22 H2g2(x) < poarh (q>1( 1 ))

V03G2(x) Pk

Therefore, by comparing Theorems 2.3.2 and 2.5.1, we conclude that the retailer
will be more likely to choose dual sourcing under the deterministic demand. O

In what follows we propose the optimality analysis of the two-period problem.
For the following analysis, we find it convenient to define ¢(z|a, B%) =

ad (%) — B¢ (%) given « and B. Since M =59 (%), then ¢(z|a, B?)
is an increasing function of z when z > 0.

Notice that if D, < x, then the retailer will order nothing. If inequality
WiWi—i — U3—iWi > DO d3—iP <<I>_' (Ij;j;_’l)) is satisfied, the retailer chooses
single sourcing from supplier i and the optimal ordering quantity ¢ is given by

dy—x

- dz — X d2 — X
P/ " yigi(vi)dy —wi = piiG; ( - ) —(0})gi ( - )
—00 qis q;

LS

dz—x
= p(p( * |Mi7012) — Wi :0’

LS




2.5 A Special Case: Deterministic Demand 69
with d, > x. And the corresponding optimal profit is given by

¢! (%Im,af) — i

Oi

dy — x
pdy — p(d» —x)*G; ( Zq* ) = pdy— p(dy —x)T®

is

Furthermore, if inequalities (2.23) and (2.24) are satisfied, the retailer chooses
dual sourcing and the optimal ordering quantity ¢{,(d> — x) and ¢},(d> — x) are
given by the first order conditions

piiG(dy — x,q1,92) — potqig(da — x,q1,q2) —wi = 0,
pi2G(dy — x.q1.42) — po3G2g(dy — X, q1.q2) — wa = 0.
And the optimal profit is given by

dy—=x=y243(dy—x)

+ +oo q1y(d2—x)
pdy — p(da — x) g1(ydy1g2(y2)dy2
—00 —00

dy — x — p1q7y(dr — x) — pagsy(da — x)

= sz - p(dz — X)+q3
o au(dy — x)? + o3q3y(dy — )2

In fact, according to the following lemma it can be found that
do—x—u1q 1y (dr—x)—u2q54 (dr—x)
Voi @l (dr=0)+03 (43 (dr—))?

) is independent of d, — x when d, — x > 0.

Lemma 2.5.6. When the retailer chooses dual sourcing and d, — x > 0, then

+oo Dy—x—y2454(Da—x)
qF (Dy—x)
9 / / at g1(y1)dy1g2(y2)dy» /3[D2—x] =0.
—00 —00

Proof. The proof is similar to that for Lemma 2.4.2. If the retailer chooses dual
sourcing, the first order conditions can be rewritten as

oo o2 —x—12453(Dy—x)
F1(D2—x)
p/ / e y1g1(y1)dy1g2(y2)dy:, —wy =0,
—00 —00

Dy—=x—y2434(Dy—x)

+o0 x
(Dy—x)
P/ / e y281(y1)dy1g2(y2)dys —wy = 0.
—00 —00
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Taking the derivative of the first order conditions on D, — x yields

Da—x—y2¢53(D2—x)
» / oo 8( 055 (D2—x) ) Dy—x—y2q34(D2—x)
—c0 I(D2—x) qra(Da—x)

Do—x—y2q5,(D2—x)
dy,=0, 2.25
X ( qfd(Dz—x) g2(y2)dy» ( )

Dy—x—y2q54(D2—x)
p/+°° 8( (D) )y .
281
—00 8(D2 - X)

Dy —x — y2q34(Dy — x
X( 2 =% — v243(Ds >)g2(y2)dy2=o. (2226)
qld(D2_x)

Therefore, it is found that
Dy—x—12453(P2—x)

too 22O
3/ / M e (r)dyiga(ya)dys /3[D2—x]
—00 —00

+oo O (Dz—x—yzqﬁkd(Dz—x)) "
_ p/ q1y(D2—x) gl (D2 — X — y2qu(D2 - x)) g2(y2)dy2
- (D7 — x) q1q(D2 = x)

= [474(D2 = X)(+") + ¢54(D> = x)(+)]/ (D2 — x) = 0,

where *! and %2 denote the left side of equalities for (2.25) and (2.26) respectively.
O

Da—x—p1414(D2—x)— 2454 (D2 —x) 2 2
In what follows denote & (\/le(ql*d(Dzx))2+022(11;d(D2X))Z) by W(u1, 07, 2, 05)
which is independent of the difference of demand and inventory but depends on the
other model parameters. W(u 1, 07, it2, 07) indicates the probability that the demand
of the second period is not satisfied when the retailer chooses dual sourcing with the
optimal ordering quantity. There is 0 < W(u1, 07 + t2, 2, 07 + 13) < 1.
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Therefore, the profit-to-go can be shown as

Va(x) = ,, hax OpE{min[dz,x + Yiq1 + Yaqol} — wiq1 — waq2
1=20,92=>

o]

—1 (L 2 .[2 _
pdy — p(dy — x)T® (“0 (1 of++7) ’“), (2.21) true,

= 1 pdr— p(dr — x)TW(11, 07, 12, 03), (2.23) and (2.24) true,
—1( w2 2\ _
pdy — p(dy —x)* @ (%ﬁ"z)‘”) . (2.22) true.

(2.27)

Next we return to the optimization problem of the first period. The discussion
depends on which sourcing strategy the retailer chooses. First the following lemma
is useful, with the proof following from similar procedure to that for Proposition
2.5.3.

Lemma 2.5.7. z¢ (CD_I (%)) is increasing in z.

Next we discuss the cases under different sourcing strategy.

Case I: If inequality of (2.21) is satisfied, then the profit function can be shown as

Mi(q1.92) = E{pdi —wiqi —waqs + Vo(Y1q1 + Y2q2 — d1)}

o= (Sl 0F) —pu

01

=p(di+ds)—wig1—wrg2—p®
x E(di+dr—Y1q1—Y2q2) "

The first order conditions are

o~ (%lm.0?) =

0]

E[Yll{Y|q1+Y2q2§d1 +d2}] —wi1 =0,

g (%Ium?) —

0]

E[Yzl{Y1q|+Y2t]25d1+d2}] —wy =0.
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Similar to Theorem 2.5.1, it is found that the retailer determines whether to choose
single sourcing from supplier 1 or dual sourcing by comparing piw, — w; and

o (%Im,af) —

01

poipa®

%)
p! (mlm ,012)—/41
DI ® (PT

However, inequality of (2.21) and Lemma 2.5.7 allow us to show that

o w
HiW2 — oW1 > POy agh (q> ! (—2))
P2

o (%Im,oz) —

0]

p| ! (2.28)

> poijr®

%)

Diia® (w“ (%IZ: .012)—#1 )

Therefore,the retailer will choose single sourcing from supplier 1 in the first
period if (2.21) is satisfied. Similarly, it is found that the retailer will choose single
sourcing from supplier 2 in the first period if (2.22) is satisfied.

x¢ | !

Case 2: If (2.23) and (2.24) are satisfied, since W (i1, 07, n2,05) < 1, itis found
that

_ w
pO1 2 (43 ! (ﬁ)) > poipa¥ (i1, 07, h2.03)
2

< (0" (v erinen))
PV (i1, 08, o, 03

Similarly, it is concluded that the retailer will choose dual sourcing in the
first period if p;ws—; — ps—jw; is less than po;us—; W(p, 07, o, 03) (7!

Wi ) o i i : ) 2 2

(smwtiray) ) 1 piwser = s s between poijis- W (ur,of  2,.03)
—1 W3—j X . —1 W3—j : :

¢ (<I> —_’—PMS—i\I"(MlleZqMZ,Uzz))> and poipus—i¢p (¢> (—Lme—f))’ the retailer will

choose single sourcing from supplier i .
Finally we summarize the retailer’s optimal sourcing strategy for the optimiza-
tion problem of the first period with deterministic demand.
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Theorem 2.5.8. When the demand is deterministic, the retailer’s optimal sourcing
strategy is to choose

(i) Single sourcing from supplier 1 if

_ w2
Liwz — owy = P01M2‘1’011»012vﬂ2»022)¢ (CD l ( 2 2 ))
P2V (i1, 07, 12, 05)

(ii) Single sourcing from supplier 2 if

_ Wi
pawi — 1wz = poo W1, o7, fa, 05)¢ (CD : ( )) :
! ? iV (pi, 02, ua. 03)

(iii) Dual sourcing from the two suppliers if

_ w
piws — pawy < poy W (i, 07, o, 07)p (CD : ( 22 2 ))’
p/*LZIIJ(/*leo-lsM%O-Z)
and
2 2 -1 w1
Hawy — piwa < poapi W (i, o7, o, 05) (P 5 1]
piW (i, 07, o, 05)

From Theorems 2.5.1 and 2.5.8, it is optimal for the retailer to choose single
sourcing from supplier i in the first period and dual sourcing in the second period if

- W3—;
poi 3 V(1. 07, 2, 03) (CD : ( ))
M : : p3—i V(1. 07, 12, 03)

< WiW3—i — U3—iW; < pO; 3—i¢ (q,—l ( W3—i )) '
PH3—i

or in other words, the retailer will be more likely to choose single sourcing in the first
period, and dual sourcing in the second period. The reason can be attributed to the
fact that in the first period the unsatisfied demand could be backlogged, and hence
the retailer can take more risk. But in the second period, the unsatisfied demand will
be lost. Thus the retailer needs to make the ordering more reliable, i.e., choose dual
sourcing.

2.6 Numerical Examples

In this section, numerical examples are presented to demonstrate the optimal
sourcing strategy and ordering quantity, and their dependences on wholesale price w.
The model parameters are given as follows: p = 3, u; = 0.5, 01 = 0.14, up, = 0.4,
0, = 0.12, and deterministic demand d = 6.
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Fig. 2.2 Optimal ordering quantity in terms of wholesale price

Figure 2.1 identifies regions of wholesale price w; and w, in which the retailer
will choose different sourcing strategies. As Proposition 2.5.2 presented, the retailer
chooses dual sourcing in the region between the two curves 77" (w;) and 75" (w>).

Figure 2.2 shows the dependence of the optimal ordering quantity g on
wholesale price wy. It shows that ¢; is decreasing in wi, while g5 is increasing in
wi. The figure also identifies the regions of w; in which the retailers choose single
sourcing or dual sourcing.
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2.7 Concluding Remarks

This chapter addresses a two-periods inventory control problems faced by a retailer
who is served by two unreliable suppliers. The retailer facing stochastic demand
needs to determine the sourcing strategy, i.e., which supplier to select and further
how much to order. For each period, we identify the conditions under which the
retailer will choose single sourcing or dual sourcing, and find that the supplier
selection process is the trade-off between the ordering cost and the randomicity of
the yield rate. It is further pointed out that more structural results can be found under
the setting of deterministic demand. Specifically, the sourcing threshold, the trade-
off between the ordering cost and parameters of the random yield rate can be in
explicit form. We also complement these results with useful comparative statistics.

Many interesting issues remain to be investigated. For example, the issue of
yield information update can be incorporated into the supplier selection model.
Specifically, the retailer can collect yield information after the first period based on
how many units the retailer orders and actually delivered by the supplier. The more
the ordered units, then the more information about the yield rate of the supplier.
Following the basic normal sampling process structure as in Pratt et al. (1995),
the information collected in the first period can be used to generate a posterior
distribution for estimate of yield rate in the second period. The optimal sourcing
strategy and the ordering quantity need to be computed in the new setting.

In addition, it is interesting to consider the Stackelberg game in which the
suppliers determine the wholesale price and then the retailer choose the sourcing
strategy as well as the ordering quantity. The problem of a single supplier controlling
wholesale price while selling to a newsvendor has been addressed by Lariviere and
Porteus (2001). Babich et al. (2007a,2007b) added a possibility of supplier’s default
to the problem in Lariviere and Porteus (2001) and focussed on the effect of the
supply risk on the performance of the supply chain. In the following chapter we
further generalize the problem by considering a game with more than one supplier.






Chapter 3
Sourcing Strategy of Retailer and Pricing
Strategies of Suppliers

3.1 Introduction

Supply disruption management has received increasing attention from both industry
and academia’. Firms are starting to realize that supply disruption severely affects
their ability to successfully manage their supply chains. The academia has devoted
much research effort to studying this issue. Many papers have been published
that advise firms on how to manage their supply chains in the presence of supply
disruption.

While the literature on supply disruption management is growing, the vast
majority of these studies only investigated strategies of retailers or strategies of
suppliers. Different from the existing literature on supply disruption management,
this chapter investigates not only the sourcing strategies of the retailer but also the
pricing game played between suppliers in a single-retailer and two-supplier supply
chain in the presence of supply disruption. We examine the pricing game under two
scenarios, namely, one between non-cooperative suppliers and the other between
cooperative suppliers. As such, the literature on supply disruption management,
the wholesale price setting problem, and non-cooperative and cooperative games
in supply chains is all relevant to our study.

There is a large body of literature on the broad topic of supply disruption
management. Based on the number of supplier, these studies can be classified
into two categories: singular supplier models and multi supplier models. With
no alternative source available for single-supplier systems, inventory mitigation is
the only disruption management strategy under consideration in singular supplier
models. The focus of singular supplier models is to identify the optimal inventory
policy or the optimal parameters for particular inventory policy when there is supply
disruption risk. In multi supplier models, it is assumed that retailer sources is from

I'The following discussion in this chapter is largely based on the ideas and results presented in Li
et al. (2010).

J. Li et al., Risk Management of Supply and Cash Flows in Supply Chains, 77
International Series in Operations Research & Management Science 165,
DOI 10.1007/978-1-4614-0511-5_3, © Springer Science+Business Media, LLC 2011
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two or more suppliers. The inter-failure time and the repair time are scholastic for
all suppliers. The disruption management strategies include sourcing mitigation,
contingent rerouting, dual sourcing, emergency sourcing, and demand management.
Recent literature dealing with supply disruption management includes, and are not
limited to, Parlar and Perry (1995), Moinzadeh and Aggarwal (1997), Arreola-
Risa and DeCroix (1998), Abboud (2001), Gupta (1996), Parlar (1997), Ozekici
and Parlar (1999), Burke et al. (2004), Li et al. (2004), Lewis et al. (2006),
Ross et al. (2008), Parlar and Perry (1996), Giirler and Parlar (1997), Tomlin (2005,
2006), Yu et al. (2009), and Sarkar and Mohapatra (2009). For the details, one can
refer to Sect. 1.2.4.3 of this book.

The supply disruption papers cited above only investigated the strategies of
retailers under the assumption that suppliers are exogenous. However, suppliers’
responses, e.g., their pricing strategies, are also crucial factors that impact the
supply chain. The wholesale price setting problem has been extensively studied in
the literature. Recent literature includes Lariviere and Porteus (2001), Wang and
Gerchak (2003), Tomlin (2003), Bernstein and DeCroix (2004), and Cachon and
Lariviere (2001), among others. They gave the optimal pricing strategies of the
suppliers under different scenarios. However, most of the above work assumed
perfectly-reliable supply. The price setting problem with unreliable supply has
received much less attention.

We now turn our attention to the literature on game analysis of supply chains.
Game theory can be divided broadly into two approaches, namely, the non-
cooperative and the cooperative approaches (Deng et al. 2005). In the last several
years, it has been recognized that game theory is an effective tool for the analysis
of supply chains with multiple agents. In recent years, there is a wide variety of
research papers that apply non-cooperative game theory to the field of supply chain
management. For the sake of conciseness, we do not provide a comprehensive
review of the literature in this area. For an excellent survey, readers can refer to
Cachon and Netessine (2004). Research employing cooperative game theory to
study supply chain management are much less prevalent, but are becoming more
popular. This trend is probably due to the prevalence of bargaining and negotiation
in supply chain relationships. One can refer to Nagarajan and Sosi¢ (2008) for a
detailed survey of the existing literature on applications of cooperative games to
supply chain management.

Motivated by the above observations, this chapter is set out to study a supply
chain consisting of one retailer and two suppliers and consider the price setting
problem in the presence of supply disruption. In this chapter we investigate both
a centralized supply chain, and a decentralized supply chain. Furthermore, we
consider two scenarios for the decentralized supply chain, i.e., the two suppliers
are competitive and cooperative. We seek to find the optimal order quantities and
the optimal wholesale prices in both the scenarios. Babich (2006) and Babich et al.
(2007a, 2007b) developed similar models to investigate supplier pricing decisions
with supply disruption. Babich (2006) investigated how the supplier default risk
and default co-dependence affect the procurement and production decisions of the
manufacturer, supplier pricing decisions, and the value of the supplier’s option
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to postpone its pricing decisions. Babich et al. (2007a, 2007b) examined the
effects of co-dependence among supplier defaults on the performance of firms and
the consequences of the suppliers offering different payment policies. The main
difference between their papers and our study is about the treatment of unfilled
demand due to supply disruption. In this chapter, the unfilled demand is filled from a
spot market rather than it is lost. This is always true because the demand can be filled
by emergency sourcing or global sourcing, which is a common business practice
with advances in transportation and information technology. The incorporation of
the spot market in the model alters supplier competition. Moreover, we consider
a situation in which the suppliers are cooperative. The study of the pricing
decisions of cooperative suppliers in this setting is not far-fetched. Firstly, examples
of real-world supplier alliances in supply chains abound. For example, Greene
(2002) presented several instances of alliances between component manufacturers
in the semiconductor industry. Secondly, retailers encourage cooperation between
suppliers in hopes of converting difficult suppliers into supportive suppliers through
cooperation, which provides opportunities for the sharing of good practices and
experiences between suppliers. The pricing decisions of cooperative suppliers are
of interest to our study.

We intend to contribute to the knowledge in this area by addressing two
key questions: How does the supply disruption affect the suppliers’ pricing and
the retailer’s ordering behaviours? How shall we coordinate the behaviours of
cooperative suppliers in the presence of supply disruption? This chapter provides
valuable managerial guidance for retailers to allocate their orders between different
suppliers and for suppliers to price their supplies when facing supply disruption.
Specially, we make four main contributions:

1. We show the existence of an equilibrium price in the competitive scenario for
two typical customer demand distributions, namely, the uniform distribution and
the exponential distribution.

2. Based on the uniform demand distribution, we obtain an explicit form of the
unique equilibrium price.

3. We investigate the impacts of supply disruption on the retailer’s sourcing
strategy and the suppliers’ pricing strategy by both theoretical and computational
analyses.

4. We devise a coordination mechanism to maximize the profits of cooperative
suppliers.

The rest of this chapter is organized as follows. The problem under consideration
is introduced and formulated in Sect.3.2. Section 3.3 analyzes a benchmark
scenario in which the whole channel (i.e., the supply chain) is centrally controlled.
Section 3.4 investigates a decentralized supply chain under two scenarios, one with
non-cooperative suppliers and the other with cooperative suppliers. In Sect. 3.5
numerical results are presented to illustrate the theoretical results. Conclusions and
suggestions for future research are given in Sect. 3.6. All the proofs of the theoretical
results are given in the Appendix.
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3.2 The Problem

In this chapter we study a supply chain consisting of one retailer and two suppliers
with unreliable supply. All three firms are assumed to be risk neutral and pursue
expected profit maximization. In addition, we assume that there is a spot market as
a contingent supplier that is perfectly reliable.

The retailer buys a short-life product from the two suppliers and from the
spot market, and sells the product to its customers in a single selling season. The
uncertain source of supply is a state of the suppliers, which are subject to random
failures. If a supplier is in the success state, the orders placed with it will be delivered
on time. However, if a supplier is in the failure state, no orders can be supplied.
We assume that there are two types of failure: common-cause and supplier-specific
failures. A common-cause failure affects both suppliers. For example, an earthquake
may affect all the suppliers in a region. A supplier may still fail for some supplier-
specific reason even if there is no common-cause failure. For example, equipment
failure might affect one supplier but not the other supplier. We assume that supplier
2 is affected only by the common-cause failure but supplier 1 is affected by both
types of failure. First, supplier 1 and supplier 2 decide their individual wholesale
prices. Then the retailer allocates its orders between the two suppliers before the
states of the suppliers are realized. After the states have been realized, the retailer
has a chance to make an emergency order from the spot market. We assume that the
replenishment rate is infinite and the lead time is zero.

The following notation is used in the model:

i = 1,2, 3 stands for supplier 1, supplier 2 and the spot market, respectively.

is the goodwill cost of a unit of unmet demand.

is the delivery cost of a unit of the product of supplier i, i = 1, 2.

is the positive stochastic customer demand.

is the positive probability density function of D.

is the differentiable and strictly increasing cumulative distribution function

of D.

is the fixed selling price of a unit of the product.

Q; is the order quantity placed with supplieri,i = 1, 2.

Q5 is the inventory level after making an emergency order from the spot market.

s 1is the salvage value of a unit of the residual product.

w; is the wholesale price of a unit of the product offered by supplier i, i = 1, 2.

w3 is the fixed wholesale price of a unit of the product offered by the spot market.

is the probability of a common-cause failure not occurring, where 0 < o < 1.

is the probability that supplier 1 does not fail conditional on a common-cause

failure not occurring, where 0 < 8 < 1.

y s the total proportion of the marginal delivery cost in the event of a failure,
where 0 < y < 1.

n  is the proportion of the cost incurred by the supplier who fails in the event of a
failure, where 0 < n < 1.
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Among the above variables, wi, w2, Q1, Q», and Q3 are decision variables and the
others are exogenous variables, which are known to all the members of the supply
chain. In this chapter the revenues of supplier 1, supplier 2, and the retailer are our
focus. We do not care about the revenue of the spot market and have no regard for
its delivery cost. The spot market is not a decision-maker in the supply chain.

It should be noted that a marginal cost y¢; is incurred in the event of a failure. We
expect that the failing supplier and the retailer assume this cost jointly. The marginal
cost assumed by the failing supplier is nyc; and the marginal cost assumed by the
retailer is (1 — n)yc;. This cost structure is different from that used in most of the
literature in which only the retailer assumes the cost in the event of a failure. But this
is not always true. In fact, before supply failures are realized, both the retailer and
the suppliers usually have incurred some costs, which may include fixed set-up costs
and variable costs. For simplicity of analysis, we assume that all the setup costs are
zero and all the variable costs in the event of a supply failure are proportional to the
delivery cost and to the order quantity.

Based on the reliability of the suppliers, it is reasonable to assume that
c1 < ¢ < ws. In addition, we assume that 0 < s < ¢; < ¢ < w3 < p. These
inequalities ensure that each firm makes a positive profit and the chain will not
produce infinite quantities of the product.

In the following section we consider a centralized system in which all the
decisions are centralized to maximize the performance of the entire supply chain
(including the retailer, supplier 1, and supplier 2). We give the conditions for
both suppliers being placed with positive orders and the corresponding optimal
order quantities. The centralized system solution serves as a benchmark for the
decentralized setting. Then we consider a decentralized supply chain under two
different scenarios in which the suppliers are competitive or cooperative. For the
two decentralized problems, information on each player’s demand function, cost
structure, and decision rules is common knowledge to all the parties concerned.
The decentralized supply chain with competitive suppliers, in which the players act
independently and make decisions that maximize their individual profits, can be
viewed as two static nested games. The first is a static non-cooperative game be-
tween supplier 1 and supplier 2. They choose their wholesale prices simultaneously
and do not collude. The second is a Stackelberg game, which is nested within the
static non-cooperative game. In the Stackelberg game, the leaders (supplier 1 and
supplier 2) select the wholesale prices, and the followers (the retailer facing random
yields) respond by selecting their order quantities. For the decentralized supply
chain with competitive suppliers, we give the equilibrium wholesale price of the
two suppliers and the optimal order quantities of the retailer. Finally we investigate
the decentralized supply chain with cooperative suppliers in which supplier 1
and supplier 2 choose their individual wholesale prices to maximize their total
profits. To ensure stability and robustness of the cooperation, the Nash bargaining
game in cooperative game theory is used to divide the profit pie created through
cooperation.
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3.3 The Centralized Supply Chain

It is obvious that the supply chain will perform best if the channel is centrally
controlled. Since the wholesale price is only used to divide the profit between
the retailer and the suppliers, w; and w, are no longer decision variables in the
centralized supply chain. The decision variables are only Q, O, and Q3. We seek
to determine the channel’s optimal order allocation decisions when there is supply
uncertainty for a seasonal product. The sequence of events in the centralized supply
chain is as follows:

1. Orders are placed with supplier 1 and supplier 2, respectively, in anticipation of
supply disruption and demand (Stage 1).

2. An emergency order is placed with the spot market after a supply disruption has
occurred but before demand occurs (Stage 2).

3. When the selling season arrives, the product is sold at a fixed price in the market.
Any unmet demand incurs a goodwill cost to the whole channel. After the selling
season, the residual product will be salvaged (Stage 3).

Denote z and Qs as the inventory level of the supply chain before and after
the emergency order is placed, respectively. Let ~.(Q3¢|z) be the channel’s random
profit in stage 2, i.e., the random profit after the emergency order Q3. — z is placed
(hereafter the subscript ‘c’ stands for the centralized supply chain and the superscript
<" stands for stage 2). We have

"C(Q3C|Z) = p(Q3c/\ D)_W3(Q3C_Z)+ +S(Q30_ D)+ _b(D_ Q3c)+- (3.1

_ Then we can deduce the channel’s expected profit in stage 2, enoted as
I1.(Q3c|z), which is given by

l:IC(Q3C|Z)
@b w) Qs (p b= 9) 7 FOdx +wsz—DEIX]. Qs >z
(p+b)z—(p+b—s) [y Flx)dx — bE[X], Q3 =2,

(3.2)

where E[X] is the mean of the random demand D.

The channel’s order problem in stage 2 is to choose the emergency order quantity
03 — z to maximize its expected profit for any given initial inventory level z. This
is the classical newsvendor problem. By using the first- and second-order optimality
conditions, we can obtain that the order-up-to-level (OUL) policy is optimal for the

. A _ —1 ( ptb—w
channel and the threshold value of the inventory level is Q3. = F ( ’ +b_s3) .
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Hence, the optimal inventory level after the retailer placing an emergency order is
as follows:

0% = 0 V2 (3.3)

Then the maximum expected revenue of the channel in stage 2 for any given
initial inventory level z is deduced as follows:

17 (2)

(p+b—w)Os— (p+b—s5) [ F(x)dx + wsz = bE[X], z < O,

(p+b)z—(p+b—s) [i F(x)dx — bE[X], z> Os..
(3.4)

It is obvious that the overall probability of supplier 1 not failing is «f and the
overall probability of supplier 2 not failing is «. Hence the channel’s expected profit
in stage 1 after the retailer placing orders with supplier 1 and supplier 2, denoted as
I1.(Q1c, Ox), is given by (hereafter the superscript * stands for stage 1)

IT(Qie. Q2c) = B [T1X(Q1c + Q) — €1 Q1c — €20
+a(l = B) [IT1¥(Q2) — ye1Q1c — 20xc]
+ (1 =) [IIX(0) — ye1 Q1c — Y2 OQac] - (3.5)

The channel’s order problem in stage 1 is to choose order quantities Q. and
0> to maximize its expected profit. We have the following conclusions about the
optimal sourcing strategy of the centralized supply chain.

Theorem 3.3.1. After a supply disruption has occurred, the optimal ordering
strategy of the centralized supply chain from the spot market is the OUL policy and

the threshold value of the inventory level is Q3. = F~! (%) . The optimal

sourcing strategies from supplier 1 and supplier 2 are as follows:

1. IfaB(ws —c1 + yc1) —yer < 0and a(ws — ¢y + yca2) — yea < 0, both supplier
1 and supplier 2 are placed with zero order quantity and the centralized supply
chain only sources from the spot market. The emergency order quantity is Q3C.

2. IfaB(ws —c1 + ye1) —yer < 0and a(ws — ¢ + yca) — yea > 0, the optimal
quantity ordered from supplier 1 is zero and the optimal quantity ordered from

j i - +b—cr+ycy)—
supplier 2 is F~! (W)'

3.If0 < af(ws —c1 + ye1) — yer < Bla(ws — ¢y + yea) — yeal, the optimal
quantity ordered from supplier 1 is zero and the optimal quantity ordered from

: i ol (2ptb—catya)—ye
supplier 2 is F ( «(pFb—s) )

4. If0 < Bla(ws —ca +ye2) —yer] <af(ws —cr +yc) —yer Sa(ws —c +
ycp) — YCa, both supplier 1 and supplier 2 are selected to be placed with positive
orders, which are given by
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« _ et (@B(p+b—ci+ye) =y

o= ()
g (Ot(p tb—atya)—yo—(@Bp+b—c+ye)— VCI))
a(l=B)p+b—ys) ’

(3.6)

0% = F-! (05(17 +b—cr+yc)—yer—(@f(p+b—ci+yc)— )/01))
a a(l=B)(p+b—ys) '
(3.7

5. IfaB(ws —c1 + ye1) —yer = 0and af(ws — ¢y + yer) —yer > a(ws — ¢z +
yc2) — Y2, the optimal quantity ordered from supplier 2 is zero and the optimal

af(ptb—ci+yci)—yci
af(p+b—s) .

quantity ordered from supplier 1 is F~ (

We obtain the conditions for both suppliers being placed with positive order
quantities as the following corollary.

Corollary 3.3.2. In the centralized supply chain, both suppliers are placed with
positive order quantities if and only if the following conditions hold:

Cl:aB(ws —cp + yc1) —yer =0
C2:a(ws —cy+ ycr) —yeas = af(ws — ¢y + ye1) — yei
C3:af(ws —cp 4+ yec1) —yer = B (a(ws — ¢ + yea) — yea)

For the centralized supply chain, it is possible that both supplier 1 and supplier
2 are not selected, i.e., the channel only sources from the spot market if (w3 —
c1+ycr) —yer < 0and a(ws —cy + ye2) — yea < 0. However, if QF. + Q% > 0,
then O}, + 0. > Q;‘C, i.e., the total order quantity always exceeds the threshold
value QA;‘C if any supplier is placed with a positive order quantity. This indicates that
once the channel selects one supplier or two suppliers, it prefers the supplier(s) to
the spot market.

From Theorem 3.3.1, we see that the sourcing strategy of the retailer in the
centralized supply chain is affected mainly by two key factors, i.e., af (w3 — ¢ +
yc1) — yep and a(ws — ¢ + yca) — yca. These two factors can be regarded as
the competitiveness of the two suppliers in the centralized supply chain. The larger
the value of a factor is, the more powerful is the corresponding supplier, i.e., a
higher probability that the supplier will be placed with a positive order quantity.
Furthermore, the other factors that affect supplier competitiveness include the fixed
wholesale price of the spot market, the delivery cost of a unit of the product of
the supplier, the probability of delivering orders on time, and the total proportion
of the marginal delivery cost in the event of a failure. The supplier can improve
his competitiveness by decreasing the delivery cost or improving the probability of
delivering orders on time. However, stable delivery usually increases the marginal
delivery cost. Thus, a trade-off exists between the probability of on-time delivery
and the marginal cost of delivery.
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3.4 The Decentralized Supply Chain

Consider the decentralized supply chain in which the firms make their decisions in-
dependently. The sequence of events in the decentralized supply chain is as follows:

1. The suppliers decide their individual wholesale prices either without cooperation
or with cooperation (Stage 0).

2. The retailer places orders of Q units and Q> units with supplier 1 and supplier 2,
respectively, in anticipation of supply disruption and demand (Stage 1).

3. The retailer makes an emergency order from the spot market after a supply
disruption has occurred but before demand occurs (Stage 2).

4. When the selling season arrives, the retailer sells the product at a fixed price in
the market. Any unmet demand incurs a goodwill cost to the retailer. After the
selling season, the residual product will be salvaged (Stage 3).

As mentioned in Sect. 3.2, the situation with competitive suppliers can be viewed
as two static nested games. In the following we investigate the response function
of the retailer for any given wholesale price. Then based on the optimal response
function, we derive the optimal wholesale price decisions for the suppliers without
cooperation. A sufficient condition for the existence of an equilibrium is provided.
Finally we devise a coordination mechanism to maximize the profits of both
suppliers when they are cooperative.

3.4.1 The Optimal Strategy of the Retailer

This section aims to determine the retailer’s optimal order allocation decisions to
maximize its expected profit in stage 1 for any given wholesale price when the
supply chain is decentralized.

It is straightforward to deduce that the retailer adopts the same optimal strategies
as those in the centralized channel in stage 2 after a supply disruption has occurred.
Both of them apply the OUL policy with the same threshold Q3d = Q3C =

F! (%) (hereafter the subscript ‘d’ stands for the decentralized supply
chain). Hence the maximum expected profit of the retailer in stage 2, denoted by
H;"(z) is also the same as the maximum expected profit of the centralized supply
chain in stage 2 with the same initial inventory level z defined by (3.4).

Denote I1,(Q;, Q,) as the retailer’s expected profit in stage 1 for given

wholesale prices w; and w,, which is given by

I1,(Q1, 02) = aB[ITF(Q1 + 02) — w1 Q1 — w205
+a(l = B)[I17(Q2) — (1 = mye1 Q1 — w2 0]
+ (=) [TTF0) = (1 —=n)yc1 Q1 — (1 —yc2Q2] . (3.8)

Derivation of the retailer’s optimal strategy is similar to that of the centralized
supply chain. We only state the main conclusions in the following theorem.
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Theorem 3.4.1. After a supply disruption has occurred, the optimal order strategy
of the retailer from the spot market is the OUL policy and the threshold value of
p+b—w

=
supplier I and supplier 2 of the retailer are given as follows:

the inventory level is Q3d =F! ( ) . The optimal sourcing strategies from

L Ifepws —wi + (1 —nyc)) — (1 —nycr <0anda(ws —wr + (1 —n)yca) —
(1 = n)ycy < 0, then both supplier 1 and supplier 2 are placed with zero order
quantity and the retailer only sources from the spot market. The emergency order
quantity is Qsq.

2. ffapws —wi+ (I =n)yc) = (1 —nyc <0anda(ws —wr + (1 —n)yc) —
(1 =n)ycy > 0, then the optimal quantity ordered from supplier 1 is zero and the

a(p+b—wr+(1=n)ycr)=(1=n)ycs
a(p+b—s) '

3f 0 < af(ws —wi + (1 —nyc)) = (A =nyer < Bla(ws —wa + (1 =n)ycz) —
(1 — n)yca], then the optimal quantity ordered from supplier 1 is zero and the

a(ptb—wr+(—nyc))—(1=nyc>
a(p+b—s) '

4. If 0 < Bla(ws —wo + (1 —=yc2) = (1 = nyea] < af(ws—wi+(1—n)yc1)—
(1=n)yc: <aws—wr+ (1—=n)yc2) — (1 —n)yca, both supplier 1 and supplier
2 are selected to be placed with positive order quantities, which are given by

optimal quantity ordered from supplier 2 is F~! (

optimal quantity ordered from supplier 2 is F ™' (

0% = F! (aﬂ(p+b—W1 + A —nye) —( —n)ycl)
“ oB(p +b—9)
_p-1 (a(l —B)(p +b) —aws +afwi — (1 —)(1 = n)yer + (1 —af)(1 — n)m)
a(l=B)(p+b—s) ’

(3.9)

and

0% =F~! (“(1 =B (p+b) —aws +afwi = (A —a)(I =nyes + A —af)(1 = nyc )

a(l=pB)(p+b—y)
(3.10)

5. fap(ws —wi + (1 —n)yc)) — (1 —=nycr = 0and af(ws —wi + (1 —=n)yci) —
(1 =n)yc: > a(ws —wy + (1 — n)yca) — (1 — n)yca, then the optimal quantity
ordered from supplier 2 is zero and the optimal quantity ordered from supplier 1

o =1 [ eB(ptb—wi+(1=n)yc)=(=nyci
is F ( oB(pFb—s) )

Similar to the conclusions reached for the centralized supply chain, we have the
following conditions for both suppliers being placed with positive order quantities.

Corollary 3.4.2. In the decentralized supply chain, both suppliers are placed with
positive order quantities if and only if the following conditions hold:

C4:af(ws —wi + (1 =nyc)) = (1 —=n)yc =0

CS:aws—wr+(1=n)ycr)—(1=n)ycs = af(ws—wi +(1=n)ye))—(1—=n)yc
C6: af(ws—wi+(1—n)yc1)—(1=n)ycr = Bla(ws—wr +(1—n)yc2)—(1—n)yca]
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For the decentralized supply chain, we also find that the sourcing strategy of the
retailer is affected mainly by two key factors, i.e., f(ws — w; + (1 — n)ycy) —
(1 — n)ycy and a(ws — wa + (1 — n)yca) — (1 — n)yca. These two factors can
be regarded as the competitiveness of the two suppliers in the decentralized supply
chain. The larger the value of a factor is, the more powerful is the corresponding
supplier. Furthermore, the other factors that affect supplier competitiveness include
the wholesale price offered by the supplier and the proportion of the cost incurred by
the supplier in addition to all the factors in the centralized supply chain. The supplier
in the centralized supply chain can improve the competitiveness by decreasing
his wholesale price in addition to decreasing the delivery cost or improving the
probability of delivering orders on time. However, there is a trade-off between the
order quantity and the wholesale price.

3.4.2 The Optimal Strategies of Competitive Suppliers

In this section supplier 1 and supplier 2 are assumed to be competitive, i.e., supplier
1 and supplier 2 set their individual wholesale prices simultaneously to maximize
their respective expected profits before the retailer places its orders and the suppliers
do not collude. As mentioned in Sect. 3.2, this is a static non-cooperative game
between supplier 1 and supplier 2. We first derive the feasible strategy space
of both suppliers. Then we derive a sufficient condition for the existence of an
equilibrium price strategy in this game. Based on the assumption of a uniform
demand distribution, we further obtain an explicit form of the equilibrium strategy.

We have obtained the conditions in Corollary 3.4.2 in which both supplier are
placed with positive order quantities. Based on these conditions in Corollary 3.4.2,
we obtain the feasible strategy spaces of both suppliers to make a positive expected
profit and the conditions for the existence of the spaces as follows:

Theorem 3.4.3. If f(a—ay +y)c, > (af —afy +y)c1, then the feasible strategy
space of supplier 1 is [aﬂ_aig”Hy cl, ot—02/+y ¢y — UZeBUZDY 01 When supplier 1
sets its wholesale price in the interval, it will obtain a positive profit. Similarly, if
aw; — (@ —ay + y)c; > afws — (@ — aBy + y)c1, then the feasible strategy
space of supplier 2 is [D‘_a’;ﬂcz, (1—B)yws — (l_a)g_”)ycz + aﬂ_af”+y c1]. When

supplier 2 sets its wholesale price in the interval, it will obtain a positive profit.

Note the two conditions in Theorem 3.4.3 are C2 and C3 in Corollary 3.3.2.
This means that if both suppliers are placed with positive order quantities in
the centralized supply chain, then there exist feasible strategy spaces for the two
competitive suppliers to obtain a positive profit in the decentralized supply chain.
Hence, we have the following results.

Proposition 3.4.4. The two competitive suppliers can obtain a positive expected
profit in the decentralized supply chain if both of them are placed with positive
order quantities in the centralized supply chain.
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From Theorem 3.4.3, we obtain the feasible strategy spaces for both suppliers.
Consequently, we discuss the existence of an equilibrium solution for the game. For
any wholesale price, supplier 1 and supplier 2 can correctly anticipate the retailer’s
demand curves, i.e., Q(w;,wy) and Q»(w;,wy), which are given by (3.9) and
(3.10). Hence, the suppliers face the inverse demand curves

(1-ap)(i =)y

o L 311

wi(Q1,0) =p+b—(p+b—s)F(Q1+ Q2) —
and

wi(02,00)=p+b—B(p+b—5)F(Q1+ 02)— (1 —=B)p+b—5)F(Q2)

(- —ny
o z

(3.12)

Because F(x) is continuous and strictly increasing, it is easy to verify that the
corresponding feasible spaces for Q| and Q) are also closed intervals if the feasible
spaces for w; and w; are closed intervals. Moreover, the revenue functions are
equivalent to

I, (Q1, Q2) = [@fpwi(Q1, Q2) — (@B —aBny + ny)ca1] 01
= [aB(p+b)—aB(p+b—s)F(Q1+ Q)
—(ap —aBy + y)c1] Q1. (3.13)

and

II,(Q2, O1) = [awa2(Q2, Q1) — (@ —ayn + yn)c2] Q2
= [a(p+D)—af(p+b—s5)F(Q1+ Q)
—a(1=B)(p+b—$)F(Q2) — (@ —ay + )] Qs (3.14)

The problems of supplier 1 and supplier 2 are equivalent for setting quantities Q
and @, to maximize Il (Q1, Q») and I, (Q,, Q) simultaneously. Maximizing
I, (Q1, O2) and I1,(Q2, Q) are straightforward if they are unimodal. However
the objective functions I, (Q1, Q») and I, (Q2, Q1) are dependent on the demand
distribution. It should be noted that not all demand distributions result in a unimodal
objective function. In the following, we derive a sufficient and less restrictive
condition to ensure the objective functions are unimodal.
Define a new function g(Q,|Q1, B) as follows:

Qof(p+b=9f(Q2+ Q)+ U= B)p+b—19)f(Q))]
Blp+b—(p+b=5)F(Q:+ Q)+ 1 =P)lp+b—(p+b—5)F(Q)]

(3.15)

2(0,101, )2

We have the following conclusions about the objective functions.
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Lemma 3.4.5. Suppose F(x) has a support [a,b). If g(Q2|01,p) is weakly
increasing for Q», then supplier 2’s revenue function is unimodal for Q, €
[0, +00). Moreover, supplier 1’s revenue function I, (Q1, Q2) is also unimodal
for O € [0, +00).

As pointed out in the above analysis, the strategy space for each supplier’s
decision is a closed interval; hence, it is a nonempty compact convex set of the
Eculidean space. Along with the results in Lemma 3.4.5, we have the following
theorem about the existence of a Nash equilibrium of this game.

Theorem 3.4.6. If g(0,| 01, B) is weakly increasing for Q», then a pure strategy
Nash equilibrium exists.

In the proof of Lemma 3.4.5, a new function g(Q,|Q1, B) was defined. If s = 0,
0, =0and B = 1, g(0Q2|01, B) is the so-called generalized failure rate was
defined by Lariviere and Porteus (2001). They proved that if the demand follows an
increasing generalized failure rate (/ GFR), the objective is unimodal. They also
pointed out that most demand distributions follow an IGFR. In this chapter we
obtain a similar condition, i.e., g(Q2|Q1, B) is weakly increasing. It should be noted
that it is difficult to verify that all the demand distributions meet this condition.
Fortunately, it is straightforward to verify that both the uniform and exponential
distributions possess this important property.

Corollary 3.4.7. If the demand follows a uniform distribution or an exponential
distribution, then a pure strategy Nash equilibrium exists.

Our analysis so far has not imposed any restrictions on the demand distribution.
Further analysis (e.g., the uniqueness of the equilibrium and the explicit expression
of the equilibrium) for a general demand distribution is difficult. In order to gain
further insights, we assume that the demand D is uniformly distributed in some
interval, which without loss of generality can be taken as the interval [0, 1]. Here the
game between supplier 1 and supplier 2 is a non-cooperative static game. We have
the following theorem.

Theorem 3.4.8. Assuming that the demand D is uniformly distributed in the
interval [0, 1]. If B(a —ay +y)ca > (@B —afy +y)c; and aws — (. —ay +y)ca >
afws — (af — afy + y)c1, then the unique Nash equilibrium strategy of the game
between the suppliers is given by:

Wit wa1),  wi < wy AWy and wap < Wy \ Wa,

(W12, w23), Wi = wip > Wy and wyz < Wy /\ Wa,

wi,,w3,) = (3.16)

(W13, w22), wiz < Wi AW and Wy > wxn > Wy,
(W13, w23), Wi > wiz > Wy and Wy > waz > Wy,
(All the variables appearing in this theorem are defined in the proof. Hereafter

the subscript ‘n’ stands for the decentralized supply chain with non-cooperation
suppliers.)
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3.4.3 The Optimal Strategies of Cooperative Suppliers

In this section, supplier 1 and supplier 2 are assumed to be cooperative, i.e., the
two suppliers set their individual wholesale prices in order to maximize their total
expected profits before the retailer places its orders. Obviously, a necessary precon-
dition for their cooperation is that none of them is intended to set its wholesale price
low enough to monopolize the market. It seems that the wholesale prices of both
suppliers are set by one decision-maker to ensure both suppliers are placed with non-
negative order quantities and to maximize the total profit of the two suppliers. We
first derive the optimal wholesale price of the two cooperative suppliers. Then we
discuss how to divide the profit and how to pool the cost between the two suppliers
to execute the cooperative wholesale price successfully. Finally, we discuss the
coordination of the whole channel.

From the analysis in Sect. 3.4.1, if and only if the conditions in Corollary 3.4.2
hold, both suppliers will be placed with positive order quantities, which are given
by (3.9) and (3.10). Then the total revenue function of the two suppliers is given by

Mac(wi, wa) = [@pwi — (af —afny +ny)a] Q1 + [aw, — (@ —ayn + yn)ea] Qa.
(3.17)
(Hereafter the subscript ‘dc’ stands for the decentralized supply chain with cooper-

ative suppliers).
The problem of cooperative suppliers is as follows:

max ITgc(wi, wa)

1-— 1—
s.t. 0 <w <ws— (1 —ap)( 77))/6‘1;

ap
e = Wi 4 (I-ap)d—nyc  (A-a)d - 77)7/62;
af o
(I-a)d—nycz afws—wi)—1—apf)(d—nyc
Wy < w3 — Ot — » .

(3.18)

It is easy to verify that the Hessian matrix of ITgc(w;, w,) is negative definite.
Hence, IT4.(w;,w;) is jointly concave with respect to w; and w,. Moreover, the
feasible spaces for w; and w, are convex. Problem (3.18) is a convex quadratic
programming problem, which can be solved by some popular mathematical software
such as MatLab or Mathematica.

It is obvious that if supplier 1 and supplier 2 are cooperative, they can obtain
more total expected revenue than that under the non-cooperative scenario. How
to divide the profit pie created through cooperation is crucial for stability and
robustness of the cooperation. The Nash bargaining game in cooperative game
theory can be used to ascertain the allocation ratio of the expected profit pie to
ensure that both suppliers earn a rational expected revenue. It should be noted that
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the bargaining solution of the game is not a randomized outcome. However, all
the revenues of the suppliers are random. Thus, only to ascertain the allocation
ratio of the expected profit pie is not enough to guarantee supplier cooperation. An
effective way to allocate the randomized revenue should be developed to the effect
that the total expected profit can be allocated according to the bargaining solution.
In the following we primarily focus on two issues, i.e., allocation of the expected
revenue and allocation of the randomized revenue.

We start by building a basic bargaining model initiated by Nash (1951). Recall
that the Nash bargaining game requires us to identify a feasible set of payoffs F
and a disagreement point ¢ that are pre-determined and are independent of the
negotiations. To do so, let us first suppose that the two suppliers negotiate on
individual expected revenues denoted by (I1qcs, , [Tdcs,). Obviously, this negotiation
is conducted over the sharing of some fixed profit pie. Denote the optimal value
of Problem (3.18), i.e., the pie to be allocated between the two suppliers, as IT}..
Thus, the feasible set of the bargaining is F' = (ITqcs, , dcs, [Tl des, + Macs, = I13,).
Furthermore, according to the rule of negotiation, the disagreement point is defined
as the two suppliers’ equilibrium expected revenues under the non-cooperative
scenario, i.e., d = (I1}, I1},). Hence, the Nash bargaining solution between the
two suppliers is obtained by solving the following optimization problem:

ar max Mes, — 7)) (Mges, — I135). 3.19
g (Hdcsl qndcsl)EFq(Hdcsl ,Hdcsz)zd( des 51)( des2 52) ( )

It is straightforward to obtain the solution of Problem (3.19) as follows:

Tt M3 oM M) o

(H;CSN H;CSQ) = ( - 2 ’ 2

Since all revenue uncertainty is due to random demand falls on the retailer, the
uncertainty of the suppliers’ revenues is caused only by their reliability. Supplier 1
and 2 can allocate the randomized profit according to ratios 61, 8,, and 65 as follows:

1. If both suppliers are in the success state, the total profit of themis (w; —c;) Q1 +
(w2 — ¢2) Q. The profits of supplier 1 and 2 are 6,[(w; —c1) Q1 + (w2 — ¢2) Q5]
and (1 — 6))[(w; —c1) 01 + (Wa — ¢2) O3], respectively. The probability of this
case occurring is of3.

2. If supplier 1 is in the failure state and supplier 2 is in the success state, the total
profit of them is (wy — ¢2) Q2 — nyc1 Q1. The profits of supplier 1 and 2 are
02[(wa — c2) Q2 — nyc1Q1] and (1 — 6,)[(w2 — ¢2) Q2 — nyc1 O], respectively.
The probability of this case occurring is (1 — ).

3. If both suppliers are in the failure state, the total profit of them is —ny(c; Q1 +
¢2Q»). The profits of supplier 1 and 2 are 83[—ny(c1 Q1 + ¢20Q2)] and (1 — 63)
[-ny(c1 01 + ¢2057)], respectively. The probability of this case occurring is
1 —oa.
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Obviously, the expected profit of supplier 1 can be written equivalently as

I, (61,62,03) = afOi[(wi —c1) Q1+ (w2 —2) Q2] — (1 = )3y (c1 Q1 + 202)
+a(l = B)6x[(wa — c2) Q2 — nyc1 Q1]

Similarly, the expected profit of supplier 2 can be written as

T, (01, 62, 03) = aB(1 — O01)[(w1 —c1) Q1 + (w2 — ¢2) Q1]
—(1=a)(1=603)ny(c101 + c202)
+a(l—=B)A —=0)[(w2 —2) Q2 — nyci101].

To obtain the bargaining solution, supplier 1 and 2 can negotiate parameters 6}, 6,
and 603, which are subject to the following equations:

I, (01, 6,,05) = H:csl ’
Hsz(elv 0h,03) = I3

dcsy *

(3.21)

Equation (3.21) is a system of 2 linear equations in 3 unknowns. This system
of linear equations has infinitely many solutions. Supplier 1 and 2 can select a
combination of (61, 6>, 83) subject to (3.21) to allocate their randomized profits.

In sum, the cooperative suppliers can obtain more profits by the following
mechanism:

1. Supplier 1 and 2 decide their individual wholesale prices with cooperation to
maximize their total expected profits.

2. Adopt the Nash bargaining framework to examine the expected total profit
allocations.

3. All the parameters (0;, 0, 63) subject to (3.21) are negotiated to allocate their
randomized profits.

We now turn our attention to coordination of the whole channel. Note that
the retailer in the decentralized supply chain adopts the same OUL policy as the
centralized channel after a supply disruption has occurred. Thus, the whole channel
is coordinated if and only if the retailer in the decentralized system chooses the same
inventory vector as in the centralized system. Letting O}, = Q7. and Q5 = 07,
we have

W (afp —afy +y)— (1 —apf)(1 — ny.
lc — aﬂ

. (3.22)

Wi = (@—ay +y) —a(l —od -y (3.23)
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Hence, the maximum expected revenue of the whole supply chain can be achieved
if the corresponding wholesale prices are identical to (3.22) and (3.23). However,
even if the corresponding wholesale prices are identical to (3.22) and (3.23), it is
difficult to achieve full coordination only by the wholesale prices. The reason is
that, it is difficult to allocate the total revenue only by the wholesale prices between
the retailer and the suppliers since the revenue of the retailer is stochastic due to the
random demand.

3.5 Numerical Examples

In this section we present numerical examples to illustrate the theoretical results and
explore the differences between the centralized supply chain and the decentralized
supply chain. We studied all 36 problems created by all possible combinations
of the following parameters: w3 = {16}; ¢; = {10.5}; co = {12}; p = {18};
b ={5s = {3}; y ={0.2,03,04}; n = {0.2,0.5,0.8}; « = {0.7,0.9}; and
B = {0.7,0.9}. y = {0.2,0.3,0.4} denotes that the marginal delivering cost in
the event of a failure is low, moderate, and high, respectively. The meanings of
n = {0.2,0.5,0.8} are similar. « = {0.7,0.9} denotes a low and high probability of
a common-cause failure not occurring, respectively. The meanings of 8 = {0.7,0.9}
are similar. In these problems, demand was uniformly distributed over [300,700] and
thus the corresponding mean demand was 500.

All the different problems and the computational results of the centralized supply
chain are listed in Table 3.1. The computational results of the decentralized supply
chain with non-cooperative are listed in Table 3.2. The computational results of the
decentralized supply chain with cooperative are listed in Table 3.3.

From the computational results in Table 3.1, the following observations can be
made:

* The total profit of the supply chain decreases as y increases.

* The order quantity from supplier 2 increases as y increases. However, the
order quantity from supplier 1 decreases. This indicates that the larger the total
proportion of the marginal delivery cost in the event of a failure, the more
important is supply stability.

» If the supply stability of supplier 1 is high, the advantage of the low cost is
obvious. But if supply stability is too low, the advantage does not exist any more.

From the computational results in Tables 3.2 and 3.3, the following observations
can be made:

» If the two suppliers are cooperative, supplier 1 will set its wholesale price high
enough to compel the retailer to source only from supplier 2, who sets its
wholesale price substantially higher than the equilibrium wholesale price. Hence,
the sum of the suppliers’ profits increases and the profit of the retailer decreases
at the same time.
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Table 3.1 The centralized supply chain
vy n o« B w w3 oF 07 ny

1 0.2 0.2 0.7 0.7 11.1557 12.3086 22.8571 483.4286 1068.9
2 02 02 07 09 |? I I I I
3 0.2 0.2 0.9 0.7 10.8700 12.0800 35.5556 489.7778 1699.8
4 0.2 0.2 09 0.9 | | | | |
5 0.2 0.5 0.7 0.7 11.5929 12.5143 22.8571 483.4286 1068.9
6 0.2 0.5 0.7 0.9 | | | | |
7 0.2 0.5 09 0.7 11.1167 12.1333 35.5556 489.7778 1699.8
8 0.2 0.5 0.9 0.9 | | | | |
9 0.2 0.8 0.7 0.7 12.2486 12.8229 22.8571 483.4286 1068.9
10 0.2 0.8 0.7 0.9 | | | | |
11 0.2 0.8 0.9 0.7 11.4867 12.2133 35.5556 489.7778 1699.8
12 0.2 0.8 0.9 0.9 | | | | |
13 03 02 07 07 (& [ [ [ [
14 0.3 0.2 0.7 0.9 | | | | |
15 0.3 0.2 0.9 0.7 10.8700 12.0800 3.3333 509.6667 1632.3
16 0.3 0.2 0.9 0.9 | | | | |
17 03 05 07 07 1 [ [ [ [
18 0.3 0.5 0.7 0.9 | | | | |
19 0.3 0.5 09 0.7 11.4250 12.2000 3.3333 509.6667 1632.3
20 0.3 0.5 0.9 0.9 | | | | |
21 03 08 07 07 1 [ [ [ [
22 0.3 0.8 0.7 0.9 | | | | |
23 0.3 0.8 0.9 0.7 11.9800 12.3200 3.3333 509.6667 1632.3
24 0.3 0.8 0.9 0.9 | | | | |
25 0.4 0.2 0.7 0.7 1l 1l Il Il Il
26 0.4 0.2 0.7 0.9 | | | | |
27 04 02 09 07 1 [ [ [ [
28 0.4 0.2 09 0.9 | | | | |
29 04 05 07 07 1 [ [ [ [
30 0.4 0.5 0.7 0.9 | | | | |
31 0.4 0.5 0.9 0.7 Il Il Il Il Il
32 0.4 0.5 0.9 0.9 | | | | |
33 0.4 0.8 0.7 0.7 Il Il Il Il Il
34 0.4 0.8 0.7 0.9 | | | | |
35 0.4 0.8 0.9 0.7 Il Il Il Il Il

36 0.4 0.8 0.9 0.9 | | | | |

'For the centralized supply chain, w{" and wj denote the wholesale prices at which the best
performance of the whole supply chain can be achieved.

2Hereafter ‘I’ indicates that the retailer only orders from supplier 1.

3Hereafter ‘II” indicates that the retailer only orders from supplier 2.

e When the two suppliers are cooperative, the total profit of the whole supply chain
is lower than the profit when they are competitive. This indicates that cooperation
of the suppliers does not necessarily lead to supply chain efficiency.



3.5 Numerical Examples

Table 3.2 The decentralized supply chain with competitive suppliers
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I
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I
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|
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I
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I
416.0145

Comparing the computational results in Tables 3.1, 3.2 and 3.3, the following
observations can be made:

e If both suppliers are selected in the centralized supply chain, they will also
be placed with positive order quantities when they are competitive in the
decentralized supply chain.
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Table 3.3 The decentralized supply chain with cooperative suppliers

Wi wy or 07 nr ng 0o I
144700  15.2800 440.0000  90.0000 915.2000  1005.2
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| | | | | |
15.3833  15.8667 440.0000  90.0000 1478.4 1568.4
| | | | | |
15.5629  15.7943 440.0000  90.0000 915.2000  1005.2
| I | I | I
15.7533  15.9467 440.0000  90.0000 1478.4 1568.4
| | | |
Il 1 I 1 1 1 Il
| | | |
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 In the decentralized supply chain with non-cooperative or cooperative suppliers,
the total profit of the supply chain is less than that of the centralized supply chain.
Moreover, the wholesale prices are higher than the corresponding wholesale
prices at which the best performance of the whole supply chain can be achieved.

e Under the three scenarios, the impact of 1 on the supply chain is not as significant
as the impact of y. Only the impact on the wholesale prices is obvious.
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3.6 Concluding Remarks

In this chapter we considered both upstream and downstream uncertainty in
determining appropriate sourcing strategies for retailers and pricing strategies for
suppliers. By assuming that demand is uniformly distributed, we derived the optimal
order quantities from different suppliers. This allows the retailer to examine the
critical trade-off between the low-cost supplier’s reliability versus its cost advantage
relative to the other suppliers. We derived a sufficient condition for the existence of
an equilibrium price in a decentralized system when the suppliers are competitive.
Based on the assumption of a uniform demand distribution, we obtained an explicit
form of the solutions when the suppliers are competitive. We also constructed a
coordination mechanism to maximize the profits of the suppliers. These findings
can guide suppliers to find a trade-off between order quantity and wholesale price
and a trade-off between the probability of on-time delivery and the marginal cost of
delivery. Comparing with the benchmark scenario, i.e., a centralized supply chain,
we found that it is difficult to achieve full coordination by wholesale-price-only
contracts. How to devise a mechanism to coordinate the whole channel is a potential
topic for future research.

Appendix

Proof of Theorem 3.3.1

Proof. We discuss the optimal strategies Q. and Q. of the channel based on the
following different cases.

Case 1. Q3 < Qic + Q2 < Ose.
Since the first-order derivative of the function in (3.4) with respect to z is given by

dﬁ:(z) ) ws, =< Qsc,

0 (3.24)
dz (p+b)—(p+b—95F(@), z= Ox,

we obtain the first-order partial derivatives of fIC(Q 1e» @2c) with respect to Q1 and
0Oy in this case as follows:

w = aPws — (@B —aPy + y)ci. (3.25)
lc

OMe(Q1e. Q) _

— (x — . 2
0. aws — (@ —ay + y)c (3.26)
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From (3.25) and (3.26), we reach the following conclusions:

1. If afws — (@ — afy + y)c1 = 0 and awsz — (@ — ay + y)c; > 0, then
the expected revenue will increase as the order quantities Q1 and Q increase.
Hence, Q7. + 05, > Osc.

2. If afpws — (@ — afy + y)c1 < 0 and aws — (@ — ay + y)c2 < 0, then
the expected revenue will increase as the order quantities Q0 and Q> decrease.
Hence, 07, = 05. = 0.

3. Ifapws—(af—afy+y)c1 < 0and aws—(e—ay+y)ca > 0, then the expected
revenue will increase as Q| decreases or as Q5 increases. Hence, O}, = 0 and
Q;C > Q3c-

4. fapws—(af—afy+y)c; = 0and aws—(e—ay +y)c, < 0, then the expected
revenue will increase as Q) increases or as Q, decreases. Hence, Q7. > Q3C
and 0. = 0.

From conclusions 2, 3 and 4, it can be observed that there is at least one supplier
that is not selected to receive orders when afw; — (¢ — afy + y)c; < 0 and/or
aws — (@ —ay + y)cz < 0. The reason is that the supplier’s supply reliability is too
low or its delivery cost is too high.

Case2. Q0 < Qs < Qe+ O
The first-order partial derivatives of T1.(Q 1, Q2) With respect to Q. and Q. in
this case are given by

aﬂC(QIC’ QZC)

0., =af[(p+b)—(p+b—5)F(Qic + Qa)]— (@B —aBy +y)cr,

(3.27)
and

D L) o (p )= (p + b= F(Q1c + 020
+a(l — Bws — (@ —ay + y)cs. (3.28)

It is straightforward to verify that the Hessian matrix of IT.(Q\c, Q1) is negative
definite. Hence, ﬁc( O e, Q) is jointly concave with respect to Q. and Qy.. The
optimal order quantity can be easily deduced via the first-order optimality condition.
From the assumption Q. < Q3c < Qic + Oy and the analysis in Case 1, it is
straightforward to deduce that «fws — (e — afy + y)c1 > 0. So we have

aﬁc(Qle Q2c)

001c = afw; — (af —aBfy + y)c1 > 0.

Qe+ 02e=03

Moreover, we have

aﬂc(Qlu QZC)

301c = afs — (af — afy + y)c1 <O,

Qi+ Qa=400
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and F(x) is strictly increasing. Hence, % has an unique zero point as

follows:

(3.29)

(O1c + 050)* = F! (“ﬂ(p +b)— (af —aBy + y)cl) |

af(p+b—y)

Substituting (3.29) into (3.28), we deduce that

aflc(le QZC)
aQZC

So we have the following conclusions.

=aws— (¢ —ay +y)ca —afws + (@f —afy + y)c1. (3.30)

1. fapws—(af—afy+y)c1 > aws—(x—ay+y)c,ie., W < 0, then
the expected revenue will increase as Q, decreases. Hence, Q7, = (Q1c+ Q2c)*
and Q3. = 0.

2. fapw; — (af —afy + y)c1 <aws — (@ —ay + y)c, e,
then the expected revenue will increase as Q- increases. Hence, OF. + Q5. =

(Q1c + Q2)* and QF, > Qs

Case 3. Q3c =0 = Qic+ Q2.
The first-order partial derivatives of ITc(Q1c, Qac) with respect to Q1 and Q in
this case are given by

al;[c(QI(thc)
aQZC Z O’

—anc(aQéj’ Q) _ 4fl(p +b)— (p+ b= F(Qrc + 02)] — (@B -y + Vv,

(3.31)

TEZ 02 a4 8) = (p+ b= NOBF(Quc + Q) + all = HF(Qu0)

—(x—ay +y)c. (3.32)

It can be deduced that the Hessian matrix of fIC(Q 1> Q2¢) is negative definite. The
optimal order quantity can be easily deduced via the first-order derivatives.
The unique optimal total order quantity is deduced as follows:

af(p +b)—(af —aBy + V)Cl)
af(p +b—s) '

(Qlc + QZC)* = F_l ( (333)

Substituting (3.33) into (3.32), it is straightforward to deduce the unique optimal
order quantity from supplier 2 as follows:

a(l=p)(p +b)+ (@B —afy +y)cr — (@ —ay +y)c
a(l=p)p+b—ys)

Q5 =F"' ( ) . (3.34)
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Furthermore, we have

QTC 2 0 < Q;c 5 (Qlc + QZC)* 4 (0[/3 —Olﬂ)/ + )/)C] S ﬁ(Ol—(X)/ + ]/)Cz.

(3.35)

From the above analysis of the three different cases, we reach the conclusions

about the optimal sourcing strategy of the centralized supply chain. O
Proof of Theorem 3.4.3

Proof. Obviously, only if both suppliers are placed with positive order quantities is
it possible for them to obtain a positive expected profit? If both suppliers are placed
with positive order quantities, the expected revenue function of supplier 1 in stage 0,
denoted by I, (wy, wy), is given by

I, (w1, w2) = [epwi — (@B — afny + ny)ci] Q. (3.36)

Similarly, the expected revenue function of supplier 2 in stage 0, denoted by
I, (w2, w1), is given by

I, (w2, wi) = [aws — (@ —ayn + yn)ca] Q3. (3.37)

From (3.36) and (3.37), we observe that w; and w, should be subject to w; >
"‘ﬂ_“’z+m’c1 and wy > a_“’;ﬂcz if both suppliers seek to obtain a positive
expected profit.

Along with the results in Theorem 3.4.1, we obtain the following conclu-

sions when supplier 1 adopts a different wholesale price for any given w, €
[a—aynﬂncZ Wi — (l—w)(l—n)yCz]
o ’ o :

< w < w3 —
* *
07y>0and O, = 0.

2. If wy — (=ap)(I—myc1 Of(w’s—wz)—gﬁ—a)(l—n)ycz < W < w4 w B

o
U= then Q1 > 0 and Q3 > 0.

3. Isz + (1—0)(;—71)}/62 _ (l_aﬁ)o(l/ls_n)ycl <wi; <w3— WCI’ then Qikd =0
and 03, > 0.

1. If aﬂ—a%yﬂy e (l—aﬁ)o(tl—n)ym _ W(W3—W2)—(1—0¢)(1—ﬂ))’¢'2, then

of

Similarly, these are the following conclusions when supplier 2 adopts a different
wholesale price for any given w; € [“ﬂ_“fl++m/cl, w3 — WC‘[].

4. If WCZ <wy < w + (l—aﬂ)o((;—fl)ﬂ‘l _ (1—a)((lx—n)ycz’ then QTd = 0 and
05,>0.
5. If wy + (l—aﬂ)o(tl—n)m _ (l—a)(;—n)yCz <wy < wy— aﬁ(w}-w’l)_(L—aﬂ)(l—ﬂ)ycl _

U—O‘)(({(w, then Qf, > Oand Q3, > 0.
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6. If wy — U=0U=nyer  eflws—w)—(—ef)I=nyei
’ o
07;>0and 03, =0.

We observe that if aﬁ—aﬁg)"f‘m/ el < ws— (1—04}3)0([/13—77))'6’1 _awz—wy)—(1—a)(1=n)ycs i

(l—a)((lx—n)VCz . then

< wy < w3z —

o,
then it is possible that supplier 1 sets its wholesale price w; in [”Mz++’”’c],

w3 — (1_“/3)(51_”)”‘ - “(W"_WZ)_SA;O‘)(I_”))'Q] in order to monopolize the market. To
avoid this scenario, the countermeasure of supplier 2 is to set its wholesale price

af—afny+ny _ (=ep)d=nycr _ a(wz=wr)=(1—a)(1=n)ycs
«, Q, aff

, l.e.,

wy such that
wy < (1 — Byws — (1_“);1_")”6'2 + _“f Y*Y ¢1. Moreover, it is straightforward

to verify that (1 — B)ws — (1—0()((11—;7);/62 + aﬂ_af”"'y e < wy — U=Uzmyer

aB(ws—wi)—(1—aB)(1=n)yey N
o

supplier 2 is [”‘_O”;ﬂq, (1—-B)w3— (1_”);1_”))’ o+ “ﬂ_o‘f”y c1]. Obviously, to en-
(=) (1=n)y
— e et

CcClT > w3

when w; > "‘ﬂ_"‘§++”ycl. Hence, the strategy space for

sure the existence of this strategy space, WQ <(1-pB)ws

BBy o) e, awy — (@ — ay + y)er > afws — (@B — afy + y)er.

Similarly, the feasible strategy space for supplier 1 is [% _“’Z ZV’LW c1, “_"Z’“LV cr—
U=eDIE=02 ¢ ]if B(or — ay + y)ea > (@B — aBy + y)er. O
Proof of Lemma 3.4.5

Proof. Denote (p +b) = (p + b —$)F(Q1+ Q2) — (1 = B)(p + b —5)F(Q2)

as Uz (Q2, Q1) and Ux(Q2, Q1) Q2 as Ra(Q2, O1).
The first-order derivative of R,(Q», Q1) is given by

Wl 00) _ 10, 01)+0: 1222 L) _ (0, 01115002101, ).
(033 d0»
(3.38)
The second-order derivative of R,(Q>, Q1) is given by
d*R2(02. Q1) dUx(02. Q1) dg(Q201,B)
102 = 40, (1 —g(Q2|Q1,,3))—U2(Q2,Q1)d—Q2-
(3.39)

Assume that the support of F(x) is the interval [a, b), i.e., 0 < F(x) < 1 for
x € [a,b) and F(x) = 0forx ¢ [a,b). Then g(Q2[Q1, ) = 0and R>(Q, 01) =
a(p+b)Q, for O, € [0,a). Define O, as the least upper bound on the set of points
such that g(Q»|Q1, B) < 1. Since g(Q2|0Q1,B) = 0 for O, € [0,a), O, > a.

If G2 > 0,i.e., g(02[ Q1. B) is weakly increasing, then g(Q2] Q1. f) = 1
for 0, € [Q,.00) and % < 0 for Qs € [0,.00). It can be deduced
that R,(Q, Q1) is decreasing for Q, € [Q,, +00). Hence, I15,(Q2, Q1) =
AR, (02, 01) — (@ — ay + y)c20, is decreasing for O, € [Q,, +00), too.
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Note that g(0,|Q1, ) 1 for O, € [a, Q,) and wz(Q2, Q1) is decreasing

<
in Q,. Hence dzRZg—gﬁ'Q‘) < 0 for Q, € [a, Q,). Then R,(Q», Q1) is concave
2

fora < 0, < 62. Hence, it is straightforward to deduce that I1,(Q2, Q1) =
aRy(Q2, Q1) — (@ —ay + y)c2Q, is concave for Q5 € [a, 0,), too.

In addition, it is obvious that Il (Q», Q1) is linear and strictly increasing
on [0, a).

From the above analysis, it is straightforward to deduce that I1,,(Q», Q1) is
unimodal for Q; € [0, +00).

The unimodality of I, (Q, Q») can be proved by letting O, = O, Q1 =0
and 8 = 11in (3.15). O

Proof of Theorem 3.4.8

Proof. We first assume that «(w; —w,) — (1 —a)(1 —n)yc; > af(ws —wy) — (1 —
af)(I—n)ycr > 0and f [aw, + (1 —a)(1 = n)ycs] > apwi+ (A —ap)(1-n)yc:.
Under these conditions, the optimal order quantities from supplier 1 and supplier 2
are given by

_ Blaws + (1 =) = myea] = [@Bwi + (1 —af)(1 —nyei]

BU—P)(p + b5 - G40

0

and

a(p+b—w) -0 —a)d—nycr —[af(p +b—wi) — (1 —af)(I —n)yci]
a(l=p)(p+b—ys) '

0> =
(3.41)

Substituting (3.40) and (3.41) into the revenue functions (3.36) and (3.37), we have

Blaw, + (1 —a)(1 —n)yca] — [afwi + (1 —aBf)(1 —n)yci]

(o) = wB(1—B)(p +b—5)
X[apwi — (B —afny + ny)cl, (3.42)
and
My, (w2, 1)

_aptb—w)—(-a)d =nyer—[ef(p+b—w) = (1 —af)( —nyci]
a(l =p)(p+b—s)

x[aw, — (¢ —ayn + yn)ca]. (3.43)

It is straightforward to verify that (3.42) and (3.43) are concave with respect to
their own decision variables. By setting the first partial derivative of each player’s
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revenue function with respect to its own decision variable equal to zero, we obtain
the unconstrained best response function as follows:

afwy + (af —2afny + afy + 2ny —y)cr + (1 —a)(1 —n)yfca

)= 2a8

(3.44)
and
1) = (1= )(p +b) + apwi + (1 = af)(1 — )y + (@ = 2y +ay + 21— y)es.

2a
(3.45)

Denote the feasible strategy interval of supplier 1 as [w,,wi], ie, w, =
af—afny+ny a—ayty (=ap)(1=n)y
af o 2 op

ci and w; = c1. Similarly, denote the feasible
strategy interval of supplier 2 as [w,,w»]. It is straightforward to verify that
wi(w2) > w, for wy € [w,,w]. Hence, Il (w1, w») is an increasing function of
wi in the interval [w,, wi (w»)] for any given wy € [w,, w»]. Similarly, wo(w1) > w,
and ITs, (w2, wy) is an increasing function of w, in the interval [w,, w»(w;)] for any
given w; € [w,, w;]. Moreover,

wi(wz) < Wi & wy <y, (3.46)
and
wa(wi) <wy & wp < wy, (3.47)
where
. ay—ayta+tyn—aynta af —afy +y
Wy = Cy — c,
o af
and
P (1-B)2w; — p—b) . (e —aPfy +y —aBny + ny)c
B of
y—ayt+ o)
af ’

Hence, we obtain the best response function for any given feasible w, of supplier 1
as follows:

afwy + (¢ —2afny + afy +2ny —y)a + (1 —a)(1 —n)yBe Wy <
2ap ' -

wi(wy) =

ey Y . G—epi—ny

Cq wy > 1:\1/2.
o p ’

(3.48)
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Similarly, we obtain the best response function for any given feasible w; of supplier
2 as follows:

a(1=B)(p+b) tapwi+ (1 —af)(I —nyc + (@ —2ayn +ay +2yn—y)c N

wi <wy,

wy (wy) = 2
(1= ywy — U=tz PV Ty, i >
(3.49)

Since the absolute value of the first derivative of each best response with respect
to its own decision variable is less than 1, the best response mapping is a contraction.
Hence, the Nash equilibrium is unique.

By letting wi = wi(wa(wy)) and wp = wy(w;(w,)), all the possible wholesale
prices of supplier 1 and supplier 2 are derived as follows:

1>

(vB—yBn+ap’yn—ap’y +2af —daynp +2ayp +4yn—2y)c; +pla—ay +y)es +af(1—B)(p +b)
af(d—p) ’
ap(1—B)ws + (@B —2aBny +afy +2ny —y +ap> —ap’y + Byl
20 !
a—ay+y  (A—ef)I—n)y
[ cr,
a af

>

wi2

>

wi3

and

1>

(yB—yBn~+oafny —apy + 2o —dayn +2ay + 4yn—2y)cs + (@f —afy +y)c1 + 2a(1 — B)(p + b)
a(d—p) '
a(l=B)(p+b)+ (@—2ayn+ay +2yn—y +af—aBy + fy)c
200 ]

a —01)(1—77)1/62+ aﬂ—aﬂy+ycl.
o o

wa1

[1>

1>

(1=Bws —

Wa3

It is straightforward to verify that all the possible values of supplier 1 are larger than
w, and all the possible values of supplier 2 are larger than w,. Jointly considering
the constraints, we obtain the unique Nash equilibrium strategy of the game between
the suppliers as follows:

Wi, wa1), wi <wip Awp and wyp < Wy A\ Wy,

«  xn_ JOwi,waz), Wi = wip > Wy and was < Wy \ W,
(Wln’w2n) - A~ — — A
(W13, w22), wiz <w; AW and Wy > wyy > Wy,
(W13, w23), Wi = wiz > wy and Wy > waz > Wy,



Chapter 4
Dynamic Inventory Management with Cash
Flow Constraints

4.1 Introduction

Current research efforts on inventory management mainly focus on operational
decisions and inventory control, i.e., characterizing replenishment policies based
on inventory level over a planning horizon.! There is an extensive literature
on inventory control in both deterministic and stochastic environments, see e.g.,
Axsiter (2000), Zipkin (2000), Nahmias (2001), Porteus (2002), and Cheng et al.
(2010). Most of them ignore financial status of a firm and assume that the firm is
able to obtain infinite capital to implement any operational decisions.

However, capital shortage problem is one of the most common problems faced
by start-up and growing companies in real systems. Cash flow is usually one of
the key reasons for the bankruptcy of these firms. For example, Bradley (2000)
surveyed 531 businesses in the Southwest United States that went bankrupt during
the calendar year 1998. After analyzing the primary reasons for these businesses
failing, it is indicated that inadequate financial planning is one of the most evident
reasons, especially operating capital for the early months of the operation. Similar
research has been done in China. A project group in Department Research Center of
State Council of P.R. China sent questionnaires to small businesses in the country,
with response that 66.9% of them have capital problems, which may lead to the
closure of these firms. See Chen and Zhang (2001). Therefore, start-up and growing
firms, being short of capital, cannot always adopt optimal production policies as
other mature companies.

In this chapter, we consider a classic dynamic inventory control problem of a self-
financing retailer who periodically replenishes its stock from a supplier and sells it
to the market. Excess demand in each period is lost when insufficient inventory
is available. The demands for different periods are independent and identically

I'The following discussion in this chapter is largely based on the ideas and results presented in
Chao et al. (2008).

J. Li et al., Risk Management of Supply and Cash Flows in Supply Chains, 105
International Series in Operations Research & Management Science 165,
DOI 10.1007/978-1-4614-0511-5_4, © Springer Science+Business Media, LLC 2011
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distributed random variables. The retailer’s operational decisions are constrained
by its cash flows, which is updated periodically following the purchasing and the
sales in each period. We seek to gain understanding on how operational decisions
interact with and are affected by cash flows in a dynamic setting. The objective of the
firm is to maximize its expected wealth level at the end of the planning horizon. We
obtain the explicit structure on how the optimal inventory control strategy depends
on the cash flows. We also study the relationship between the optimal control policy
and the system parameters, e.g., purchasing price, interest rate, salvage value, and
selling price. Conditions are identified under which the optimal control policies are
identical across periods. A simple algorithm is developed to compute the optimal
inventory control policy for each period.

There are several papers that deal with budgetary constraints. By assuming
the availability of market hedges, Birge (2000) adopted option pricing theory
for incorporating risk into planning models by adjusting capacity and resource
levels. Rosenblatt and Rothblum (1990) treated capacity as a decision variable
in their study of multi-item inventory systems under a single resource capacity
constraint. Li et al. (1997) considered a single-product firm that makes production
decisions, borrowing decisions, and dividend policies for each period while facing
uncertain demand. The firm maximizes the expected present value of the infinite-
horizon flow of the dividends subjecting to loan size, production size, and liquidity
constraints. The firm can obtain an unbounded single-period loan with a constant
interest rate. The authors derive the optimal myopic policies and study their
structural properties. Archibald et al. (2002) considered a start-up firm facing
discretely distributed demand and the objective is to maximize the long-term
survival probability instead of average profit per period. The authors concluded that
the start-up firms should be more cautious in their component purchasing strategy
than the well-established firms. They also showed that the strategy is not monotone
in the amount of capital available. Babich and Sobel (2004) studied the coordination
of financial decisions (loan size) and operational decisions (production and sales) to
maximize the expected discounted proceeds from an initial public offering (IPO).
They modeled the IPO event as a stopping time in an infinite-horizon discounted
Markov decision process. Furthermore, they characterized an optimal capacity-
expansion policy and obtained sufficient conditions for a monotone threshold rule to
yield an optimal IPO decision. Hu and Sobel (2005) studied a dynamic newsvendor
model with the criterion of maximizing the expected present value of dividends,
and examined the interdependence of a firm’s capital structure and its short-term
operating decisions concerning inventories, dividends, and liquidity. They obtained
interesting results on the interaction between firm’s capital structure and operational
decisions.

The work that also addresses the interface of inventory management and finance
is Buzacott and Zhang (2004) who analyzed a Stackelberg game between the
bank and the retailer in a newsvendor inventory model. Buzacott and Zhang
(2004) considered a single period inventory management problem where the bank’s
decisions include the interest rate to charge and the loan limit, and the retailer needs
to decide the amount to borrow within the loan limit and the amount of inventory
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to order from suppliers. Both the bank and retailer maximize their expected returns.
Other related work in this includes Xu and Birge (2004a, 2004b). They considered a
multi-period dynamic model but do not consider the interactions between the bank
and the retailer.

In a sense, financial constraint in inventory management can be considered as
a supply capacity constraint on ordering quantity. Production—inventory problems
with supply capacity constraints have received a great amount of attention since
Federgruen and Zipkin (1986a, 1986b), see e.g., Ciarallo et al. (1994) and Wang
and Gerchak (1996). The main result for such systems is that its optimal control
strategy is a modified base-stock policy. The main difference between the two
classes of models lies in the fact that in inventory control problems with supply
capacity constraints, the constraints are given externally, while in inventory models
with financial constraints, the financial constraints are the result of the firm’s past
decisions. Therefore, the financial constraints are themselves decisions. Thus, in
making inventory decisions, its impact on future financial constraints has to be taken
into consideration.

The rest of this chapter is organized as follows. Section 4.2 presents the model.
Then Sect. 4.3 studies the optimal inventory strategy with cash flow constraints.
Some numerical studies are included in Sect. 4.4. The chapter concludes in Sect. 4.5
with some remarks and some possible extensions. Throughout the chapter we
use “increasing” and “decreasing” in non-strict sense, i.e., they represent “nonde-
creasing” and “nonincreasing”, respectively. Also, for any real number x, x* =
max{x,0} and x~ = max{—x, 0}.

4.2 Assumptions and Model Formulation

We consider the periodic-review inventory control problem where a self-financing
retailer sells a single product to the market. The risk neutral retailer faces random
demand and makes replenishment decisions over a finite planning horizon of N
periods. The successive periods’ demands D,(1 < n < N) are independent and
identically distributed nonnegative random variables, with f(-) and F(-) being their
probability density and cumulative distribution functions respectively. A lost-sales
model is considered, that is, unmet demand in each period is lost when insufficient
inventory is available. The ordering lead time is zero.

Let p be the unit selling price, and ¢ the unit ordering cost. Assume that any
inventory left at the end of the planning horizon has a salvage value y per unit. To
avoid triviality we assume

—co<y<c<p, 4.1)
with a negative value of y representing disposal cost. We further assume

(1 + d)c < p. If this condition is not satisfied, then the firm would always prefer
to have all its capital in the banking account.
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The sequence of events in each period is as follows. At the beginning of each
period, the retailer places an order with its capital on hand, and deposits the surplus
capital in a saving account with fixed interest rate d. During the period demand is
realized. At the end of the period the retailer receives its revenue from sales and
savings interest.

Let S, be the capital level at the beginning of period n, let x,, and y, be the
inventory levels, before and after the replenishment decisions respectively, at the
beginning of period n, and let Sy 4 be the terminal wealth at the end of the planning
horizon.

Because the firm is self-financed, the ordering decision satisfies the cash flow
constraint c(y, — x,) < S,, and the remaining capital in period n, S, — c(y, — x»),
is deposited in the savings account to generate an interest of d (S, —c(y, —x»)). The
revenue from sales in period n is p min{y,, D,}. Hence, the total capital level at the
end of period n, which is also the capital level at the beginning of period n + 1, is

Sp+1 = pmin{y,, D} + (1 +d)( Sy, —c(yn —x,)), n=12,...,N. (42)

Since we consider lost-sales model, the inventory level at the beginning of period
n—+1is

Xot1 = (yo — D), n=12,...,N. 4.3)

Therefore, the decision problem of the retailer is to decide an ordering policy to
maximize the expected terminal wealth at the end of the planning horizon, given
initial inventory level x; and initial capital level S;, and subject to the cash flow
constraint in each period. That is, the decision problem is

.....

subject to Egs. (4.2), (4.3), and
0<y,—x, <8,/c, n=1,2,...,N.
The maximum expected terminal wealth is denoted by, V,,(x, S), given that the
inventory level and capital level at the beginning of period n are x and S. The

optimality equation is

Va(x,8) = max  E[Vyp1((y — D) ", pmin{y, Dy}

x<y<x+S/c
+(1+d)(S —c(y —x))]. (4.4)

with boundary condition

Vn41(x,8) =S + yx.
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The trade-off in the dynamic programming equation above is between ordering
inventory (and therefore earning profit from sales) and putting cash in savings
account (and earning interests). When inventory is ordered, the retailer runs the risk
of not selling the inventory and therefore loses the opportunity of earning an interest.
Note that the problem in the last period is effectively a newsvendor problem with
capital constraint.

4.3 The Optimal Inventory Control Strategy
with Cash Flow Constraints

In this section, we investigate the optimal inventory control strategy with cash flow
constraints.

To derive the optimal control strategy, several lemmas are needed. The first
lemma follows immediately from induction.

Lemma 4.3.1. For any period n and fixed x, V,(x, S) is increasing in S.

Lemma 4.3.1 is intuitively clear: The more initial capital level the better to the
final objective. To establish the second order property of the value function V;,, we
need the following result.

Lemma 4.3.2. Foranyn, V,,(A —z, B + pz) is increasing in z for fixed A and B.

Proof. Note the relationship

Vi(A—z, B + pz) = max E[Vat1((y — D)™, pmin{y, D, }
A—z<y<A+B/c+(p—c)z/c

+(1+d)(cA+ B+ (p—c)z—cy)].

It follows from Lemma 4.3.1 that the function being maximized above is increasing
in z. Because the feasible region A —z < y < A+ B/c + (p — ¢)z/c is also
increasing in z, V,,(A — z, B + pz) is increasing in z. |

Lemma 4.3.2 is essential in proving the second order property of the value
function. The lemma says that it is better to keep cash than having inventory in
stock at the beginning of the period. This can be intuitively explained as follows:
Capital at the beginning of a period is more flexible than inventory in stock since
the firm can always convert it to inventory by placing an order. However, the
reverse is not true. In particular, if the on-hand inventory is higher than necessary,
it would have been better to have part of that inventory in the form of cash to earn
interest.

Lemma 4.3.3. Foranyn, V,(x, S) is jointly concave in x and S.
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Proof. We prove the lemma by backward induction. Clearly, Vy+1(x, S) = S+ yx
is jointly concave in x and S. Assume that V,, 1 (x, S) is jointly concave in x and S.
We now prove the property for 7.

We firstly prove V,+1((y — D,)*, pmin{y, D,,} + (1 + d)(S — c(y — x))) is
jointly concave in (y, x, S). For any (y1, x1, S1) and (y2, x5, S2) and0 < A < 1, we
need to prove
Vot (1 + (1 = 1)y = D)*. pminfAy, + (1= 2)y2. D,

+ L+ d) (RS + (1= 282 = Oy + (1= 1)y2 = hx = (1 = )x2)))
> an+1<(y1 — D))", pmin{y;, D} + (1 +d)(S1 —c(y1 — xl))>
+ (1 =)V ((yz =Dy pmin{y,, D} 4+ (1 +d)(S2 — c(y2 — Xz)))-

Note the relationship (y — D,)™ = y —min{y, D, }. For convenience let

y=Ayi+ 1=y,
¥y = min{Ay; + (1 = Ad)y2, Dy},
= A’min{yla Di’l} + (1 - A’) min{y27 DH}'

Y
Thenby 7 > $, we have
Vit (1 + (1 = 2)y2 = D)*, pminfAy, + (1 = 1)y2. Dy}
+(+ dY(ASt + (1 =28 = Oy + (1= D2 = Axi = (1 = M)
= Vi ()7 — 5. pF + (L +d)(AS1 + (1 = 1)Ss — ey + (1= W)y
= (1— A)xz)))
> Vo ()7 — 5. 09+ (L +d)AS1 4+ (1= 2)Ss — Ay + (1 = Dy
o — (1= A)xg)))
= Vir1 (A0 = D)* + (1= (2 = D) Ap min{y, Dy}
+ (1= A)pmin{ys, Dy} + (1 + d)(AS; + (1 = 1)S,
O+ A= A)y2—Ax; — (1 — )L)x2))>
= WVt (01 = D)* pmin{yr. Dy} + (14 d)(S1 = e = 1))

(1= DVorr (02 = D) pmingya, Do} + (14 d)(S2 = (32 = x2))).



4.3 The Optimal Inventory Control Strategy with Cash Flow Constraints 111

where the first inequality follows from Lemma 4.3.2 and the second inequality
follows from the concavity of V;,11(x, S). Hence, V,+1((y—D,)*, pmin{y, D, }+
(1+d)(S —c(y —x))) is jointly concave in (y, x, S), and so is its expected value.
Finally since

C={(.y):x=0,ycx.x+§/cfj

is a convex set, applying Proposition B-4 of Heyman and Sobel (1984) we conclude
that V,(x, ) is jointly concave in x and S. |

We find it convenient to study the value function in terms of x and R = S + cx.
Define

(9, R) = E[Va1((y — Dp) ™, pmin{y, Dy} + (1 + d)(R — cp))].

Then, the optimality equation (4.4) can be rewritten, after introducing a new
function V,,, as
Vo(x,R) = V,(x,R —cx) = max m,(y,R).
x<y<R/c
Note that m,(y, R) is jointly concave in (y, R). For given R, let y;(R) be the
maximizer of the unconstrained optimization problem max, 7z,(y, R). Then the

optimal inventory policy is given in the following result. Its proof follows directly
from Lemma 4.3.3. Hence, it is omitted here.

Theorem 4.3.4. When the state is (x, S) at the beginning of period n, a capital-
dependent base stock inventory policy y(R), where R = S + cx, is optimal. More
specifically,

(i) If x < yy(R) — S/c, it is optimal to order up to R /c.
(ii) If y; (R) — S/c < x < y}(R) then it is optimal to order up to y,(R).
(iii) If x > yr(R), then it is optimal not to order.

We refer to y; (R) as the optimal base-stock level for period n. Hence, for each
state (x,S) with R = § + cx there is an order-up-to level y; (R). Because of the
constraint y < R/c, the base-stock level may not be achieved. The optimal achieved
inventory level is min{y, (R), R/c} if x < y;(R), and it is x otherwise. This is
similar to the inventory control problems with finite supply capacity, for which the
optimal strategy is to make the inventory level, within the supply capacity, as close
to the order-up-to level as possible. In the following, we let

Ip (R) = min{y;(R). R/c}

and refer to y(R) as the optimal replenishment level of period n. Therefore, if
X < yX(R) then the inventory level at period n is replenished to y(R), and no
order is placed otherwise. Thus, if the state of the system at the beginning of period
nis (x, S), then the optimal inventory level for period n after replenishment decision
is min{p (S + cx), x}.
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The optimal strategy can still be messy if y,"(R) is a complicated function of R.
Fortunately, in the following we are able to present an extremely simple form, as
well as a computational algorithm, for y*(R). More specifically, we show that
Y (R) can be completely determined by a single parameter, a;. To that end, we
introduce a sequence of concave functions G, (y) as follows: Gy+1(y) = (y —¢)y
andforn =1,..., N,

Gu(y) = 1+ )N ((p — ¢) E[min{y, D,}] - dcy)
+E[Gur1(max{ay, . (v — Da) D). (4.5)
where ay ;= 0andforn = 1,..., N, a; is the maximizer of G,(y), which will
be the only number in determining the control function y7(R), 0 < R < 0.
Lemma 4.3.5. The following relationship is satisfied:
—(1+d —(1+d
F! (—p a+ )C) >afzaj>--zay=F" (—p s )c), (4.6)
p—c p—=v
where F~\ is the inverse function of F.

Proof. We prove the result by induction. Clearly

Gn(y) = (p—¢)Emin{y, Dy} —dcy + Gy11((y — Dy)T)
= (p—c¢)Emin{y, Dy} —dcy + (y —c)(y — Dy) ™,

is concave in y, its maximizer
at _ gl (p—(1+d)c) < F (p—(1+d)c)
p— p—c

is the newsvendor solution. Assume that we have proved the result for n + 1, i.e.,
Gn+1, ..., Gy are concave and

—(1+d -(1+d
p—c pP—Y
we proceed to prove n. Taking derivatives of G, (y) with respect to y yields
G,(») = A+ D" "[(p— )1 = F(y)) — dc]
+E[G (v = D)1[Dy = y —ay )], 4.7)

Gl =—0+D" " (p—c)f(»)
+E[G (v = D)U[Dy < y —ayyi]]- 4.8)
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Hence, it follows from the induction assumption that (4.8) is non-positive and G, (y)
is concave in y.

Substituting y = a; 41 in (4.7), the second term on the right hand side of (4.7)
is 0, and the first term is nonnegative. Thus G (a;’l‘+1) > 0 and a; > a:+1.
Furthermore, note that the first term on the right hand side of (4.7) vanishes at

y=F"! (W), while the second term

Gy (y =D)I[D, <y—ay ] =G, (y = D)1y = Dy > ay ]

is always non-positive because a ,, is the maximizer of G,;. This shows that

ay < F1(20tde), O

The value a;; will serve as the ideal order-up-to level for period n. We note that,
the problem in the last period is effectively a newsvendor problem with capital
constraint, its optimal order-up-to level is well-known and is given by the last
number in (4.6). This gives us the lower bound in Lemma 4.3.5. The most desirable
situation for the firm would be to have the option of returning whatever is left to the
supplier at the price paid, ¢, and in this case there would be no risk and the optimal
inventory level can be set aggressively, i.e., set the inventory level to the first number
in (4.6). This explains the upper bound in Lemma 4.3.5. In general, when there is
more period remaining to go, then it is more likely that the on-hand inventory can be
successfully used to satisfy future demand, and this explains why the optimal level
a; is decreasing in n.

The following decomposition result allows us to completely characterize the
optimal replenishment level y*(R). Its proof is lengthy and is provided in the
Appendix.

Theorem 4.3.6. (i) For any period n, when R > ca,,, and y < R/c, the
objective function can be decomposed as

T(y, R) = 1+ MR+ Gy (y).

(ii) If R > ca}, then the optimal order-up-to level is y;(R) = a};, and if R < ca,

n’ n»
then y¥(R) > R/c.

Theorem 4.3.6 states that, for large R and small inventory level y, the value
function 7, (y, R) can be decomposed to concave functions of R and y alone.
This is not true, however, for small R or large y. Indeed, in general we would
expect the value function 7, (y, R) to be a complicated function of (y, R), and
the separability comes as a surprise. It is this separability result that enables us to
significantly simplify the optimal inventory control strategy. Note that y*(R) is the
optimal solution for max, m,(y, R), which is the desired inventory level for stage
n without the capital constraint, while a is a constant that is the maximizer of
concave function G, (-). Part (ii) of Theorem 4.3.6 states that y, (R) becomes flat
and equal to a; on R > caj;.
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The following is the main result of this chapter. Its proof follows directly from
(ii) of Theorem 4.3.6 and Y7 (R) = min{y, (R), R/c}.

Theorem 4.3.7. Suppose the state at the beginning of period n is (x,S) and let
R = S + cx. The optimal replenishment level for period n is

R ar, if R > ca’,

I (R)=1" , "
R/c, if R <caj.

That is, for any period n with state (x, R), the optimal inventory control policy

is to,

(1) Replenish the inventory level to R/c if R/c < a}
(2) Replenish the inventory level to a); if x < a, < R/c
(3) Do not order anything if x > a;;

Therefore, for each period n, the optimal replenishment level first linearly
increases with the wealth level R at rate 1/c till ca) and then it becomes flat
from R = ca; . This gives us an exceedingly simple inventory control policy: The
inventory control policy is determined solely by a capital-independent level a;, at
the beginning of period n, the firm replenishes its inventory level to ¢} as long as
there is sufficient capital available; if there is no sufficient capital, then it replenishes
as much as possible, that is, it uses up all of its capital.

The optimal replenishment level $(R) is determined by a single parameter a,
and the computation of a;; is straightforward. A nested algorithm is summarized as
follows.

Algorithm:

Step 1. Set a,”{,+1 = 0, and compute Gy by (4.5). Setn = N.
Step 2. Computed a;; via concave function G, (y) of (4.5).
Step 3. If n = 1 then stop. Otherwise set n := n — 1 and repeat Step 2.

Remark 4.3.8. We point out that even though the optimal replenishment level
Vi (R) is very simple, the base-stock level y(R) can be quite complicated on
R < ca;. As a matter of fact, y, (R) may not be even monotone on R € [0, ca,].
See the numerical example in Sect. 4.4.

The following theorem presents the comparatively static results for the optimal
policy on the selling price p, purchasing price ¢, salvage value y, and interest rate d.

Theorem 4.3.9. (i) The optimal control policy parameters ay, n = 1,..., N, are
increasing in y and p, and decreasing in ¢ and d.

(ii) As y increases from —oo to ¢, a) increases from 0 to F_l(%).
In particular, as y = c, the optimal inventory policy is the same for each period

and is given by
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_ —(1+d)
@ =gt = =ay = ot (P20 D)
p—c

Proof. (i) We first prove the result on y, p and c. Since a; is the maximizer of
G, (), it suffices to prove G, () is increasing in y and p, and decreasing in c.
By induction. First notice that

G&@)zup—wa—Fu»—dd+[fw—fMF@,

which is clearly increasing in y and p, and decreasing in c. Suppose G, 1 18
increasing in y and p and decreasing in ¢, then we have

3G (y) /‘(y—a:+1)+ 8G,’l+1(y —2)
ol — ———dF(2).
3)/ 0 aV
aG’ o—ay )t 9G! -
2 () = +d)N—np(1 — F(y)) +/ ! Md[f(z),
ap 0 dp
8G/ (y_a/T‘F )+ aG/ ( _Z)
_gc(y) = —(1+d)" (1= F(y) + d)+f | %dﬂz)
0

Hence, 0G,(y)/dy = 0,0G,(y)/dp > 0 and dG,(y)/dc < 0 follow
immediately from the induction hypothesis.
To prove a; is decreasing in d, by Lemma 4.3.5, it suffices to show that

0G,(y)/0d <0forn =1,..., N on the range

yzF*(ﬂi%EﬁE). (4.9)

This is again proved by induction and it is trivially true for N. Suppose it has
been established for n + 1. Then, on range (4.9) we have

G 0) _ (1 4 ayV"1p — )1 = F () — de — (1 + d)d]

od
=ayypt oG, 1 (y —2)
T T4F
+A 9d (z)
<A+ (p—o)d = F(y)) —dc— (1 +d)c]
<A +d)N ! [(p —c)w —de—(1+ d)ci|

d N—n—1
- %[_(C —y)A+d)c—(p—c)y—(p—y)dc]

507
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where the first inequality follows from induction hypothesis, the second
inequality follows from (4.9), and the last inequality follows from (4.1).

(ii) If y = c, then it follows from Lemma 4 that all a;; are equal, completing the
proof of Theorem 4.3.9. O

As mentioned earlier, the number a, is basically the ideal order-up-to level
for period n. When the salvage value or the selling price is higher, it is more
profitable to keep a higher inventory thus a; is increasing in y and p. The same
argument shows that when the purchasing price ¢ is higher, it is better to reduce
the inventory level thus a;; is decreasing in ¢. When d increases, savings account
becomes a more attractive option, hence the firm will be willing to invest more in
the banking account than in the inventory, explaining why a; is decreasing in d.
Finally, when the salvage value is the same as the ordering cost, then there is no risk
associated with salvaging the inventory at the end. Therefore, the problem in each
period is a newsvendor problem with capital constraint. This explains part (ii) of
Theorem 4.3.9.

4.4 Numerical Examples

We present numerical examples to demonstrate the optimal inventory policy and
its dependency on wealth level R, salvage value y, and interest rate d. The model
parameters in all these numerical examples are p = 1.3 and ¢ = 1. In Fig. 4.1 the

20, T T T T T T T T

—y2(R)
18- = R/c ||

0 2 4 6 8 10 12 14 16 18 20

Fig. 4.1 Optimal base stock policy for period 3
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Fig. 4.3 The optimal control strategy a;; on d

interest rate is set at d = 0.1 and the salvage value is y = 0.5; in Fig. 4.2 the interest
rate is set at d = 0.1; and in Fig. 4.3, the salvage value is y = 0.5. The demand
has truncated normal distribution with mean 10 and variance 10. Assume there are
totally N = 4 periods.
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First compute the optimal policy parameters a; for n = 1,2,3 and 4 via
optimizing concave functions G, (). Notice that the upper and lower bounds for af
are given by F~!(E=UE4) — 158151 and F~'(2=S20¢) = 6.6547. Figure 4.1
demonstrates how the optimal inventory policy depends on the wealth level R. The
numerical results are for period 3. It shows that when R > caj, yi(R) = aj; and
when R < cay, y{(R) > R/c. Note that the minimum of the dotted line and the
solid curve is Y5 (R).

Itis interesting to observe that the optimal order-up-to level y} (R) is complicated
and is not even monotone in R on the range R < caj. The optimal replenishment
level y¥(R) is, however, always extremely simple, as we noted earlier.

Figure 4.2 presents the optimal policy in terms of salvage value y on the range
[—1, 1]. It demonstrates that a; is decreasing in n and increasing in y.

Figure 4.3 presents the optimal policy in terms of interest rate d on the range [0,
0.3]. It demonstrates that a; is decreasing in n and d.

4.5 Concluding Remarks

In this chapter we study a dynamic inventory control problem with financial
constraints. We derive the optimal inventory policy for each period, and characterize
the dependence of the firm’s optimal operational policy on its financial status. We
also analyze the relationship between the optimal control parameters and system
parameters.

Many interesting issues remain to be investigated. For example, if there is a
holding cost rate & and shortage cost rate b for each period, then the optimality
equation becomes

max  E[Sy 1],
Vi s VN

subject to
OEYn—XnSSn/C, n=1,2,...,N,
where

Sy+1 = pmin{y,, D,} — hmax{y, — D,,0} —bmax{D, — y,,0}
+(1+ d)(Sn - C(yn - xﬂ))v

and, as before, x,+1 = (¥, — D,)T. Note that Lemmas 4.3.1, 4.3.2 and 4.3.3
continue to hold, thus Theorem 4.3.4 also holds and the optimal inventory control
policy is a capital dependent base-stock policy. As a matter of fact, Theorem
4.3.4, as well as Lemmas 4.3.1, 4.3.2 and 4.3.3 hold true under much more
general settings, e.g., under general revenue function, and under utility function
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optimization, etc. However, for Theorems 4.3.6 and 4.3.7, the objective function
can no longer be decomposed, and the control parameters of the optimal base-
stock policy are complicated and state-dependent. The problem will be even more
complicated if we allow the selling price p to be a decision variable when the
demand D,, depends on the selling price in period 7.

The setting used in this chapter assumes that the demands over periods are
independent and identically distributed. We point out that the results Lemmas 4.3.1,
4.3.2 and 4.3.3 and Theorem 4.3.4 hold true as long as the demands over periods are
independent and they do not need to be identically distributed.

Appendix

Proof of Theorem 4.3.6. The proof is by induction. By the definition of G,(y) and
Lemma 4.3.5 we have

7wy (y, R) = pEmin{y, Dy} +(1+d)(R—cy)+yE(y=Dy)" = (1+d)R+Gy ().
Hence yy (R) = ay forall R.

Assume that the results have been proved for n + 1, i.e., when R > ca: 1 and
vy < R/c, my41(y, R) can be decomposed as

Tr1 (7. R) = (L + )V "R + Gyt (1), (4.10)

n+1°
To simplify the proof it is convenient to define a new function

and thatif R < cay |, thenyy, (R) > R/c;if R > cay,,,then y;, (R) = ay .

Valx, R) = Vy(x. )
= I/Il(-va_Cx)

= max m,(y,R
x<y<R/c 0 R)

= max E[Vut1((v = D) (p — )y minfy, Dy} + (1 + d)R — dey)).

x<y<R/c

From Lemma 4.3.3 it is straightforward to prove that V,(x, R) is jointly concave in
x and R. From Theorem 4.3.4 we have

7Tn+1(R/C’R)’ R/C = y:—l—l(R)’
Vi1 (x, R) = {1 (v, (R).R), x <y’ (R)<R/c, 4.11)
nn+1(x’ R)’ X = y;—l—l(R)
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On the other hand, by the induction assumption and Lemma 4.3.5, the following
observations are made:

(@) If R <ca,,, <cay,,,theny; (R)> R/c,thus
Vog1(x. R) = m,11(R/c, R).

(b) If cay,, < R =< cay,,, then yy (R) > R/c and m,4(y.R) can be
decomposed as (4.10), thus

Vir1(x, R) = (1 + )" "R + Gyp1(R/c).

(c) Ifex <cay,; < R,theny;, (R)=a;,  andhencex <y, (R) < R/c.In
this case 7, +1(y, R) can be decomposed as (4.10), thus

Vair1(x, R) = (1 + )N "R+ Gupa(ajy ).

(d) Ifay,, <x < R/c,then y;, (R) = a,,, and hence x > y, (R). Further

,+1(y, R) can be decomposed as (4.10), thus
Vi1 (x, R) = (1 + )Y "R + G4 (x).
Therefore, we can rewrite (4.11) as

a+1(R/c, R), R < cay .
(1+d)" "R+ Guy1(R/c), caf,, <R <ca’,,,
(1+d)" "R+ Guyi1(al,)). cx <cal, <R,
A4+ V"R + Gyt (x), xX=>ay,,.

Vaip1(x, R) = (4.12)

The last two cases show that if R > ca 1 17,1+1 (x, R) can be rewritten as
Va1 (x, R) = (1 + )" R + G,y (max{ay, . x}).

Asaresult,if R > cay,,and y < R/c,then (p—c) min{y, D, }+(1+d)R—dcy >
cay ., and hence 7, (y, R) can be expressed as
(v, R) = E[Var1((y = D)™, (p — ) min{y, D} + (1 + d)R — dcy)]
=1 +d)"'""R+ (1+d)" " ((p — ¢)E min{y, D, } —dcy)
+EG,+1(max{ay,,, (y — D) ")
=1+ "R+ Gu(y).
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Therefore, when R > ca; , and y < R/c, the maximizer of m,(y, R), y,(R),
is equal to a,;, the maximizer of G,(y). Furthermore, when R > ca; > cay, |,
yy(R) =a),and whenca,, , < R <ca),y;(R)=a, > R/c.

We next prove that y(R) > R/c on R < caj,_,. For notational convenience
in what follows we use 17,1$1 (x, R) and 17,1,2 (x, R) to represent the partial derivatives
with respect to x and R respectively, and 17,,,12()6, R) the cross derivative. From
(4.12), taking partial derivatives of V,,(x, R) yields

. 0, <ay,,
Vatr1(x, R) = 4§~ * a’jf‘ (4.13)
Go(x), x=a,,,
and
dm,+1(R/c, R)/dR, R <ca;_,,
Vatr2(x, R) = 4 (1 + d)N=" + G,(R/c)/e, cayi, <R =<cay,, “14)
(1 +d)N, R>cal,,.

Note that 17,1+1,2(x, R) is independent of x, hence 17,1+1,12(x, R) = 0. By

mn(y, R) = E[I;n+1((y - Dn)+a (p —c)min{y, D,} + (1 + d)R — dcy)],
4.15)

taking derivative of 7, (y, R) with respect to y yields

a1 (v, R) = /Oy[VnH,l(y —z(p—c)z+ (1 +d)R —dcy)

—dcVyp12(y =2, (p =)z + (1 + d)R — dey) [dF (2)
+(p— (1 +d)e) (1 = F)Var1200, (p— (1 +d)e)y + (1 +d)R).
Since y; (R) is the maximizer of 7,(y, R), to prove y (R) > R/c whenon R <

cay ., it suffices to prove m, 1 (R/c, R) > Oon R < ca; . Noting 17,,,1()6, R)=0
when x < R/c < a),,, we have

a1 (R/e. R) = (p— (1 + d)e)(1 — F(R/e)Vyy12(0. pR/c)
Rfc _
—de / iR/ —2.(p — )z + RYF ()
0

> (p—(1+d)e)(1 = F(R/c)V,1120, pR/c)
—dcF(R/c)V,112(R/c. R), (4.16)
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where the inequality follows from the concavity of V, 41 (x, R) in R:
Vair12(R/c —2.(p — )2+ R) < Vay12(R/c — 2. R)
and that 17,,4_1,12()6, R) = 0 is independent of x:
Vat12(R/c — 7, R) = Vyp12(R/c, R).
Since R < cay | < cF~! (%td)”), we have
(p— (1 +d)c)(1 = F(R/c)) > dcF(R/c). 4.17)

To prove that the right hand side of (4.16) is nonnegative, we consider two ranges
of R separately.

Case I: ca,,, < R < ca, . By (4.7) we have

G () = A+ DY (p = )1 = F(y)) = de],

and since VH/ H.z(x, R) is decreasing in R, it follows from (4.14) that
Vag1200, pR/c) = 1im V,112(0,y) > (1 +d)N™".
y—>00

Hence applying these inequalities and (4.14) on the interval ca,,, < R < ca,
yields

(p— (1 +d)e)(1 — F(R/c)Vy4120. pR/c) — dcF(R/c)Vyt12(R/c, R)
> (p—(1+d)c)1—F(R/e)(1 +d)N™ —dcF(R/c)
[+ DY + Gy (R/c)/c]
> [(p— (1 +d)e)(1 — F(R/c)) —dcF(R/c)|(1 + d)V ™"
—dcF(R/c)(1+d)N ™" '[(p —c)(1 — F(R/c)) —dc]/c
=1+d)N[1+d(1 = F(R/e)][(p— (1 +d)e)(1 — F(R/c))
—ch(R/c)]
>0,

where the last inequality follows from (4.17). Therefore, 7, 1(R/c, R) > 0 in this
case.

Case 2: R < ca,,. From (4.15), we have

Tus1(R/¢, R) = E[Vai2((R/c — Dyy)T. (p — ) min{R/c, Dy i1} + R)],
(4.18)
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hence

R/c
d]'[n_H(R/C, R)/dR = / [V,1+2,1(R/C —Z, (P —C)Z+ R)]dF(Z)
0

+ g(l — F(R/¢))Vy422(0, pR/c)

R/c
+ /o Vat22(R/c —z,(p — )z + R)|dF(2)

- Rfe
L= FRIT220. RO+ [ iaa(Re =2 (p =)+ RIF ()

< 20 FRI) V20,98 /0) + P EDE PR 104000, R )
= W(l — F(R/¢))Vy422(0, pR/c), (4.19)

where the second equality follows from V,, 151 (R /c —z. (p—c)z+ R)] = 0 because
of (4.13) and the induction assumptions for n + 2, and the inequality is based on the
following argument. When R < cay,, < ca; , from the induction assumption we
have y:H(R) > R/c, and hence 7,411 (R/c, R) > 0, which implies, by (4.16) for
n + 1, that

(p— (L +d)e)(1 = F(R/c))Vy422(0, pR/c)

R/c _
> de / Vriaa(Rc — 2. (p — )z + RIF().
0

For R < ca; ,, applying (4.16) and (4.19) we obtain

m,1(R/c, R)
> (p— (1 +d)e)(1 = F(R/¢))Vat12(0. pR/c) — dcF(R/c)Vi12(R/c, R)
= (p—(1+d)c)(1 = F(R/c))Vy112(0. pR/c) — dcF(R /c)dm,+1(R/c. R) /dR
> (1= F(R/)[(p — (1 + d)e)Vut12(0, pR/c)
—(p—)(1 + d)F(R/c)V,422(0, pR/c)]
> (p— (1 +d)e)(1 = F(R/)[Vas12(0. pR/c) = (1 + d)V,422(0, pR/c)].

where the last inequality follows from (p — ¢) F(R/c) < p — (1 4+ d)c because of

R<ca; < cF_l(—p_(l_td)c).

Therefore, the desired result 7, 1 (R/c, R) > 0 will follow if we can prove

Vo120, R) — (1 4+ d)V422(0, R) > 0 (4.20)
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for all R. This is again done by backward induction. First we have
Vn2(0.R) = (1 + d)Vy+12(0,R) = (1 +d) — (1 +d) = 0.

Assume 17,14_2,2(0, R)—(1+ d)17n+3.2(0, R) > 0, we proceed to prove (4.20). If
R > ca;,, then by (4.14) for n + 2,

Vig12(0,R) — (1 + )220, R) > 1+ )V " = (1 +d)A +d)V "' =0.
If cay ; < R < caj_,, thenby (4.7) for n + 2, we have

Ghia(R/e) < 1+ )" ?[(p—e)(1 = F(R/c)) — dc], 4.21)
and by the concavity of V,42(x, R) in R we have

Vis22(R/c =2, (p =€)z + R) = Vagao(R/c —z. pRjc),  (422)
and since I7n+2,2 (x, (p — ¢)z + R) is independent of x when x < ca;_ ,, we have

Vit22(R/c =2, pR/c) = Vy422(0. pR/c). (4.23)

Applying (4.14) we obtain

17n-}-l,z(O, R)—(1+ d)ﬁn—i-z,z((), R)
. dr,+1(R/c, R)
B dR

—(1+dV ™" =1 +d)G,1, (R/c)/c

> f(l — F(R/c)Va422(0, pR/c) + /0 v Vit22(R/e =z, (p = ¢)z + R)AF(2)
1+ )" = 1+ )V (p = )1 = F(R/c) —dc]/e

= |E( = F(R/e) + F(R/0)| V42200, pR/C)

~+ )" B FRje) + FR/)|

L1~ F(R/e)) + F(R/E)] (Vatan0. pR/C) (1 + )=~

0,

v

where the first inequality follows from (4.19) and (4.21), the second inequality is
due to (4.22) and (4.23), and the last inequality follows from the observation that,
by (4.14) for n + 2, when pR/c > R > cay, 5, we have Vi122(0, pR/c) >
(1 +d)N=""1
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Finally, if R < ca;, 5, then

Vo120, R) — (1 + d)V422(0, R)

dmy4+1(R/c, R dm,2(R/c, R
_ 1 (R/c )_(1+d)77+2( /c.R)
dR dR

= 201 = F(R/e)Wit22(0. pR/) = (1 + &) V4220, pR /)]

Rfc
+ / WVri2a(R/e — 2 (p— )2+ R)
0

~(1+d)Vy432(R/c —z.(p — )z + R)AF(2)
>0,

where the first equality follows from (4.14), the second equality follows from (4.19)

for n + 2 and n + 3, and the inequality follows from the induction assumption.
Hence, we have proved m, (R/c, R) > 0, implying y*(R) > R/c if R <

cay ;. The proof of Theorem 4.3.6 is completed. |






Chapter 5
Dynamic Inventory Management
with Short-Term Financing

5.1 Introduction

A large literature on corporate finance has paid sufficient attention on start-up and
growing firms and tried to establish solution concepts for capital shortage problem.'
While financial and operational decisions are usually studied separately. As one
of the most fundamental results in corporate finance, Modigliani-Miller (MM)
proposes that in perfect capital markets, the firm’s capital structure and its financial
decisions (e.g., the allocation between equity and debt) are independent of the
firm’s investment and its operational decisions (e.g., inputs and outputs, the levels of
inventory and capital). However, real capital markets are imperfect: there are taxes,
information asymmetry, accounting costs, bankruptcy costs, and so on. In many
cases, start-up and growing firms with limited capital should seek help from banks
or other lenders for more capital available to fund operations.

The firm considered in Chap. 4 is self-financed, a natural extension of the model
is to allow the firm to borrow from the bank or other lenders. One can even impose
an upper borrowing limit, which is typical in many applications.

In this chapter, we consider a classic dynamic inventory control problem of a
retailer who periodically replenishes its stock from a supplier, sells it to the market,
and is allowed to borrow from the bank or other lenders. Excess demand in each
period is lost when insufficient inventory is available. The demands for different
periods are i.i.d. random variables. Asset-based financing is allowed for the retailer
being short of cash flow, which is updated periodically following the purchasing
and the sales in each period. We seek to gain in understanding on how operational
decisions interact with and are affected by cash flows and financial decisions in
a dynamic setting. The objective of the firm is to maximize its expected wealth
level at the end of the planning horizon. We obtain the explicit structure on how

I'The following discussion in this chapter is largely based on the ideas and results presented in
Chen (2008).

J. Li et al., Risk Management of Supply and Cash Flows in Supply Chains, 127
International Series in Operations Research & Management Science 165,
DOI 10.1007/978-1-4614-0511-5_5, © Springer Science+Business Media, LLC 2011
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the optimal inventory control strategy depends on the cash flows. Conditions are
identified under which the retailer will choose either to borrow or to deposit in each
period. The bankruptcy probability is also studied.

The rest of this chapter is organized as follows. Section 5.2 presents the model.
Section 5.3 investigates the optimal inventory control strategy with short-term
financing. Some numerical studies are included in Sect. 5.4. The chapter concludes
in Sect.5.5 with some remarks and some possible extensions. Throughout the
chapter we use “increasing” and “decreasing” in non-strict sense, i.e., they represent
“nondecreasing” and “nonincreasing”, respectively. Also, for any real number Xx,
xT = max{x,0} and x~ = max{—x,0}.

5.2 Assumptions and Model Formulation

We consider the periodic-review inventory control problem with a single retailer
who sells single product. The risk neutral retailer faces random demand and
makes replenishment decisions over a finite time horizon of N periods. The
successive periods’ demands D,(1 < n < N) are independent and identically
distributed nonnegative random variables, with f(-) and F(-) be their probability
and cumulative distribution functions respectively.

Let p be the unit selling price, and ¢ the unit ordering cost. Suppose that any
inventory left at the end of the planning horizon has a salvage value y per unit. To
avoid triviality we assume

—oc0o<y<c<p, (5.1

with a negative value of y representing disposal cost. Furthermore, the lead time is
assumed to be zero and hence an order placed at the beginning of period n arrives
immediately before demand is realized. The unsatisfied demand is assumed lost.
Without loss of generality, we assume no holding cost and shortage cost.

The sequence of events in each period is as follows. At the beginning of each
period, the retailer borrows from the lender with fixed interest rate b and then places
an order with his capital borrowed and on hand. Then the retailer deposits the surplus
capital in a saving account with fixed interest rate d, where d < b. During the period
demand is realized. At the end of the period the retailer receives the selling income
and repay the interest to the lender (or receive the saving interest).

We further assume that p > (1 4+ b)c. If this condition is not satisfied, then the
firm will never borrow.

Let S, be the capital level at the beginning of period n, let x,, and y, be the
inventory levels, before and after the replenishment decisions respectively, at the
beginning of period n, and let Sy 4+; be the terminal wealth at the end of the planning
horizon.

Because the borrowing interest is higher than the saving interest, if the retailer
borrows, then no deposit will be issued, and the vice versa. Specifically, if the retailer
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needs to borrow, then ¢(y, — x,) — S, is borrowed and b(c(y, — x,) — S,) should
be repayed as the borrowing interest. And if the retailer has enough capital such
that ¢(y, — x,) < Sy, then the remaining capital in period n, S, — c(y, — X,), is
deposited in the saving account to generate an interest of d(S, — c(y, — x)). The
revenue from sales in period n is p min{y,, D, }. Hence, the total capital level at the
end of period n, which is also the capital level at the beginning of period n + 1, is

Sp+1 = pmin{yn» Dn} + 0 4+4d)S, — C(yn - xn))+
—(1+b)(Sy—c(yn—xu)~, forn =1,2,....N (5.2)

Since we consider lost-sales model, the inventory level at the beginning of period
n+1lis
Xpt1 =y —Dy)T, for n =1,2,...,N (5.3)
Therefore, the decision problem of the retailer is to decide an ordering policy to
maximize the final capital level, given initial inventory level x; and capital level S|,
and subject to a capital constraint for each period. That is, the decision problem is

max E[SN_H], (54)
Ve IN
subject to (5.2) and (5.3),and y, > x,,n =1,2,..., N.

Next we assume that the lender will not set a loan limit, i.e., the retailer can
borrow as much as he wants.

Denote by V,(x,S) the maximum expected terminal wealth given that the
inventory level and capital level at the beginning of period n are x and s. Then
the following dynamic program can be employed to solve decision problem (5.4).
The optimality equation is

Va(x.S) = max E[V41 (v = D)™ pmin{y. Dy} + (1 +d)(S —e(y —=x)*
—(1+D)(S —c(y —x) I (5.5)
with boundary condition

V+1(x,8) =S + yx,

The trade-off in the dynamic programming equation above is between ordering
inventory (and therefore earning profit from sales) and borrowing (and paying
interests) or putting cash in savings account (and earning interests). When inventory
is ordered, the retailer runs the risk of not selling the inventory and therefore
pays more in the form of borrowing interests or loses the opportunity of earning
an interest. Note that the problem in the last period is effectively a newsvendor
problem.
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5.3 The Optimal Inventory Control Strategy with Short-Term
Financing

In this section, we investigate the optimal inventory control strategy with short-term
financing.

To derive the optimal control strategy, several lemmas are needed. The first
lemma follows immediately from induction.

Lemma 5.3.1. For any period n and fixed x, V,(x, S) is increasing in S.

Lemma 5.3.1 is intuitively clear: More the initial capital level, is better for the
final objective. To establish the second order property of the value function V,, we
need the following result.

Lemma 5.3.2. Foranyn, V,(A —z, B + pz) is increasing in z for fixed A and B.
Proof. Note that

Vi(A =2z, B + p2)

= max E [V,,+1((y — D))", pmin{y, D,}
y=A—z

+(14+d)(cA+B+(p—c)z—cy)*t
—(1+d)(cA+B+(p—c)z—cy)T].

It follows from Lemma 5.3.1 that the function being maximized above is increasing
in z. Since the feasible region y > A — z is also increasing in z, V,,(A — z, B + pz)
is increasing in z. O

Lemma 5.3.2 is essential in proving the second order property of the value
function. The lemma says that it is better to keep cash than having inventory in
stock at the beginning of the period. This can be intuitively explained as follows:
Capital at the beginning of a period is more flexible than inventory in stock since
the firm can always convert it to inventory by placing an order. However, the reverse
is not true. In particular, if the on-hand inventory is higher than necessary, it would
have been better to have part of that inventory in the form of cash to earn interest.

Lemma 5.3.3. Foranyn, V,(x, S) is jointly concave in x and S.

With unlimited borrowing allowed, in any period if the loan level is high enough
while the selling income is not as expected, then the retailer may find itself still in
arrears after repaying the borrowing interest, i.e., S < 0. Assume that the inventory
value can also be accounted by salvage, define a retailer as bankrupt for period n
if Sy41 + yxu4+1 < 0, the following theorem presents the probability of retailer
bankruptcy.
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Theorem 5.3.4. For period n, if the retailer borrows more than %,

then the probability of retailer bankruptcy in the end of the period is

F (((1+b>c—y>yn—(1+b)(s"+(,~m))
=y ’

Proof. First notice that only if the retailer borrows, the bankruptcy will occur. If
Yo < Dy, then S,41 = (p— (1 +b)c)y + (14 5)(S + cx) > 0. Hence y, > D,.
Thus

Sn1+ YXnt1 = (p =)Dy — (1L + b)c = y)yu + (1 +b)(S, +cx,) <0

yields

_ (@4 b)c = y)yn = (A +D)(Su + cxn)
< "y .

n

Finally we obtain the probability of retailer bankruptcy in the end of periodn. O

Without loss of generality, we assume that once the retailer is bankrupt for any
period, it is allowed that productions can be proceeded in the following periods. But
clearly borrowing has to be issued in the next period. Specifically, if S < 0, then no
deposit will occur.

We find it convenient to study the value function in terms of x and R = S + cx.
Define

(¥, R) = E[Vyp1((y — D,)*, pmin{y, D,}
+(A+d)R—-cy)T—A+b)(R—-cy))].

Then the optimality equation (5.5) can be rewritten, after introducing a new function
V,, as ~
Va(x, R) = V,(x, R — cx) = max 7, (y, R).
y=x

Note that m,(y, R) is jointly concave in (y, R). For given R, let y;(R) be the
maximizer of the unconstrained optimization problem max, m,(y, R). Then the
optimal inventory policy is given in the following result. Its proof follows directly
from Lemma 5.3.3. Hence, it is omitted here.

Theorem 5.3.5. When the state is (x,S) at the beginning of period n, a capital-
dependent base stock inventory policy y(R), where R = S + cx, is optimal. More
specifically,

(i) Ifx < yy(R), itis optimal to order up to y;; (R).
(ii) If x = y¥(R), then it is optimal not to order.

We refer to y(R) as the optimal base-stock level for period n. Hence, for each
state (x, S) with R = S + cx there is an order-up-to level y; (R).
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The optimal strategy can be messy if y(R) is a complicated function of R. In
the following we study y(R) in terms of different R. Define

7 (y.R) = m,(y. R)|R > cy
= E[Vot1((y = D)™, pmin{y, D,} + (1 + d)(R — cy))]

and

7, (v, R) = m (. R)|R < cy
= E[Va41((y = Do)*, pmin{y, D,} + (1 + b)(R — ¢))]

and y?(R) and y?’(R) as the maximizers of concave functions 7¢(y, R) and
72 (y, R) respectively. The following lemma shows the relationship between y*(R)
and y¢(R) and y?(R), with the proof by noting that 7, (y, R) is concave.

Lemma 5.3.6. The following relationship is satisfied:

yp(R). R <cyl(R).
yi(R)=13R/c, ¢y’ (R) <R <cy’(R), (5.6)
yH(R). R=y!(R).

Lemma 5.3.6 shows that y;(R) depends on R in following ways.

i) IfR<c ynb (R) is at a low level, then the retailer borrows and replenishes the
inventory to y’(R).

(i) Ifcy?(R) < R < cy?(R), the retailer will use up the capital on hand while
not borrow nor deposit.

(iii) If R > cy?(R) is at a high level, then the retailer deposits and replenishes the
inventory to y¢ (R).

The optimal strategy can still be messy if y?(R) or y?(R) is complicated
function of R. We further need to characterize the properties of y?(R) and y?(R).
Firstly, let

$¢(R) = min{y¢ (R), R/c}.

Then y*(R) = max{y?(R), $¢(R)}. Fortunately, in the following we are able to
present a extremely simple form for $¢ (R). More specifically, we show that ¢ (R)
can be completely determined by a single parameter a“. To that end, we introduce
a sequence of concave functions G¢(y) as follows: G]‘f,ﬂ (y) = (y —¢)y and for
n=12,...,N,

GY(y) = (1+d)"™((p — ¢)E[min{y, D,}] — dcy)
+E[GY, (max{a?,,, (y — D») "}, (5.7)

where ajiv+1 =0andforn =1,2,..., N, a,‘f is the maximizer of G,‘f(y).
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Lemma 5.3.7. The following relationship is satisfied:
F! (—p_(l +d)c) >a{ >af = zaf =F"! (—p_(l +d)c) :
p—c PV
where F~" is the inverse function of F.

Proof. We prove the result by induction. Clearly
Gy () = (p—)Emin{y, Dy} —dey + (y —e)(y — Dy)*

is concave in y, its maximizer
al‘{,zF_l(p_(l_'-d)C) < F (p—(1+d)c)
p= p—c

is the newsvendor solution. Assume that we have proved the result for n + 1, i.e.,
Gu+1,...,Gy are concave and

Fl (w) >ad  >al, > ->al, = F' (w)
p—c —
we need to prove n. Take derivative of G¢(y) with respect to y yields

GY(y) =1+ )N ™"[(p—c)1 - F(y)) —dc]
+E[G21+1/(y - Dn)l[Dn = Yy - ang]]:I, (58)

Gl'(v) ==+ "(p =) f() + E[Gyy)" (v = D)UD, < y —ay]].
(5.9)

Hence, it follows from the induction assumption that (5.9) is non-positive and
GZ(y) is concave in y.

Substituting y = a,‘fﬂ in (5.8), the second term on the right hand side of (5.8)
is 0, and the first term is non-negative. Thus G¢'(a?, ) = 0 and a? > a?,,.
Furthermore, note that the first term on the right hand side of (5.8) vanishes at
y=F"! (%), while the second term

Gl /(y =D)I[D, <y —afl ] =Gl (v — D)1y — Dy = ally )]

is always non-positive because a? 41 is the maximizer of G4 +1- This shows that
ad < F—I(P—(1+d)0)_ O

n — p—c
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The following decomposition result allows us to characterize y,f’ (R). Its proof is
lengthy and is provided in the Appendix.

Theorem 5.3.8. (i) For any period n, when R > ca,‘f+1 and y < R/c, the
objective function n,‘f (v, R) can be decomposed as

7l (y,R) = (1 +d)" "R + G ().

(ii) If R > ca,‘{, then y,‘f(R) = a,‘f, and if R < ca?, then y,‘f(R) > R/c.

n’

Theorem 5.3.8 states that, for large R and small inventory level y, the value
function 71,‘[1 (y, R) can be decomposed to concave functions of R and y alone.
This is not true, however, for small R or large y. Indeed, in general we would
expect the value function n,‘li (y, R) to be a complicated function of (y, R), and
the separability comes as a surprise. It is this separability result that enables us to
significantly simplify the optimal inventory control strategy. Note that y,‘f (R) is the
optimal solution for max,, n,f (y, R), which is the desired inventory level for stage
n without the capital constraint, while a,‘f is a constant, that is, the maximizer of
concave function G,‘f (+). Part (ii) of Theorem 5.3.8 states that y,‘f (R) becomes flat
and equal to a,‘f on R > ca,‘f.

Following directly from part (ii) of Theorem 53.8 and $¢(R) =
min{y,‘f (R), R/c}, we find that

74 (R) =

and moreover

a,‘f, R > ca

max{yf;(R),R/c}, R <ca?

b A
Y (R) = max{y,(R), 5 (R)} = {
o
So far we have shown when the retailer will deposit, next we will try to figure out
the properties for the retailer borrowing. To that end, we introduce a decreasing
sequence of constants F’l(%) >ab>...>af = F*I(%), where

al satisfies

”n_”r‘{-i-l
/ Gl /(@ —2)dF @) +[p— (L +b)e—(p—c)F@)(1+d)" ™" =0
0
(5.10)

b

b < a?. Then the following is the main result of this chapter.

and a,”ll+1 <a
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Theorem 5.3.9. Suppose the state at the beginning of period n is (x,S) and let
R = S + cx. The optimal base stock level for period n is

y2(R), R <ca’

yn(R) =1 R/, Caz <R <ca?

0
d R > ca?

n? n-:

a

That is, for any period n with state (x, R), the optimal inventory control policy
is to,

(i)  Replenish the inventory level to y?(R) if R < caZ and x < y,’: (R)
(i) Replenish the inventory level to R/c if ca’ < R < ca and R/c > x
(iii) Replenish the inventory level to aj if R > ca,”f > cx

(iv) Do not order anything if R < ca, < cx or R > cx > ca

n

Theorem 5.3.9 further shows that the retailer will have to borrow when R < ca’

in period n. However, we point out that the optimal ordering quantity, qf; (R), can be
quite complicated when R < caﬁ. As a matter, ¢”(R) may not be even monotone
on R € [—oo0, ca’]. See the numerical example in Sect. 5.4.

5.4 Numerical Examples

We present numerical examples to demonstrate the optimal inventory policy and
its dependency on wealth level R. The model parameters in all these numerical
examples are p = 1.3 and ¢ = 1. The interest rates are setat b = 0.1 and d = 0.05,
and the salvage level is y = 0.5. The demand has truncated normal distribution with
mean 10 and variance 10. Assume that there are totally N = 4 periods.

First compute the optimal policy parameters a? and a’ forn = 1,2, 3 and 4 via
optimizing concave functions G¢(y) and solving (5.10). Note that the upper and
lower bounds for a¢ are given by F~! (”_Sftd)‘) =20.7931 and F~! (%) =

8.0214, and for a’ are given by F~'(£=22)) — 158151 and F~!(£2={20k) —
p—c Py
6.6547.

Figure 5.1 demonstrates how the optimal solutions y?(R) and y¢(R) depend
on the wealth level R. The numerical results are for period 3. It shows that
yé’ (R) < ygl (R) and they are both quite complicated. However, we have the
following findings:

(1) When R > caf, y¢(R) = a{ < R/c, and when R < ca?, y¢(R) > R/c
(2) When R > cdi, y2(R) < R/c, and when R < cad, y¢(R) > R/c
Next Fig.5.2 demonstrates how the optimal inventory policy depends on the

wealth level R. It shows that when R > cagl, y;(R) = agl; and when cag < R <
caf, y¥(R) = R/c; and when R < cd, y¥(R) = y2(R).
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Fig. 5.2 Optimal base stock policy for period 3
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5.5 Concluding Remarks

In this chapter we study a dynamic inventory control problem with asset-based
financing. We derive the optimal inventory policy for each period, and character-
ize the dependence of the firm’s optimal operational policy on its financial status.
We also identify when the Retailer will borrow or deposit. The model further refer to
the probability of firm bankruptcy as well. We find that for most of these models, the
results in Lemmas 4.3.1, 4.3.2, and 4.3.3 and Theorem 4.3.4 in Chap. 4 can still be
obtained. However, more precise structure of the optimal control policies beyond
the “capital-dependent base-stock”, such as Theorem 4.3.7 in Chap. 4, is difficult to
obtain without imposing further structure in the model. These are just a few possible
extensions and it appears that each of these variations will lead to different optimal
solution structure that is worthy of study.

Many interesting issues remain to be investigated. For example, if there is a
holding cost rate & and shortage cost rate b for each period, then the optimality
equation becomes

max E[Sy+1],
Vs IN

subject to
Yn = Xn, n=12,...,N,
where

Sy+1 = pmin{y,, D,} — hmax{y, — D,,0} — bmax{D, — y,,0}
+(1+d)(Sy —c(yn — xn))+ —(L+b)(Sy—c(yn —x0))",

and, as before, x,+1 = (y, — D,)™. Note that Lemmas 5.3.1, 5.3.2, and 5.3.3
continue to hold, thus Theorem 5.3.5 also holds and the optimal inventory control
policy is a capital dependent base-stock policy. As a matter of fact, Theorem
5.3.5, as well as Lemmas 5.3.1, 5.3.2, and 5.3.3 hold true under much more
general settings, e.g., under general revenue function, and under utility function
optimization, etc. However, for Theorems 5.3.8 and 5.3.9, the objective function
can no longer be decomposed, and the control parameters of the optimal base-
stock policy are complicated and state-dependent. The problem will be even more
complicated if we allow the selling price p to be a decision variable when the
demand D,, depends on the selling price in period 7.

The setting used in this chapter assumes that the demands over periods are
independent and identically distributed. We pointed out that the results, Lemmas
5.3.1, 5.3.2, and 5.3.3 and Theorem 5.3.5 hold true as long as the demands over
periods are independent and they do not need to be identically distributed.
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Appendix

Proof of Lemma 5.3.3. By induction. Clearly, Vy4+1(x,S) = S + yx is jointly
concave in x and S. Assume that V;,41(x, §) is jointly concave in x and S. We now
prove the property for n.

We firstly prove V, 1 ((y = D,) ™, pmin{y, D,}+(14+d)(S—c(y—x))T—(1+b)
(S—c(y—x))7) is jointly concave in (y,x,S). Then for any (y;,x;,S;) and
(y2,x2,82) and 0 < A < 1, we need to prove

Vet (A + (1= 2)y2 = D) * pminfAys + (1= 2)y2. D}
F(1+d)AS1 + (1 =2)Ss —c(yr + (1 = A)y2 — Axi — (1 — )x2)) *
—(1+BY(AS1 + (1 = )82 = ¢y + (1= A)y2 = Ax = (1 = D))
= W (1 = D) pmin{yi, D} + (1 + d)(S1 = e = x)) "
—(1 4+ b)(S) — e —x,))‘)
(1= WVart (2= D)F, pminys, Do} + (14 d) (S = ez = x2))
—(1+D)(S, —c(ys — xz))*)
Notice the relationships (y — D,)™ = y —min{y, D,} and (1+d)(S—c(y—x))T—

(14b)(S—c(y—x))"=(b—d)min{cy, S + cx} — (1 + b)cy + (1 + d)(S + cx).
For convenience let

y=Ayi+ 1=y

¥y =min{Ay; + (1 —A)y2, Dy},

y = Amin{y, Dy} + (1 — A) min{y,, D,},

S = min{c(Ly; + (1 = A)y2), AS1 + (1 = 2) S + c(Ax; + (1 — 1)x2)},
S = Amin{cy;, S1 4+ c¢x1} + (1 — A) min{cy;, S» + cxz}.

Thenby j > 3 and S > S, we have
Vst (1 + (1= 2)y2 = D)*, pminfiys + (1= D)yz, Do}

F(1+ d)(AS) + (1= 2)Ss —c(yr + (1 = A)ys — Ax; — (1 = A)x2)) ©

—(14b)(AS) + (1=2)S5 — c(Ayr + (1 = A)yr — Axy — (1 — )t)xz))_>
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= Vit ((/Ul + (1= A)y2— D))", pmin{Ay, + (1 = 1) y2, D}
4+ —d)min{c(Ay; + (1 = A)y2),AS1 + (1 = 1),
e 4+ (1= )xa)) — (14 b)e Gy + (1= 1))
T+ d)YAS) + (1 =1)Ss + cOxy + (1 — x)xz)))

= Vo1 (F =525 + (b= d)S = (1 +b)e(yr + (1 = 1)y2)
H(1+ RS+ (1= )8 +cQxr + (1= H)x)
= Vit (7= 505 + 0 = )S = (1L 4+ b)eChyr + (1= W)y2)
+(L+ d)AS) + (1= A)S: + e + (1= 2)x2) )
= Vort (M01=D) +(1=1)(02=D)* Ap min{y1, Dy J+(1-2) p min{y2, D, }
+A(b—d) min{cyy. S1+cx; }+(1=2) (b—d) min{cy,, Sy+cxs}
—(1+b)c(ky1+(1—/1)y2)—l—(1—I—d)()tSl—i-(l—)t)Sz—i-c()\xl—i—(l—)\)xz)))
= Wit (01=Du) " pminfyr. D,}+(b=d) minfeyr. Si+ex)—(14+b)ey,
+(1+d)(S1 +ex)
+(1 = 2)Vast (02 = Da)*. pmin{ys, Dy} + (b — d) minfeyz, S, + cxa}
— (L4 b)ey2 + (14 d)(S> + ex2))
= Wt (1 = D)* pmin{yr Dud + (14 d)(S1 = e = x)
—(1+b)(S1 — c(y1 — xl))_)
+ (1= Vi (02 = D) * pmingya. D} + (14 d)(S2 = (32 = x2)

—(1+b)(S2=c(2 = x) ),

where the first inequality follows from Lemma 5.3.2 and the second inequality
follows from the concavity of V,,+1(x, S). Thus V,+1((y — D)™, pmin{y, D, } +
(I4+d)(S—c(y —x)T =1 +b)(S —c(y—x)))is jointly concave in (y, x, S)
and so is the expected value. Finally since

C={y:y=x}

is a convex set, applying Proposition B-4 of Heyman and Sobel (1984) we conclude
that V,(x, ) is jointly concave in x and S. O
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Proof of Theorem 5.3.8. The proof is by induction. By the definition of G¢(y) and
Lemma 5.3.7 we have
7 (y.R) = pEmin{y, Dy} + (1 + d)(R —cy) + yE(y — Dy)*
=1 +d)R+GL(»).
Hence yj‘\", (R) = a;{, for all R.

Assume that the results have been proved for n + 1, i.e., when R > ca;‘f 1 and
vy <R/c, n,‘f+1 (¥, R) can be decomposed as

T (0 R) = (L+ )V 'R + Gy ()
and that if R > ca?_ |, then y?, | (R) = a?, |, andif R < ca?,,, then y¢  (R) >

R /c. We will now prove the statement for 7.
From Theorem 5.3.5 we have

”n+1(R/C’R)’ R/C = y:—l—l(R)’
IZH—](X, R) = 7Tn+1(y;,k+1(R), R), X < y:+](R) < R/C, .10
7Tn+1(X, R), X = y,f+1(R)-

By the inductive assumption and Lemma 5.3.7 we can rewrite (5.11) as

7 1 O (R), R), R <yl ((R)&x < b, (R),

7l (R/c.R), eyl (R)<R<cal,, & x<R/ec,
Vigi1(x, R) = (1+ )N R+Gily (R/e),  cay, < R <cajy &x < R/e,

1+d)N "R+ G4, @@l ). x<al  <R/c,

(1+d)N"R+GI, (x). al, <x <Rje,

7y 41 (6. R). Yoo (R) <x&R/c < x.

(5.12)

where & denotes “and”.
The last two shows that if R > ca,‘f_,_1 and R > cx, then V,+;(x, R) can be
rewritten as

Vir1(x. R) = (1 + )N "R + GYy  (max{a], . x}).
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As aresult, if R > ca,‘f+, and y < R/c, then (p —c)min{y, D,}+ (14+d)R —dcy
is larger than ca,”fJrl and ¢(y — D,)™, and hence ¢ (y, R) can be expressed as
7 (7. R) = E[Var1 (v = D). (p — ) min{y, Dy} + (1 + d)R — dcy)]
=1+ "R+ 1+ )N (p — ¢) E min{y, D, } — dey)
+EG (max{a;l, ;. (v — D)t}
=1+ VTR + GA(y).
Therefore, when R > ca,‘f+1 and y < R/c, the maximizer of n,‘f (y, R), y,‘f(R),
is equals to a?, the maximizer of G¢(y). Furthermore, when R > caf > cal,,,
y?(R) = a?,and whencal, | < R < cal, y!(R) > R/c.

We next prove that y,f (R) = R/con R < ca,‘f .- For notational convenience
in what follows we use 17,1$1 (x, R) and 17,1,2 (xx, R) to represent the partial derivatives
with respect to x and R respectively, and V, 12(x, R) the cross derivative. From
(5.12), taking derivatives of V,41(x, R) yields

0, R>cx&x§a,‘fJrl oercxfcyf;H(R),
Vitr1(x, R) = GY,\/(x), al,, <x <R/c,
mp (. R), Y (R) <x&R/c<x.
(5.13)

and

dry 4 (41 (R). R)/dR, R<cyp ((R)&x <y} ((R).
d”:li+1(R/c’ R)/dR, cy’};_H(R) <R< caZ+2&§R/C,
Vat1206 R) = (L + DN+ Gl (Rfe) e, cafy, < R <cal,, &x=R/c,

14+ d)N—n, R/c>al,  &x <R/e,

”£+1.2(va)v y,l1’+1(R) <x&R/c < x.
(5.14)

Note that 17,,+1,2(x, R) is independent of x when x < R/c, hence 17,,+1,12(x, R)=0
when x < R/c. By

7 (v, R) = E[Var1 (v = D)*. (p — ) min{y, D} + (1 + d)R — dey)],
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taking derivative of 7 (y, R) with respect to y yields

T (3, R) = /0'[17"+1,1(y—z, (p—0)z+ (1 +d)R—dcy)

—dcVyg12(y =2, (p—)z+ (1 +d)R—dey)|dF (2)
+(p—(1+d)e) A= F(3)Vut1200,(p—(1+d)c)y + (1 +d)R).

Since y¢ (R) is the maximizer of ¢ (y. R), to prove y¢(R) > R/con R < ca’, |,
it suffices to prove JTS,I(R/C, R) = 0on R < ca?_ . Noting that Vir11(x,R) =0
when x < R/c < al, |, We have

7! (R/c,R)

= (p— (L + d)e)(1 = F(R/e)V 1200 pR/c)
R/c
—de / Viia(R/e —z.(p — )z + RYAF(2)
0

> (p— (1 +d)e)(1 = F(R/e)V412(0, pR/e)=dcF(R/e)Vos12(R/c, R),

(5.15)
where the inequality follows from the concavity of V,41(x,R) in R and
Vasr2(x, R) = 0 when R > cx. Since R < cal | < F_l(%td)v), we
have

(p—(+d))(l — F(R/c)) > dcF(R/c). (5.16)

To prove the right hand side of (5.15) is non-negative, we consider two ranges of
R separately.

Case I: cal,, < R < ca?_ . By (5.8) we have

GY'(y) < (1 + )V ™"[(p — )1 = F(y)) — dc], (5.17)
and since 17,1+1,2(x, R) is decreasing in R, it follows from (5.14) that

V1200, pR/€) = lim Vy112(0,y) = (14 )"

Hence, applying these inequalities and (5.14) on the interval ca,‘f < R= ca,‘f 41
yields
(p— (1 +d)e)(1 = F(R/c))V,112(0, pR/c) = dcF(R/e)Vy12(R/¢, R)
> (p—(14+d)c)(1-F(R/c))(1+d)¥ " —dcF (R/c)
[(1+ )Y + Gl (R/e)/c]
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> [(p— (1 +d)e)(1 = F(R/c)) —dcF(R/e))(1 + d)N™"
—dcF(R/c)(1 +d)Y'""[(p — )1 — F(R/c)) —dc]/c

=1+ DY {(p— (1 + d)e)(1 — F(R/¢)) — dcF(R/c)]
+d(1—F(R/c)(p— (L +d)c)—(p—c)F(R/o)]}

> 0.

Where the last inequality follows from (5.16). Therefore, ”ﬁl,l (R/c, R) = 0 in this
case.

Case 2: R < ca?,. From
Tut1(R/e, R) = E[Vipa((R/e = Dyy)t, (p — ) min{R/c, D41} + R)]
We have

dr?, (R/c,R)/dR

Rfc
Z/o Vas2.1(R/c—2z, (p—c)z+R)]dF (z)
)4 ~ Rfe _
+?(1_F(R/C))V"+2,2(0’pR/C) +/(; Wat22(R/c—z, (p—c)z+ R)]AF (2)

- Rje
= L= F R}V, 12200, pRIC) + [0 Vrs22(R =z, (p—)z+ RIAF(2)

< LA=F(R/e)Vi2200. pR/€) + (p=(1+d)c)

x(1=F(R/c))Vy422(0, pR/c)/dc

= CZOED (1 FR/e)Tp42200. pR /). (5.18)

Where the first equalities follow from V,, 45 (R /c — z, (p — ¢)z + R) = 0 because
of (5.13) and the inductive assumption for n + 2. The inequality can be obtained
as follows. When R < ca,‘f < ca,‘f 1 according to the inductive assumption we
have y?, |(R) > R/c and hence ¢, |(R/c, R) > 0, which implies, by (5.15) for
n + 1, that

p—(+d)e)1—F(R/c))Vas22(0. pR/c)

R/c
> dc/ Vig22(R/c —z,(p —c)z+ R)AF(2).
0
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For R < ca?,, applying (5.15) and (5.18) we obtain
7d (R/e, R)
> (p—(L+d)e)(1 = F(R/e)V,412(0, pR/c) — deF(R/c)Vyt12(R/e, R)
= (p—(1+d)e)(1=F(R/))V,+12(0, pR/c)—dcF(R/c)dnyly | (R/c, R)/dR
> (1= F(R/e)[(p — (1 + d)e)Vat12(0, pR/c)
—(p =)+ d)F(R/c)V,4+22(0, pR/c)]
> (p— (L+d)e)(1 = F(R/O)[Va412(0, pR/e) = (1 4+ d)V,422(0, pR/c)].

Where the last inequality follows from (p —c¢) F(R/c) < p — (1 + d)c because of
R < caf,, < F7' (220100,

Next Jr,fl (R/c, R) > 0 will be true if we can prove
V1200, R) — (1 + d)V,422(0, R) > 0 (5.19)
for all R. This is again proved by backward induction. First we have
Vna(0.R) = (1 4+ d)Vy412(0.R) = (1 4+ d) — (1 +d) = 0.

Assume V,42,(0, R) — (1 + d)17,1+3,2(0, R) > 0, we proceed to prove (5.19). If
R > cal,,, thenby (5.14) forn + 2,

Vag1200, R) = (1 + Vo200 R) = (1 + )V " = (1 + d)(1 + )N '™ = 0.
If ca,‘f+3 <R< ca;"H, then by (5.8) for n + 2, we have

Gl (R/e) < (1 +d)" ™" 2[(p —c)(1 — F(R/c)) —dc], (5.20)
and by the concavity of V,1»(x, R) in R we have

Vis22(R/c =2, (p = €)z+ R) = Vagaa(R/c —z. pR/c). (5.21)
and since I;)1+2,2 (x, (p —c)z + R) is independent of x when x < ca,‘f+2, we have

Vit22(R/c =z, pR/e) = Vy122(0, pR/c). (5.22)

Applying (5.14) we obtain

Vat12(0, R) = (1 4+ d)Vy422(0, R)
_ drf, (R/c.R)

iR —(I+ )" = (1 4+ d)Gu2"'(R/c)/c
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- Rfe
21 = FR/NTiaa0.pRI + [ Visaa (Rl (p=c)z+ RF()

v

A+ D" =1+ (p— )1 = F(R/c)) —dc]/c

| 1= F(R/e)) + F(R/)| Tas22(0. pR/c)

v

(1 + d)N! [5(1 — F(R/c)) + F(R/c)]

= 2= F(R/e) + F(R/O)] (Vas2200. pR/c) = (1 + )V )

2 0’
where the first inequality follows from (5.18) and (5.20), the second inequality is
due to (5.21) and (5.22), and the last inequality follows from the observation that,
by (5.14) for n + 2, when pR/c > R > caffH, we have V,422(0, pR/c) >

(1 4+d)yN "1,
Finally, if R < caff_”, then

Vo120, R) — (1 + d)Vy422(0, R)

_ dml (R/e R) - d)dn,§’+2(R/c, R)
dR dR

2= FR/O) Vo220, pR/) = (1 + )V 320 pR/0)]

Rfc
4 / Vrs2a(R/c — 2 (p— )z + R)
0

—(1+ d)Vyi32(R/c — 2. (p — )z + R)AF(2)
z 05
where the first equality follows from (5.14), the second equality follows from (5.18)
for n 4+ 2 and n + 3, and the inequality follows from the inductive assumption.
Hence, we have proved ¢, (R/c, R) > 0, implying y¢(R) > R/c if R <
ca? . The proof of Theorem 5.3.8 is completed. a

Proof of Theorem 5.3.9. The proof is by induction. First notice that

7% (v, R) = pEmin{y, Dy} + (1 + b)(R—cy) + yE(y — Dy) "
=1 4+b)R+ (p—y)min{y, Dy} — ((1 +b)c —y)y.

Hence,

p—(1+b)6)

b b —1
ViR =dly = F (
N N p_y
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and
y&(R), R <cdy,
yv(R) = {R/e,  cal, <R <ca¥,
a%, R > caj’f,.

Assume that the results have been proved forn + 1, i.e.,

b b
yn-‘r](R)’ R < CCZ”_H,
* — b d
yn—H(R) - R/C, can-i—l = R = can-i—l’
d d
ay R>cay,,.

From Theorem 5.3.5 we have

7T,1+1(R/C,R), R/C = y:—{—l(R)s
Vir1(x. R) = { muq1(y; 1 (R), R), x <yr (R) <R/c, (5.23)
71,1+1(x, R)! X = y:—{—](R)

Furthermore, by the inductive assumption and Lemma 5.3.8, we can rewrite
(5.23) as

Tt 41 (R), R), R<cal  &x <yl (R).
n,fH(R/c, R), cai’+1 <R< ca,‘f+1 & R > cx,
Vig1(x, R) = (14+d)¥"R+ G (al,)). x<al, <R/e,
(14+d)"™"R+ G4, (x), R/c>x>al,|,

n,’fﬂ(x,R), X > y,},’+1(R)&x > R/c.

(5.24)

For notational convenience, in what follows, we use 17,1,1 (x, R) and 17,1,~2(x, R) to
represent the partial derivatives with respect to x and R respectively, and V,, 12(x, R)
the cross derivative. From (5.24), taking partial derivatives of V;,4(x, R) yields

0, R>cx&x§af+10rR§cx§c’ys+l(R),
Virri(x. R) = 4 G2, /(x), R/c>x>al,,,

nl?-f'l,l(x’R)’ X > y5+1(R)&X > R/C
(5.25)
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and
”r?+12(y,}1)+1(R)7R), R Scy,}l’+,(R)&x§aZ+l,
Toe1a(r, R) = dry ((R/c,R)/dR, ca, , <R <ca; ,,R>cx, (5.26)
(14 d)V . Rjc = x&R = cal,,.
”SH,Z(X’R), x>yb (R)&x > R/c.

Note that I7n+1,2(x, R) is independent of x when x < R/c, hence I7n+1,12(x, R)=0
when x < R/c. By

72 (»,R) = E[Vy1((y — D,)*, (p — ¢)min{y, D,,} + (1 + b)R — bey)],

taking derivative of 7 (y, R) with respect to y yields

‘y ~
”5,1()” R) = /0 Vat11(y =2z, (p —c)z+ (1 + b)R — bcy)

—bcVip12(y —2.(p — )z + (1 + b)R — bey)|dF (z)

+ (p=(14D)e) (1=F (9) V341200, (p—=(1+b)c) y+(14+b) R).
Since y,ll’ (R) is the maximizer of n,f (y, R), to study the relationship between y,’j (R)
and R/c, it suffices to examine the sign of ”5,1 (R/c, R).

If R > caf_H, following from (5.25) and (5.26) and noting that R/c — z <
(p —c¢)z+ R, then

R/e
7l (Rfe.R) = /0 Vrsri(R/c — 2. (p — )z + R)
~bcVy12(R /e —z,(p — ¢)z + R)AF(2)
+ (p— (1 +b)e)(1 = F(R/c)Vas12(0, pR/c)
R/c—al"liJr]
= / G4 \(R/c —2)dF(z)
0
+(p—(0+b)c—(p—c)F(R/c))(A +d)N ™.
Further notice that

dr (R/c, R)

R/Ciug-'_l d n
T / GI"(R/c —2)dF(2)

0
—(p—c)1+d)N"f(R))/c <0.
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and 7/ | (R/c, R){R = cafy,} > 0and x} | (R/c, R){R = cF~'(2=CER )y <0,

There exists a’, a?, | < al < F_l(%), such that

C

(i) 7} (R/c, R) = 0hence y2(R) = R/c when R = a!

n

(i) 7% (R/c,R) > 0 hence y?(R) > R/c whenca?, | < R < ca’,

(iii) 72, (R/c. R) < Ohence y2(R) < R/c when ca? < R < cF—l(%)

Finally we prove that y?(R) > R/c when R < ca? . We have
7y (Rfe. R) = (p = (1+ b)) (1 = F(R/¢)) V4120, pR/c)

R/c _
be / Ve1a(R/c — 2. (p — )z + RIAF()
0

> (p— (1 +b)c)(1 = F(R/¢))Vy412(0. pR/c)
—bcF(R/¢)Vys12(R/c, R),

where the inequality follows from the concavity of V,4i(x,R) in R and
17,,+1.12(x, R) = 0 when x < R/c. Next through similar proof to Lemma 5.3.8 we
find that 7 | (R/c, R) = 0 when R < ca?, .

Therefore, together with the results from Lemma 5.3.8, the theorem is proved.

O



Chapter 6
Delayed Cash Payment, Receivable
and Inventory Management

6.1 Introduction

Chapters 4 and 5 incorporates the financial issue into inventory management. More
specifically, the cash on hand is characterized as the financial constraint. Besides
cash, another state of the firm is receivable, which is mainly due to the delayed cash
payment. In practice of a supply chain, it is common that downstream firms pay
for upstream firms with certain delay. Actually, powerful retailers (e.g., Wal-Mart,
Carrefour) usually delay up to 50% of their payments for several months. On the
other hand, firms also offer potential customers some preferential choice to delay
their payment. Installment plan is a common case for it.

Although receivable plays an important roles in corporate finance and account-
ing, it is almost ignored by most of the supply chain management literature. A rare
exception is Arcelus and Srinivasan (1993) who considered the problem of a vendor
who attempts to dispose of unanticipated inventory levels through an offer to a
prospective buyer of a credit-period within which no payment is required. They
derived the feasible range beyond which the offer is not accepted, and analyzed the
trade-offs between the credit-period and extra-stock accepted to both parties. Finally
the optimal inventory policy are derived.

Here we study the simple finite horizon inventory system and attempt to derive
the optimal operational policy of the firm with the incorporations of capital and
receivable constraints. We will try to figure out the question that how should the
firm’s inventory replenishment decisions depend on both the cash and receivable.

The rest of this chapter is organized as follows. Section 6.2 gives assumptions
and formulates the basic model of this chapter. Then Sect. 6.3 finds the optimal op-
erational policy for inventory replenishment. In Sect. 6.4, the influences of delayed
cash payment on the optimal inventory policy and achievable profit are studied.
The model is also compared with traditional inventory model without consideration
of delayed cash payment. Section 6.5 proposes some numerical examples which
demonstrate the main results. Finally Sect. 6.6 concludes the chapter and discusses
some extensions.

J. Li et al., Risk Management of Supply and Cash Flows in Supply Chains, 149
International Series in Operations Research & Management Science 165,
DOI 10.1007/978-1-4614-0511-5_6, © Springer Science+Business Media, LLC 2011
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6.2 Assumptions and Model Formulation

In this chapter, we consider the fundamental single-retailer and single-product
case, where the risk neutral retailer facing random demands makes replenishment
decisions over a finite time horizon of N periods. The inventory is reviewed
periodically and demand D, in different periods are independent of each other. The
cumulative and probability distributions of stochastic demand are assumed to be
F(-) and f(-) respectively. Let x, be the inventory level and y, be the inventory
position for period n.

The cost function is assumed linear with variable costs. Then denote the selling
price by p and the ordering cost by c¢. Furthermore, the lead time is assumed to be
zero and hence an order placed at the beginning of period n arrives immediately
before demand is realized. The unsatisfied demand is assumed lost. Without loss of
generality, we assume no holding cost and shortage cost.

The capital on hand is denoted by S, at the beginning of period n. Then the
operational decision will be constrained by S, in following way: c¢(y, — x,) < S,.
Assume that the cash payment is delayed by k period. Let R, be the receivable in
the end of period n. Then R, implies the selling income of period n which will
arrive in the end of period n + k.

Based on above discussion, the sequence of events in period n(1 <n < N) is as
follows. At the beginning of each period, the retailer places an order with his capital
on hand. Then the demand is satisfied. At the end of the period, the retailer receives
the selling income of period n — k.

Therefore, the decision problem of the retailer is to decide an ordering policy
to maximize the final capital and receivable, given an initial inventory level x;, a
capital level S; and receivable R, subject to a capital constraint for each period.
That is, the decision problem is:

Y1sees N

k
max E |:SN+1 + ZRN+2—1‘:| . (6.1)

i=1
subject to

S
Ofyn_xnf_",nzl,z,...,N,
C

where X,41 = (yn — Dy)T, Sug1 = Sy + Ryy1—k — c(yu — x,) and R4y =
pmin{y,, D,},n=12,..., N.

Denote by V,(x, S, Ry,..., R;) the maximum achievable capital starting at the
beginning of period n with an initial inventory level x, accumulated capital S and
receivables from R to Ry, where R; is the selling income i period ago. Then the
following dynamic program can be employed to solve decision problem (6.1).

k
Vs1(x, S, Ry,...,Ry) = S+2Ria
k=1
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and

Vn(X,S, Rl, ey Rk) = max E[Vn+1()C+,S+, R1+,'-- s Rm+)], (62)

X<y<x+=2

where x4 = (y—D,)", S+ = S+Ry—c(y—x), R, = pmin{y, D,}and R; | =
Ri_1,i =2,...,k.Note that we assume Vy11(x, S, Ry, ..., Ry) is independent of
x here, which implies zero salvage value.

6.3 Delayed Cash Payment Offered by the Retailer

Note that here only the retailer is considered and the delay happens in the payment
process from customer to retailer. Our focus in this chapter is the influence of
delayed cash payment offered by the retailer on the optimal inventory policy and
achievable profit.

For simplicity and without loss of generality, assume that only one-period delay
is allowed, i.e., k = 1. The model with k periods delayed is similar. Therefore,
dynamic program in (6.2) can be simplified into

VN+1()C,S,R) =S+ R,
and

Va(x, S, R) = max E[V,1(x+, S+, R4)], (6.3)

x<ysx+=

where x4 = (y — D)%, S+ =S + R—c¢(y —x) and R+ = pmin{y, D,}.
Next before deriving the optimal inventory policy under delayed cash payment,
some lemmas are needed.

Lemma 6.3.1. For any period n and fixed (x, R), V,(x, S, R) is increasing in S.
The proof is straightforward by simple induction.
Lemma 6.3.2. For any period n,

(a) Vu(A —z, B, pz) is increasing in z for fixed A and B.

(b) V,((A—=z+ B/c — D)*, pz, pmin{A — z + B/c, D)) is increasing in z for
fixed A and B.

(c) Vu(x,S, R) is jointly concave in (x, S, R).

Proof. The proof is by induction. The statement is trivially true forn = N + 1.
Assume that the statement is true for some n 4+ 1. We will now prove the statement
for n.

For part (c¢), we first prove V, (x4, S+, Ry) = V,u1((y = D))", S + R —
c(y — x), pmin{y, D, }) is jointly concave in (y, x, S, R). Since the linear part is
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trivial, we can ignore it. Then for any y;, y, € R* and A € (0, 1), we only need to
prove

Vart(Ayr + (1= )y — D) . pmin{dy; + (1 — A)y2. Dy})
> MWog1((y1 — D)™, ..., pmin{y, D,})

+ (1= )Var1 (2 — D)., pmin{y,. D,,}).
With the inductive assumption of part (¢), we have

Vart(A(1 = D))" + (1 =) (32— D)™, ..., pAmin{y;, Dy}
+p(1 = A)min{ys, Dy})
> AWV V(1 — D)™, ... pmin{y;, Dy})
+(1 =) Vus1((2 = D) ™. pmin{y, D,}).

Since (y — D,)* = y — min{y,D,} and min{Ay; + (1 — A)y,, D,} >
Amin{y;, D,} + (1 — A) min{y,, D,}, the inductive assumption of part (a) allows
us to show that

Var1((Ay1 + (1= )y — D)t .. pmin{Ay; + (1 — A)y2, Dy })
> Vigt(A(1 = D)T + (1= (= D)t

pAmin{y;, D,} + p(1 — A) min{y,, D,}).

Hence, V,+1((y — D,)™.S + R — ¢(y — x), pmin{y, D,}) is jointly concave
in (y,x,S,R). This implies that E[V,4+;(x4, S+, R+)] is jointly concave in
(y,x,S,R).

Then, since C = {(y,x,S)|x <y < x + §/c} is a convex set, we find that
V,(x, S, R) is jointly concave in (x, S, R).

Next we prove part (a) for period n. First

Vi(A—2z B, pz) = max EVus1(y = D,)". B +cA
A—z<y<A—z+B/c

+(p — )z —cy, pmin{y, D,})].

From Lemma 6.3.1 and the inductive assumption of (¢), E[V,+1((y — D,)*. B +
cA+ (p—c)z—cy, pmin{y, D,})] is increasing in z and concave in y. To prove
V(A —z, B, pz) is increasing in z, we only need to prove E[V,,+1((A—z+ B/c —
D). B+cA+(p—c)z—c(A—z+ B/c), p min{A—z+ B/c, D,})] is increasing
in z. It follows from the inductive assumption of part ().
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Finally, we prove part (b) for period n. We have

B + , B
V., A—z—l—?—D , Pz, pmin A—z—i-?, D

B
= max E [Vn+1 ((y—Dn)+,(p—c) min{A—z-i——, D}
* op c

B B
(A—z+—-D)*+ 5}'§<A*z+—7D) +=
c c c

+ (p—c)z+B+cA—cy, pmin{y, D, }):| .
Then the result follows directly from Lemma 6.3.1 and that (4 —z+ B/c — D)* +
zp/c is increasing in z. O

Then we will show that when delayed cash payment exists for the retailer, the
optimal operational policy is a capital dependent base stock inventory policy.

Theorem 6.3.3. A capital dependent base stock inventory policy is optimal.

Proof. Let y,(S + R + cx) be an optimal solution for the problem

max E[Vyt1(x4, S+, Ry)].

It has been shown in the proof for part (¢) of Lemma 6.3.2 that E[V,+;(x+, S+,
R4 )] is concave in y for any fixed S + R + cx. Then it is optimal to order-up-to
min{y,(S +cx, R),x +S/c} when x < y,(S 4+ cx, R) and not to order otherwise.
In other words, a state dependent base stock policy is optimal. O

Accordingly, the optimal operational policy is shown in following theorem.

Theorem 6.3.4. The optimal operational policy y;; (x, S, R) is given by

x4+ S/e, x+S/c < 9,(S+ R+ cx),
In(x,S,R)=39,(S+R~+cx), x<P,(S+R+cx)<x+S/c,
X, X > 9,(S + R+ cx).

Note that the optimal inventory policy depends on initial capital on hand and
receivable in each period. Theorem 6.3.4 allows us to show that:

(i) Retailers with low wealth level x + S/c will have insufficient capital or
inventory. Therefore, they will use all the cash they have to finance their
inventory but can not carry out their optimal inventory policy. More wealth
will lead to more ordering.

(ii) Retailers with high enough wealth level x + S /¢ will have more surplus cash
or inventory for their operations. Therefore they can make their best choice to
order.
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Since the theoretical discussion about how optimal operational policy depends
on cash on hand S and receivable R is quite complex, we will show the properties
by some numerical examples in Sect. 6.5.

6.4 Influence of Delayed Cash Payment

In this section the influence of delayed cash payment on retailer’s optimal profit
is studied. Firstly how the optimal profit depends on delayed cash payment will
be derived, then a comparison between the model in this chapter and traditional
inventory model without delayed cash payment will be employed.

Lemma 6.4.1. For any period n, V,,(x, S, R) will increase as: (1) S increases; (2)
R increases; (3) the ratio of S in total wealth increases, i.e. S/(S + R) increases
with S + R unchanged.

The proof follows from Lemma 6.3.1 and dynamic program equation (6.3).

Lemma 6.4.1 implies that the achievable capital will be more if the initial
receivable is less while the initial capital on hand is more. As a straightforward
result, we have V,(x, S, R) < V,(x,S + R,0), which is under the condition there
is no initial delayed cash payment.

Then a natural thing to do next is to compare the optimal achievable capital with
the traditional multi-period inventory system without delayed cash payment. The
optimization problem of traditional case is as follows:

Wy (x',8) =8
and

Wo(x',8") = = max  E[W,1i((y = D), 8"+ pmin{y, D,} — c(y — x')].
x'<y<x'4+S8'/c

Furthermore, the optimal operational policy is given by y; (x’, S’).
Theorem 6.4.2. Assume x = x’ and S + R = S’, for any period n,

(@) Vi(x,S,R) < Wy(x', S").
(b) yy(x,S,R) <y (x',S).

Proof. The proof is by induction. We first prove part (a). The statement is trivially
true forn = N + 1. Assume that the statement is true for some n + 1. We will now
prove the statement for n as follows.

Va(x,S,R) < V,(x',5,0)
=  max _ E[V,q1((y — D). S —c(y —x'), pmin{y, D,})]

x'<ysx'+S8’/c
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<  max  E[W,((y — D', S —c(y — x') + pmin{y, D,})]

x'<y<x'+S'/c

Wa(x', S"),

where the first inequality follows from Lemma 6.4.1, and the second inequality
follows from inductive assumption of part (a).
For part (b), first noting that

Vn(x,S,R) = max E[S+ R+ pmin{y,D,} —c(y —x)]
x<y<x+S§/c

= WN(xlv S/),

then yy (x, S, R) = y} (x’,S’). Assume that the statement is true for some n + 1.
We will now prove the statement for 7.
Notice that

V,(x,S,R)

= max  E[V,p1((yn _Dn)+aS,_C(yn —x), pmin{y,, D,})]

X<y, <x+S/c

max E max E [Vasa((Vut1 — D)™,
xSyn<x+S/c (Yn_Dn)+§y:z+1fs//c_"x_min{YnnDn}

S"+ex + (p—c)ymin{y,, Dy} — cyns1, pmin{yut1. Dugi})]g.
and
Wn('x,s S/)

= max EWus1((yn —Dn)+,S’—|—pmin{yn,Dn}—c(yn —x))]
x<y,<x+S8'/c

=  max E max E[Wni2((nt1—Dus D) T
x<yn<x+8'/c (YM_Dn)+SYn+lSS,/C+X+([7/C_1)min{y”an}

S,+Cx+(p_c) min{y,, Dy }+pmin{y,+1, D1} — cynt]¢-

As y, increases, S’/c + x —min{y,, D, } will decrease and S"/c + x + (p/c — 1)
min{y,, D, } will increase. Furthermore, S'/c + x — min{y,, D,} < S'/c + x +
(p/c —1)min{y,, D,}. Therefore, the inductive assumption of part (b) allows us to
show that y,(x, S, R) < y,(x, S). O

Theorem 6.4.2 allows us to show that if the retailer offers customer an option
that payment can be delayed, then the retailer will order less because the capital
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available on hand is less. It consequently results in a lower profit. Therefore, to the
retailer the essential of this offer is a trade-off between the benefits from demand
increase and the loss from limited operations.

6.5 Numerical Examples

In this section we propose some numerical examples to show the dependencies of
yi(x, S, R)and V,(x, S, R) on S and R. More specifically, only two recursions are
considered for computational simplicity. Or in other words, only yx_, (x. S, R) and
Vn-1(x, S, R) are studied. Furthermore, it will be shown that offering delayed cash
payment leads to lower replenishment level and profit.

Assumptions of parameters are given as follows: p = 1.3, ¢ = 1, and
exponential demand with mean 10. Without loss of generality, we also assume the
initial inventory level x = 0.

First, according to formula of dynamic program (6.3), the optimal solution for
the last period is given by $x(S + R +cx) = F~'((p —¢)/p) = 2.6236. We then
compute the optimal operational policy for period N — 1.

Figure 6.1 shows the dependence of y,"\‘,_l (x, S8, R) on S, where the receivable R
takes value of 0, 1, 2, 3 respectively. It demonstrates that:

* When capital on hand S is small enough, the operation will be limited and the
retailer will use up all the cash to order. Hence, y;}_l (x, S, R) is linear increasing
inS.
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Fig. 6.1 Influence of S and R on the optimal operational policy
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Fig. 6.2 Comparison of optimal operational policy between models with and without delayed cash
payment

* When capital on hand is sufficient, the retailer can employ an unconstrained
operation. As S increases, the order-up-to level will increase correspondingly.

* When the cash level is high enough, the retailer will order a sufficient quantity
and hence the operations will remain fixed.

 If the capital on hand S remain unchanged while the receivable R increases, the
optimal replenishment level will increase.

Furthermore, Fig. 6.1 also implies that the range of unconstrained operation
becomes shorter when the receivable R increases. In fact, if R is large enough so that
R > 4, the optimal operational policy of the retailer will almost remain unchanged.

Next, we compute the optimal operational policy for traditional multi-period
inventory model without delayed cash payment, and then compare it with our
model. Here the same assumptions for the basic inventory model are made as
mentioned above. The optimal base-stock level for period N is also given by:
V5.8 = F'((p — )/ p) = 2.6236.

As shown in Theorem 6.4.2, the comparison between two models is based on the
condition that S + R = S’. Hence relative to Fig. 6.1, the influence of wealth S + R
or S’ on the optimal operational policies will be studied in Fig. 6.2.

Figure 6.2 finally demonstrates that:

e Higher ratio of receivable in wealth S + R leads to lower replenishment level.

e Operational policy under the condition that there is not delayed cash payment is
larger than that with delayed cash payment. However, when capital on hand is
small enough or large enough, the optimal operational policies in two models are
equivalent.
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Fig. 6.3 Comparison of optimal achievable profit between models with and without delayed cash
payment

Finally we compare the influence of wealth S+ R or S’ on the optimal achievable
profit Vy_1(x, S, R) or Wy_i(x, S’) of the two models. As shown in Fig. 6.3, the
retailer obtains more profit if no delayed cash payment is offered. If the retailer
offers delayed cash payment, then the higher the ratio of receivable in wealth S + R,
the lower the level of the profit achieved.

Therefore, the numerical examples demonstrate the dependences, relationships,
and influence which have been shown in Lemma 6.4.1 and Theorem 6.4.2.

6.6 Concluding Remarks

In this chapter, a framework is proposed for incorporating financial considerations
into multi-period inventory models. More specifically, delayed cash payment, a
common existing phenomenon in industry, is studied by introducing two financial
states of firms: capital on hand and receivable. Then we considered the simple one-
retailer and one-item case, where the firm’s operational decisions will be constrained
by limited capital.

For the model, the optimal inventory policy is derived, which turns out to be
a capital dependent base stock policy. Furthermore, we studied the influences of
capital on hand and receivable on the optimal achievable profit and find that reducing
the ratio of receivable in the total wealth will increase the profit.
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In addition, traditional inventory model without consideration of delayed cash
payment is used to compare with our model. It allows us to show that without
offering delayed cash payment, the retailer will order higher level quantity and
obtain higher level profit.

Finally computational results demonstrate the dependences of delayed cash
payment on the retailer’s optimal operational policy and achievable profit. It
validates the essentiality of retailer considering the influence of offering delayed
cash payment.

We find that for most of these models, the results in Lemmas 5.3.1, 5.3.2 and
5.3.3 and Theorem 5.3.5 in Chap. 5 can still be obtained. However, more precise
structure of the optimal control policies beyond the “capital-dependent base-stock”,
such as Theorem 5.3.9 in Chap.5, is difficult to obtain without imposing further
structure in the model. These are just a few possible extensions and it appears
that each of these variations will lead to different optimal solution structure that
is worthy of study.

Consequently a straightforward extension to our model is to consider the trade-
off between cost of offering delayed cash payment and benefits from demand
increase.






Chapter 7
Game Analysis in Negotiation of Iron Ore Price

7.1 Introduction

The international iron ore market determines prices through yearly negotiations,
using certain long-term trade agreements as its main price-setting mechanism.
According to convention, the new fiscal year’s iron ore prices are decided before
April of every year. During the process, the largest iron and steel enterprises, acting
as industry representatives, negotiate with iron ore suppliers to form the basic prices
for European and Asian importers. Australia’s BHP Billiton Ltd, Rio Tinto Group,
and Brazil’s Companhia Vale do Rio Doce are the three major suppliers of iron ore
across the world. While for a long time, Japan sets the standard for Asia.

The long-term supply contracts and yearly price determination enable the
industry to maintain relative stability, and allow both suppliers and buyers to make
rational decisions. However, Chinese mills and iron ore traders had to accept in
2005 a 71.5% rise in iron ore price, which was set by Japanese companies. Since it
means $3 billion more to pay for imports, China’s iron and steel industry has deeply
understood the importance of the “price-decision right”.

Further in 2006, at the beginning of the negotiations, enterprises from Europe,
Japan and South Korea all sought a reduction in iron ore prices. However, China did
not grasp the chance to form alliances with other countries and lost the opportunity
to set up its own “price-decision right”. On the contrary, those suppliers grasped the
chance and put China in a plight. Noticing that most European steel plants use iron
ore pellets, suppliers took the lead in making an agreement that the price of iron ore
shavings would increase 19% while the price of iron ore pellets would decrease 3%.
It finally left China in a passive situation.

Iron ore prices have a significant influence on China’s steel industry, which is
currently faced with soaring production costs and declining profits. Continuous
jump in prices of iron ore will put an even larger strain on the industry, and
eventually reduce the growth of the national economy.

To pursue the reason for China’s failure in iron ore price negotiation in the
past 2 years, it is worth noting that many foreign iron and steel companies have
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their own mines. Mittal Steel, the world’s largest iron and steel enterprise, for
example, owns a sufficient number of mines to meet its raw material needs, forming
a vertically integrated production system. Japanese enterprises have invested in all
24 major mines in Australia so that the rise in iron ore prices has no influence on
Japanese iron and steel enterprises by and large. Although China’s Baosteel Group
and Shougang Group have also participated in exploiting iron mines in Australia,
Mongolia, Vietnam, South America and some countries in Africa, this is not enough
for Chinese iron and steel enterprises to have a strong say in the negotiation.

Another factor undermining China’s negotiating basis is that importers are not
united. Because of the large number of steel-producing enterprises and the reform of
the foreign trade system, the number of iron ore importing enterprises in China has
sharply increased, reaching 523 in 2004 from 173 in 2001. However, the three major
suppliers (Brazil’s Companhia Vale do Rio Doce, Australia’s BHP Billiton and Rio
Tinto) control 70-80% of global iron ore production and ocean shipping trade. In
this situation the buyers are overly decentralized and sellers relatively centralized,
is unfavorable to China’s iron and steel enterprises.

During the negotiation of iron ore price for 2007, the consumers seem to be
beating the same drum as previous years, obviously. Prices have gone up enough
over the last 2 years, and the consumers believed that they should have a stronger
say in the price negotiations. Their stance is summed up by the commentary below,
taken from a Chinese business website (Ministry of Commerce of PR. China).

The world top three iron ore providers declined to comment on the iron prices next year,
only saying that they are optimistic about China’s steel market and iron ore imports. They
also predicted a gap between demand and supply in China. Lu Jianhua, Director of China’s
Ministry of Commerce’s Foreign Trade Department, did not think imported iron ore prices
would continue to rise, saying that past four straight years of increase had made mines gain
huge profits but left steel businesses earning little or even suffering losses. “It is not in the
interests of the two sides of demand and supply,” he said.

As the biggest buyer of iron ore in the world, China has the capability and right
to influence iron ore prices. Figures from the customs show that in 2005, China
imported iron ore of 275 million tons, up 32.3% year-on-year and accounting for
43% of the world’s total ore shipment.

Under this background, this chapter seeks to provide some insights for the
negotiation of iron ore price. We establish mathematical and economical models to
answer following questions: Why Japanese steel producers accepted a price increase
of 71.5% in 2005; what inspiration can we expose for China’s steel manufactures to
have a stronger say in the future bargaining.

Many solution concepts and methods have been established and employed to
find solutions for negotiation. According to Nash (1950), the axiomatic approach
requires the solution to satisfy a certain set of axioms. Besides the Nash bargaining
solution proposed in Nash (1950), the most common axiomatic solutions are
then the non-symmetric Nash solution by Harsanyi and Selten (1972), the Kalai—
Smorodinsky solution by Kalai and Smorodinsky (1975), the reference function
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solution by Anbarci (1995), the egalitarian solution by Kalai (1977), and so on.
Finally, it is recommended that Thomson (1994) made comprehensive review of
cooperative models on bargaining.

According to the mechanism of iron ore price negotiation, we extend the Nash
bargaining framework to a Nash game between two bargaining groups. Specifically,
each group including two players negotiates under the Nash bargaining rule, and
the disagreement payoff is the payoff under the price which may be stricken by the
other group.

The rest of this chapter is organized as follows. Section 7.2 presents notations and
assumptions for the use throughout this study. In Sect. 7.3, we establish an economic
game model and derive the optimal prices for each manufacturer to obtain his
maximum revenue respectively. Section 7.4 proposes a Nash bargaining-based game
model to derive the equilibrium price, i.e., the negotiated price. Some numerical
examples are provided in Sect. 7.5 for illustration of the theoretical results. Finally
we conclude the chapter and suggest some future directions in Sect. 7.6.

7.2 Notation and Assumptions

Based on whether to invest on iron ore mines or not, without loss of generality we
assume only two types of steel producers in the market. One is the producer who has
no investment on the iron ore, such as China, denoted by manufacturer 1. The other
type of producer who has certain investment on the iron ore, such as Japan, denoted
by manufacturer 2. Each manufacturer has domestic market for its steel sales. Also
they compete in the international steel market. For simplicity we assume only one
supplier. Then the two steel manufacturers procure iron ore from the supplier to
produce steel. The final iron ore price is determined via simultaneous negotiations
between the supplier and each manufacturer.

In the international steel market, let py be the steel selling price, and M, be the
market size. Then according to economic theories the demand of steel gy can be
given by

go = My — Bpo.

where B is the influence of fluctuation of price on demand. Similarly for the
domestic markets of manufacturers 1 and 2, the demand curve can be given by

q1 = M, — Bp;
and
g = M, — Bp>.
The rest definitions of the notation are presented below.

co unit variable production cost of iron ore
w  unit wholesale price of iron ore
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o the production ratio from iron ore to steel, & > 1
M the investment ratio of manufacturer 2 on the iron ore mines

Since in this chapter only two manufacturers are assumed to compete
in the international steel market, then gy = ¢i0 + ¢20, Where gjp and gy are
the international steel supply of manufacturers 1 and 2 respectively. Therefore, the
response functions of steel price on production quantities in the different markets
can be written as

Po(q10,920) = (Mo — q10 — q20)/ Bs
pi(q1) = (M1 —q1)/B.
P2(q2) = (M> —q2)/B.

Further to make sure that the manufacturers as well as the supplier can obtain
positive profit, the following conditions need be satisfied

w

v

Co,

Do, P1, P2 = 0w,

and hence
M; >aBfw, i=0,1,2. (7.1)

In addition, we assume that the steel production quantities of the two
manufacturers are nonnegative. And noting that when © > 1/2, manufacturer
2 will act as a supplier. Then to avoid trivial cases, we assume p < 1/2.

7.3 Economic Model of the Supply Chain

In this section, a quantity game model is established to derive the optimal quantities
of each manufacturer under any given wholesale price w. Then under the optimal
production quantity, the optimal wholesale prices are derived for the three parties to
obtain their maximum revenue, respectively.

7.3.1 The Optimal Production Quantity

Since manufacturer 1 is assumed to have no investment on iron ore, its revenue
function is as follows for any given g9 and w:

IT1(q1. 910, 920, W) = q1 (M1 —q1)/ B + q10(Mo — q10 — g20)/ B — aw(q1 + q10)-
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Manufacturer 2 has p ratio of investment on iron ore. Thus its revenue contains
another part from sales of materials. That is,

M2(g2. 920, 10, W) = q2(M2 — q2)/ B + q20(Mo — g20 — q10)/ B — aw(q2 + ¢20)
+pa(w —co)(q1 + g2 + qi0 + g20)-

For any given wholesale price w, manufactures 1 and 2 will choose their
production quantity for both international and domestic markets simultaneously
to maximum their respective revenue. Straightforwardly notice that the optimal
production quantity for domestic market can be given by

* Ml—aﬂw
W=7

and
« _ My — (1= p)apw — pafco
q, = ) .
Notice that following from (7.1) we find that ¢} and g5 are both positive. Then the
revenue functions can be rewritten as

(M — afw)?
4B

M1 (q10, g20. W) = + g10(Mo — 10 — q20)/ B — awqio

and

(M2 — (1 — wapw — pafco)’ o (v = co) (M — afw)
48 2

+ g20(Mo — g20 — q10)/ B — awgao + pee(w — co)(q10 + ¢20).

I>(g20. g10. W) =

Thus the competition in the international steel market can be described as the
following problem.
maxg,,=0 I11(¢10. 420, w), 72)
maxg,=0 2(¢20. 410, ).

Here the game between manufacturer 1 and manufacturer 2 is the quantity game.
According to traditional game theory, we have the following theorem.

Theorem 7.3.1. There is a unique pure-strategy Nash equilibrium (hereafter NE)
(g7, q5) in the game between the two manufacturers. Specifically, the solution for
the equilibrium, i.e., the production quantities of the two manufacturers are as
follows:

My — (1 + p)afw + pafeo
3

giow) = (7.3)
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and

My — (1 =2p)afw —2pabco

: (7.4)

Q;o (w) =

Furthermore, there is q3,(w) > qi,(w).

Proof. First we prove the existence of the NE of the game model (7.2). It is
straightforward by noting that the payoff function IT; (g0, g20, w) is concave in g
and I12(q20, 10, W) is concave in gp.

Next we prove the uniqueness of NE. Given the price of iron ore and the
production quantity of manufacturer 2, the optimal production quantity of
manufacturer 1 can be obtained as follows:

aT11(q10, 20, W) My — g2 — afw
O10: 920 W) _ (5 Ly (g w) = 0 420 T @PW
310 q10\4920 5

And in the same way we can get the optimal production quantity of manufacturer 2.

0I12(g20. q10, W) =0 = gao(q10, W) = My —q10 — (1 — w)apw — paPc
9920 ' 2 '

Since

'anO(QZO7W)’ _ l
8q20 2

and

‘3Q20(6]10,W)' _ 1
Bqlo 2’

the best response mapping is a contraction. Therefore, the NE is unique.

Furthermore, let g10 = ¢10(g20(q10. W), w) and g0 = ¢20(q10(q20, W), w), we
then derive the unique NE solution of the game as follows:

My — (1 + wapw + paBey

qio(w) = 3
and
4h) = Mo —(1— 2u)3a/3w - 2M0!,3€0'
Finally note that ¢j,(w) — ¢{,(w) = paf(w — co) > 0. Thus we have

Q;o(w) = QT()(W)- O
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Let wy, wa, wig and Wy be respectively the iron ore price which make the
corresponding optimal ordering quantity equal to zero. We find that
- M, b = M; — papey P Mo + pafco . Mo —2paBco
1= W=—""—, Wo=—""""5, Wo=—F""7"""-".
ap (I —wap I+ wap (1—=2p)ep
They reflect the maximal acceptable iron ore price for each manufacturer in both
their domestic market and international market.

Furthermore, we find that the maximal acceptable iron ore price of each
manufacturer depends on the investment ratio  in following ways.

Remark 7.3.2. W, and wy are increasing in u, while wyq is decreasing in .
The following assumption is given in terms of the survey of industrial practice.

Assumption 7.3.3. There exists fL; and [i, such that W, = Wiol,—p, and
W2 = Waolu=p,, and furthermore, the following inequalities are satisfied.:

Wi <Wio, 0=<p =y,

v?/1>v?/10, /l1</t<1/2.
and

W2 > Wy, 0=<p <[l

l/AV2<12/20, /12</,L<1/2.

The following lemma is then proposed straightforward from Assumption 1.

Lemma 7.3.4. There are My < My < My, 3M; > 2My + afco, and furthermore,
7 Mo—M, d i, = My—My
o and iy = 2M>—Moy—afco

The proof for M, < My < M, follows by examining the case of u = 0 from
Assumption 1. And 3M; > 2M, + afco follows from wy > wy with the case of
@ = 1/2in Assumption 1.

Remark 7.3.2 shows that:

(i) Manufacturer 2 can accept higher iron ore price in both international and
domestic markets when p increases

(ii) The increase of p by manufacturer 1 will not affect manufacturer 1’s maximal
acceptable price in the domestic market, but decreases the price in international
market

In the following analysis to assure that the production quantity is positive, some
boundary conditions can easily be obtained:

w =< min{fvl,fvlo}. (7.5)
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7.3.2 The Optimal Wholesale Price

Noting down that with the optimal ordering quantity g, (w) and g5, (w), the revenue
functions of the two manufacturers are given by

(M) — apw)’ o Mo+ papeo — (1 + epwl?

hn =73 5 (7.6)
and
(w) = (M —(1 - /L)4a/3w — papeo)’ L (Mo = (1 =2 - 2uafe)?
B 9B
poc(w = co)(My — aBw) | prar(w = co) (Mo — (1 + pyapw + pepeo)
- : n 3 |

(7.7)

Note that the revenue function of the supplier is

I (w. q1.42. 910. 420) = (1 = wa(w — co)(q1 + q2 + 10 + g20).  (7.8)
Then the revenue function under the equilibrium quantity is

(I — wa(w — co)

I(w) = 6

BM, 4+ 3M, + 4My — 5pafco — 52 — pw)yafw).

To understand exactly the behavior of supplier and manufacturers in the
negotiation, it is important to know what wholesale prices can satisfy them, or
in other words, what wholesale price do they expect the most. Next based on the
equilibrium production quantities presented in Theorem 7.3.1, we derive the optimal
iron ore prices for the two manufacturers as well as the supplier respectively. The
proof can be found in Appendix.

Theorem 7.3.5. The optimal iron ore prices for the two manufacturers are given as
Sfollows:

(a) For manufacturer 1, there is w’l“ = ¢o.
(b) For manufacturer 2, if 3M| — 3M, + 2My — 2aBcy > 0, then

9IM, + 4My — 13afc
d=p= s
IM, + IM> + 14My — 32aBc

co, ¢

w3

T 9uMy — 91 — )M + 2(Ti — 2)My + (32 — 13pw)afco 9IM, + 4My — 13aBcy oL
(=132 + 64 — 13)af " OM, +9M, + 14My —32aPey T2

and if 3M, —3M, + 2M, — 20(,36'0 <0, then W; = Cp.
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Theorem 7.3.5 allows us to show that in terms of the investment ratio u, there
are two cases.

(i) Without investment on materials, the lower price of iron ore is, the better for
manufacturer 1. So it is the case for manufacturer 2 when its investment ratio ©
is less than the threshold M?f;;fﬁﬂ;jﬁg;& Beo-

(ii)) However, once the investment ratio is beyond the threshold, the above case for
manufacturer 2 will not suit again. And there exists an optimal positive price of
iron ore for manufacturer 2. But the optimal price for manufacturer 2 is always
less than that for the supplier.

The following remark characterizes how the optimal prices depend on the
investment ratio u as well as the size of each market.

Remark 7.3.6. (a) wj is increasing in . (b) w} is increasing in M and My, while
decreasing in M.

Proof. For (a), notice that

wy(n) 1
wo (=132 + 64 — 13)%ap
+(32 = 26p)afcol(—13u* + 64 — 13) — [9uM, — 9(1 — p)M,

+2(T — 2)Mo + (32 — 13pu)aBeol(—264 + 64) }

B 1
T (=132 4 64 — 13)2ap
+2(91 % — 52 4 37) My — 26(161> — 1311 + 16)aBeq)

- 26(16p2 — 131 + 16)(Mo — afco)
- (—13u2 + 64 — 13)2a2 82
Z O’

{[OM; + IM, + 14 M,

913> —13) M, + 9(13u> — 261 + 51)M,
m

where the first inequality follows from Lemma 7.3.4 by noting that
13> — 264+ 51 > 0when 0 < i < 1/2, and the second inequality follows from
16p% — 131 + 16 > 0. We find that wj is increasing in u.

For (b), we first prove the dependence of w3 on M;. By noting that w3 = ¢
when M; < (3My — 2My + 2afcp)/3 and wi > o is increasing in M, when
M > (3M» —2My + 20Bco) /3, we find that w} is increasing in M. The proof for
the dependence on M, and M| is similar. 0O

Note that when the market size M| or M, is low, or M, is high such that
3M, — 3M, + 2My — 2afcy < 0, the manufacturer with investment on iron ore
prefers the same wholesale price to the other manufacturer. In other words, the two
manufacturers will have the same preference in the iron ore price negotiation.
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Theorem 7.3.7. If 2My > M, + M,, then the optimal iron ore price for the
supplier is

%
Wo

_ 3My 4+ 3M, + 4My + 10(1 — p)afeo
B 102 — p)ep .

Andif2My < M| + M, then the optimal iron ore price for the supplier is

3M, 4+ 3M, + 4My + 10(1 — pw)ePcy
102 — wep

. { —17M, + 3M, + 4My + 10afcy —3M, — 3M, + 16My — 10afcy %
., 0<p =<min

10M; — 10aBcy " 3My 4 3M, + 14My — 20aBc,

-
Wy =

—17M, + 3M, + 4M, + 10afcs —3M, — 3M, + 16My — 10afcy } it
10M, — 10aBc, " 3M, + 3M, + 14My — 20apey | !

min{w;, Wy}, min{
Proof. Taking derivative of IT1y(w) on w yields

M) _ 50— w@=wa*p
w 3
n (I = wya[3M; +3M> + 4Mo + 10(1 — p)aBeo]
c .

Clearly I, (w) is concave in w and the unconstrained maximum point is

3My + 3M, + 4My + 10(1 — p)aPeo
102 = p)ep '

—3M;—3M>+16My—10afcy 1 1

> > - < i<
If2My > M, + M,, then 30,3 Mo + 14Mo—20aBco 3 Thus when 0 < pu < 3
—3M;—3Mp+16My—10aBco

3M 1+ 3Mo+ 14My—20apcy * WE PIOVE

3M + 3M, + 4My + 10(1 — pw)aBco
102 = pep

co < < min{W;, Wio}

by
[BM + 3M;, 4+ 4My + 10(1 — w)aBeol(1 + p) — 102 — w)(My + paBco)
=31+ pu)M; +3(1 + w)My + (14 — 16) My + 10(1 — 2p)aBey
<0
and
3M; +3M; + 4Mo + 10(1 — paBcy — 10(2 — p) M,
= (100 — 17)M; + 3M; + 4My + 10(1 — p)afey
< (10— 17)M; + (6My — 3M;) + 4M, + 10(1 — pw)aPco
< (10p —20) M + (15M| — 5afco) + 10(1 — pw)aBco
= 5(1 = 2u)(afco — My)

=0,
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where the first inequality follows from 2M, > M; + M,, and the second
inequality follows from Lemma 7.3.4. Therefore, the optimal price for the supplier
iswi = 3M1+3M2+4(¥M0+lg(1—u)aﬁco

102—p)e, :

—3M|—3M>+16My—10aBco 1
If2My < M| + M, then M, T30 14My—200fc). < 2 Next when

0< < mi {—17M1+3M2+4M0+10(Xﬂc‘0 —3M1—3M2+16M0—100[,300}
< < min ,

10M; — 10aBco " 3My + 3M, + 14My — 20aBcg
3M14+3My+4Mo+10(1—p)afe A .
- 21+o(2_0,j)aﬁ( wapeo < min{wy, wio}. Thus the optimal

3M+3Mr+4Mo+10(1—p)efco
T00—10)p . When

similarly we find that

price for the supplier is wj =

o (VML 3M) + 4Mo + 100fcy —3My — 3M) + 16Mo — 10apc 1
10M; — 10afco " 3My + 3M; + 14My — 20afcq
3M+3Mr+4My+10(1—p)afcoy

we find that 100—1)ap
increasing in w when ¢y < w < min{wy, w10}, and the optimal price for the supplier
is W; = min{v?zl, VAV]()}. O

> min{Wwy, wio}. Thus the revenue function is

Remark 7.3.8. (a) If 2My > M, + M,, then wg are increasing in pu; if
2My < My + M,, then wg is quasi-concave in u. (b) wg is increasing in M,
M> and M.

Proof. For (a), if 2My > M; + M5, note that
dwg () —10aBco(2 — p) — BMy 4+ 3Ms + 4Mo + 10(1 — pwyeBeo](—1)
wo 10(2 — p)*ap
_ 3My + 3M, + 4My — 10aBcy
B 10(2 — p)*ap

> 0.

We find that wj is increasing in . If 2My < M; + M,, when u >
—3M1—3M2+16M0—100(,5C0 W*
3M+3My+14Mo—20aBco * V0

in .
The proof for (b) is straightforward by noting that 2 ‘+3M2:B?ﬁ)$;g(l_“)“ﬁ O s

increasing in My, M, and My, wy is increasing in My, and wyy is increasing in M.
O

= Wy is decreasing in p. Thus wj is quasi-concave

Theorem 7.3.9. There is wi < wj < wj.
Proof. First we prove
OuM; —9(1 — )My + 2(7Tp0 — 2) Mo + (32 — 13u)aBco
(—13p2 + 64 — 13)ap
- 3My + 3M, + 4My + 10(1 — p)aPeo
- 102 — pap
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by noting that

102 — ) [9uMy — 9(1 — w)M> + 2(Tp — 2) Mo + (32 — 13 p)afeo)
—(—13u® 4 64 — 13)[3M; 4+ 3M, + 4My + 10(1 — p)afco)
= (=51p% = 120 + 39)M; + (=51u* 4+ 78 — 141) M,
+(—881” + 6411 — 28) My + (190p> — 130 + 130)aeBco
< (190u” — 1301 + 130)(aBco — Mo)

=0,

where the first inequality follows from Lemma 7.3.4 by noting that —51u? —
124 +39>0and —51u? + 78 — 141 <O when 0 < p < 1/2.

. IM>+4Mo—13aBcy
Further from (7.10), if © > SN FOM, 147y —32000 then

9uM, — 9(1 — )My + 2(Tjt — 2) My + (32 — 13)afc
(—13u2 + 64 — 13)af

< min{Wwi, wio}.

Finally since wy > c¢o, we find that wi < wj. And furthermore, there is
wi < wy < wp. O

In Sect. 7.4 we will present the main result of this work, i.e., the wholesale price
negotiation. Notice that 2My > M, + M, implies 3M| —3M, + 2My —2acy > 0
in terms of Lemma 7.3.4. Without loss of generality, we only consider the case
2My > M, + M2 in Sect.7.4.

7.4 Wholesale Price Negotiation

Since the supplier and manufacturers have different interest on the iron ore price,
they have to negotiate the final wholesale price. In this section we will characterize
the bargaining process in the negotiation of iron ore price. The rule of negotiation
follows from iterative procedure. In the first round of negotiation, the supplier first
negotiates with one manufacturer. If both of the two players agree with certain price,
then the price will be the final iron ore price. If no price is achieved, then the
supplier will negotiate with the other manufacturer. If any price is achieved, then
the bargaining is over and the price will be used as the final iron ore price. If the
negotiation fails, then the supplier has to negotiate with the first manufacturer again
and starts the second round of negotiation. The negotiation will go on following this
procedure. Specifically, we assume that there are N rounds of negotiation.

We apply Nash bargaining game to characterize the negotiation between the
supplier and any manufacturer. The Nash bargaining game requires us to identify
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a feasible set of payoffs and a disagreement point. Each player’s payoff is the
profit. And note that if the negotiation fails, then the final iron ore price can be
the negotiated price of the following bargaining. Thus we assume the disagreement
payoff allocation to be defined as the profit under the negotiated price got from
the following negotiation. For example, for the bargaining between the supplier
and manufacturer 1, the disagreement payoff for the two players are r;(w;) and
ro(wy) respectively, where wy is the negotiated price during the following bargaining
between the supplier and manufacturer 2. However, during the last round of
negotiation, if still no price can be achieved, then the disagreement payoff is O for
any participant.

Thus for any given wholesale price w as the disagreement price, the objective
function of the Nash bargaining between manufacturer 1 and the supplier is given
as follows.

Mig(wi|w) = [ (wy) — I (w)] [T (wy) — g (w)].

Note that IT;(w;) > TII;(w) and TI;(w;) > IIs(w), otherwise there is no
need for the negotiation. In addition, recall that w{, w3 and w; are the optimal
prices for the two manufacturer and the supplier respectively. In terms of the

discussion in Theorem 7.3.5, the final negotiated price WII\IB and wgB should satisty

wi < WII\IB < wy and wj < wgB < w{ such that the results would make sense.

Let S_Z 1(w1|w) be the feasible set for the negotiation with disagreement price w, then
Qi(wilw) = {wi|T1(w) = T (w), Os(wi) > T(w), wi < wi® < wi}.

Similarly, given w the objective function of the Nash bargaining between
manufacturer 2 and the supplier is proposed as follows:

a5 (wa|w) = [[T2(w2) — M2 (W)][IT5(w2) — T (w)].

And the feasible set is defined as Q;(w2|w) = {w;|T12(wy) > TIh(w), TT;(wy) >
(w), w; < WIZ\IB <wj}.

Furthermore, in the last bargaining, if no agreement is achieved, then both the
bargainer can earn nothing. Thus the objective function is

Iis(w) = T1; (W) I (w).

Next we derive the Nash bargaining solutions backwardly, i.e., we first study the
Nash bargaining of the last round of negotiation. There are two kinds of sequence
for the negotiation process, with one starting from the negotiation between the
supplier and manufacturer 1 and the other starting from the negotiation between
manufacturer 2 and the supplier.
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7.4.1 The Manufacturer Without Investment First Negotiates

If manufacturer 1 first joins the negotiation with the supplier, then in the last round
of negotiation, the last bargaining is between the supplier and manufacturer 2. The
optimization problem can be formulated as

max My (w) = max I (w) I (w).
Wy SW=w w2 <w<w0

Theorem 7.4.1. In the last round of negotiation and the last bargaining between the
supplier and manufacturer 2, there is unique Nash bargaining solution w2 given
by the first order condition

T, (WhB
T ™I OA®) + ") T 0%) = 0,

N

where wi < sz < wj. Specifically,

(i) Ifo<pu< 32_3‘/% then wNB is the smallest real root.
(i) If 3= 3‘/7 < | < 3, then w2 is the middle real root.

Proof. Taking derivatives of f,(w) on w yields

ang—iV(W) = II5(W) T, (w) + IT, (W) T2 (w)

Quadratic function I (w) > 0 is increasing and concave in w when wj < w < wj,

and has two zero point ¢y and 3M1+35A(422+:ﬂfga)5”“ﬂ < Further it is straightforward

to show that IT,(w) also has two zero points. Thus there are four zero points for
quartic function IT,5(w). And the first order condition W = 0 yields three real
roots. Next note that the properties of manufacturer 2’s profit function depends on
the investment ratio p.

Ifo < pu < %ﬁ, then it has been shown that IT,(w) is decreasing and
convex in w whencp = wi < w < wj < rnin{w(l),w(l)o}. Since IT;(w) > 0 when
co < w =< wj, the two zero points of quadratic function IT,(w) are larger than wy.
Further since the zero point of IT;(w), 3M‘+35A{22j:)]g EZOS’L opeo
is only one zero point ¢ for ITrs(w) = ITr(w)I1;(w) when cp < w < wj. Next,

note that 3“3% IT>(co) Tl (co) > 0 and dn%(wo) I, (wi) I (wg) < 0. Thus
the quadratic function ITy;(w) > 0 is quasu:oncave inw whencp < w < wj.
Finally we find that the optimal wholesale price w)® is given by the first order
condition IT)(w)II,(w) + IT,(w)II,(w) = 0. And based on above analysis we find
that ¢p < w?B < w(’)k is the smallest real root.

, is larger than wy, there
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Ifu = %, then IT,(w) > 0 is linearly decreasing in w when ¢y = w}‘ <

w < wyg. Since IT;(w) > 0 is increasing and concave in w, we find that ITy,(w)
: : , A (wis
is concave in w. Further due to % = TI2(co)IT%(co) > 0 and % =
IT, (wy) I (w) < 0, we find that the optimal wholesale price is given by the first
order condition, which is a quadratic function with two solutions. Since the zero
point of IT,(w) is larger than w{, the optimal solution cg < whiB < w; is the smaller
real root. /o
32-34/95 . 9M+4Mo—13afc 1 . .
If =272 < u < min{ 9M1+92M2+1°4M07§‘2(;ﬂ00 . 51, then TI(w) > 0 is decreasing
and concave in w when ¢g = wj < w < wj. Since Il;(w) > 0 is increasing and

concave in w, we find that IT;(w) is concave in w when ¢g < w < w;. Further

due to M2 — 11, (¢o) T (co) > 0 and 208 — 11 () TT,(w}) < 0, we find
that the optlmal wholesale price can be computed by the first order condition, which
is a cubic function with three solutions. Since ¢, is between the two zero points of
IT>(w), ¢ is the second zero point of ITps(w). Thus ¢g < wh® < w¥ is the middle
real root of the first order condition.

If min{ 9M19Jﬁ§;24ﬁ°47‘413f§§gﬂ%, I} < w < 1, then M(w) > 0 is concave in
w, and when w; < w < wg , IT(w) is decreasing and concave in w. Since
ITy(w) > 0 is increasing and concave in w, we find that TI,;(w) is concave in

w when wi < w < w;. Finally due to al‘lzds_v(vw;‘) = II;(w;)II,(w3) > 0 and
% = IT5(wy) I (wy) < O, the optimal wholesale price is given by the first

order condition. Notice that ¢y is still between the two zero points of 7,(w). Hence,
¢o 18 the second zero point of I1,,(w). Further since the larger zero points of IT,(w)
and IT;(w) are larger than wj, wj < WZNB < wy is the middle real root of the first

order condition. O

Next we study the negotiation between manufacturer 1 and the supplier. The
disagreement payoff is the profit with iron ore price wgB obtained in Theorem 7.4.1.
Thus the optimization problem is

max  Tlig(wi[wh?) = [TT1 (w) =TT (w3 )L (W) —TL (W5®)].

WIGQI(WI‘WIQ\IB) W|€Ql(W1|w2

Lemma 7.4.2. In the last round of negotiation between the supplier and

manufacturer 1, there is unigue Nash bargaining solution wy (w5 NBY = wgB .

Proof. Since I1;(w) is decreasing in w and IT;(w) is increasing in w when ¢y =

wi < w < wj, we find that Q;(w;[w)®) = {wi|w; = w)P}. Thus the Nash
bargaining solution for the negotiation between manufacturer 1 and the supplier is
wi(wYB) = wiB. O

Next we continue discussing the bargaining backwardly, i.e., the negotiation
between manufacturer 2 and the supplier in the second last round. The disagreement

payoff is the profit with iron ore price wf(wh®) = w)B. Thus the optimization
problem is
max  Tla(wawh®) = [TT2 (w2) = T2 (W5 )] [T (w2) =TT (w5™)].

W2 €Q2 (w2 |WhB) W2€92(W2|W2
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Lemma 7.4.3. In the second last round of negotiation between the supplier and
NB

manufacturer 2, there is unique Nash bargaining solution ws (wh®) = wiB.

Proof. We also discuss the Nash bargaining solution in terms of different w. First
note that wy < wh)® < wi.

. 9M;+4Mo—13aBco 1

< < =

If0 < 4 < min {9M1+9M2+14M0—32aﬂco’ 2

co = wy < w =< wj. Further since IT;(w) is increasing in w when wj < w < wj,

we find that Q2(w2[wh®B) = {wz|w2 = w)P}. Thus the Nash bargaining solution is

#(, NBY _ . NB
wy(ws") = wyo.

. 9M, +4My—13aBcy 1

If min {9M1+9Mz+14M0—32aﬂco '3

decreasing in w when w; <w< wa‘ . Further since IT;(w) is increasing in w when

wy < w < wp, we find that Q,(w2[w)®) = {wo|w, = wiB}. Thus the Nash

L ook NBY o NB
bargaining solution is w3 (w5 °) = wy . O

}, then IT,(w) is decreasing in w when

} < pn < %, then TI,(w) is concave in w, and

From Lemmas 7.4.2 and 7.4.3, the Nash bargaining solution will remain
unchanged if we proceed the analysis backwardly. Therefore, for the price nego-
tiation starting from the bargaining between manufacturer 1 and the supplier, we
find the final negotiated price as follows.

Theorem 7.4.4. Ifthe iron ore price negotiation starts from the bargaining between
the supplier and manufacturer 1 who has no investment on the iron ore, then the final

negotiated price is wh®.

7.4.2 The Manufacturer with Investment First Negotiates

If manufacturer 2 first joins the negotiation with the supplier, then in the last round
of negotiation, the last bargaining is between the supplier and manufacturer 1. The
optimization problem can be formulated as

max Il ;(w) = max*Hl(w)Hs(w)

WT §w§wg WT =w=w,
|:(Ml —apw)® | [Mo+ papeo — (1 + u)aﬂW]z}
= max +
w?‘fwfwg 4,3 9:3
1— —
XMBMI + 3M2 + 4M0

6
—5uafcy — 52 — wapwl.

Theorem 7.4.5. In the last round of negotiation and the last bargaining between the
supplier and manufacturer 1, there is unique Nash bargaining solution wll\IB given

by the first order condition
BH] (WNB)
T = 0TI 00P) + T AP TR = 0,

where ¢y < WII\IB < wy} is the only real root.
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Proof. Taking derivatives of I1;;(w) on w yields
anls (W)

aw
When ¢y = wi < w < wj, II;(w) is increasing and concave in w, and IT; (w) is
decreasing and convex in w. Since IT; (w) > ( for all w, there are two zero points for
T (w) and only one real root for an;“ = 0. Since mgjw("") = I (co) T (co) > 0

and W = IT| (w) s (wgy) < 0, IT15(w) is unimodal when ¢y < w < w;. Thus

the optimal iron ore price is the only real root of the first order condition. O

= T\ (W) I (w) + I, (w)IT; (w).

Next we study the negotiation between manufacturer 2 and the supplier. The
disagreement payoff is the profit with iron ore price w)'® obtained in Theorem 7.4.5.
Thus the optimization problem is

max  TDo,(wa|w)®) = [TT5(w2) =TT (W)™) ] [TTo (w2) —TTo(Wh®)].

NB
w2€Qy (walwy ) wzeﬂv(wzlw] )

Lemma 7.4.6. In the last round of negotiation between the supplier and manufac-
turer 2, there is unique Nash bargaining solution w (W)®) = wi'®.

Proof. The proof is also in terms of different .

. IMo+4My—13afco
<<
If0 < pu < min {9M +9Ms+14Mo—32afcy * 2

co = wy < w < w;. Further, since IT(w) is increasing in w when cp < w < wj,
we find that Q, (w2 |W)'B) = {ws|w, = w{B}. Thus the Nash bargaining solution is
(W1 B) — WNB.

IM>+4My—13afco
Ifmln{9M1+9M2+l4M0 —32afcy’ 2

} then IT,(w) is decreasing in w when

} < u < 5, we first show

NB e UMy —9(1 = WMy + 2(Tpn — )My + (32— 13p)aBcy

> =
R (—1312 1 64 — 13)ap
by
anls(w;) >0
ow
When min { 5 M?ﬁ;ﬁﬁ%},}jﬁg;&ﬁ%, %} <p< % I1,(w) is concave in w, and hence

decreasing in w when wy < w < wj(. Further, since ITo(w) is increasing in w
when w < w < w, we find that Q(w;[wB) = {wy|w, = w]B}. Thus the Nash
bargaining solution is w3 (W)'®) = wB. O

Next we continue discussing the bargaining backwardly, i.e., the negotiation
between manufacturer 1 and the supplier in the second last round. The disagreement
payoff is the profit with iron ore price w3 (w)'®) = w\B. Thus the optimization
problem is

max I (ww)®) = max [T (wy)—TT; (W), (w))—TT,(w)B)].

w1 €Q(wi[wW)'B) w1 €Q (wi|wB)
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Lemma 7.4.7. In the second last round of negotiation between the supplier and
NB

manufacturer 1, there is unique Nash bargaining solution w}(w)®) = w)
Proof. Since Il (w) is decreasing in w and Il (w) is increasing in w when
co = wi < w < wp, we find that Q; (wi|w)'®) = {wi|w; = w|®}. Thus the Nash
bargaining solution for the negotiation between manufacturer 1 and the supplier is
wi(wiB) = wiiB. |

From Lemmas 7.4.6 and 7.4.7, the Nash bargaining solution will remain
unchanged if we proceed the analysis backwardly. Therefore, for the price nego-
tiation starting from the bargaining between manufacturer 2 and the supplier, we
find the final negotiated price as follows.

Theorem 7.4.8. Ifthe iron ore price negotiation starts from the bargaining between
the supplier and manufacturer 2 who has investment on the iron ore, then the final

negotiated price is WII\IB.

7.5 Numerical Examples

In this section some numerical examples are given to illustrate the theoretical results
of this chapter. The computational analysis are conducted from two folds. First, we
investigate the impact of investment ratio i on the optimal wholesale price of the
three players and on the final bargaining price. Second, we explore the impact of the
unit steel production cost ¢ on optimal wholesale price of the three players and on
the final bargaining price.

Based on the theoretical analysis above, the investment ratio of player 2 is
assumed as u € [0,0.5). Let M; = 900, M, = 1,100 and M, = 1,000 (dollar)
be the market size respectively. The other parameters in the example are given as
follows: ¢o = 100, =2 and 8 = 1.

Firstly we examine the impact of manufacturer 2’s investment ratio on the
optimal wholesale price of each player. u gets values in the interval [0,0.5].
Figure 7.1 illustrate the results derived in Sect.7.3.2. Specifically,

e The optimal iron ore price for player 2, wj, is equal to ¢y when
IM>+4My—13afco
K = oy oMy +14Mo—320Bc0 *
* The optimal iron ore price for player 2, w3, is larger than ¢( and increasing in p
OMy+4Mo—13aBcy 1
oM, T OMs 1 14Mo—32aBc; = M < 3-
* The optimal iron ore price for the supplier, wy, is increasing in (.

when

Then we study the impact of manufacturer 2’s investment ratio on the negotiated
iron ore price for each of the bargaining sequence. Figure 7.2 illustrates that
NB NB
Wit < wyv.
Furthermore, the optimal profits under different bargaining sequences are exam-
ined. Specifically, we first show the impact of manufacturer 2’s investment ratio on
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the optimal profit with negotiated iron ore price wh'®. Figure 7.3 illustrates that if
the negotiation starts between the supplier and manufacturer 2, then

e The optimal profit of manufacturer 1 is slightly decreasing in u.

* The optimal profit of the supplier is decreasing in .
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Fig. 7.3 The optimal profit with negotiated iron ore price w\'B

* The optimal profit of manufacturer 2 is increasing in p, and will be larger than
that of the supplier when p becomes high enough.

Then we show the impact of manufacturer 2’s investment ratio on the optimal
profit with negotiated iron ore price WIZ\IB. Figure 7.4 illustrates that if the negotiation
starts between the supplier and manufacturer 1, then:

* The optimal profit of manufacturer 1 is decreasing in u.

e The optimal profit of the supplier is first slightly increasing and then decreasing
in Q.

e The optimal profit of manufacturer 2 is increasing in u, and will be larger than
that of the supplier when p becomes high enough.

Finally we examine all the bargaining sequences each manufacturer or the
supplier prefers. The results are shown in Figs. 7.5-7.7. We find that:

e Manufacturers 1 and 2 prefer the negotiation starting between the supplier and
manufacturer 2

e The supplier prefers the negotiation starting between the supplier and
manufacturer 1
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7.6 Concluding Remarks

In this chapter we seek to provide some insights for the annual international iron
ore price negotiation by studying a one-supplier two-manufacturers supply chain, in
which manufacturer 2 has investment on the supplier while manufacturer 1 does not.
Firstly we establish a quantity competition model to derive the optimal production
quantity of each manufacturer, and further the preferred iron ore price for each
player in the supply chain. Next we extend the results of Nash bargaining to two
sequences of Nash bargaining. The results show that the investment on iron
ore brings more advantages to manufacturer 2 in the quantity competition
as well as the iron ore price negotiation. More specifically, relative to
manufacturer 1, manufacturer 2 can afford higher iron ore price, and obtain
higher profit. Furthermore, when the investment is high enough, the final profit
of manufacturer 2 exceeds that of the supplier.

The future research is mainly related to the practice of iron ore price negotiation.

Firstly, in the real steel market, Chinese manufacturers provide steel of low
quality while Japanese manufacturers provide high-quality steel. In other words, the
two manufacturers compete in different levels of market, and hence obtain different
profit margins.

In addition, in the real iron ore price negotiation, there are more than
one supplier. A more reasonable model is to consider the two-suppliers and
two-manufacturers case. The two suppliers have different production cost and
provide different supply in the market. Therefore, new framework should be
established for the new relationships among the manufacturers and the suppliers.

Appendix

Proof of Theorem 7.3.5. For manufacturer 1, taking derivative of IT;(w) yields

oMl (w)  (4p* +8u + 13)a2ﬁw _a[9My +4(1 + p)Mo + 4u(1 + paBeo
ow 18 18 '

Clearly the revenue function is convex in w, and the minimizer of the revenue
S OMy 44(14 ) (Mo jeerBeo) M) +4(14 1) (Mo+jeeBeo) . A oa
function is o0 DaP where OH4+ 0P > nnn{'wl, W.10}-
Thus I (w) is decreasing in w when ¢y < w < min{wy, wjo}. Then the optimal iron
ore price for manufacturer 1 is w = ¢, and the optimal revenue of manufacture 1

is Hl(WT) — (Ml—z‘%ﬂco)Z + (Mo—gaﬂco)z.

For manufacturer 2, first taking derivatives of IT,(w) yields

AML(w)  (13u% — 64p + 13)a2B
= w
ow 18

o
+§[9MM1 =91 — WM + 2(Tp — 2)Mo + (32 — 13p)afcol
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and

0T13(w) B (13u% — 64 + 13)a?B
w2 18 '

Thus the revenue function is a quadratic function, or linear function of w when

w= 3= 3‘/7 . The optimal price, w3, depends on the coefficient of the function as

follows.
Ifo < p < 3= 3‘/7 , then 13u2 — 64 + 13 > 0 and hence IT,(w) is convex.
Furthermore, the w that minimizes the revenue function is

C9uMy = 9(1 = p)M> + 2(Tp — 2)Mo + (32 — 13,u)ocﬁco
(132 — 64p + 13)ap

We seek to prove

WM (A=) Mo +2(Tp=2) Mo+ (32—13p)aBcy Mo+uaﬁcO_w
(13u2—64u+13)af = (+wap "

(7.9)
It follows from

—[OuMy —9(1 — w)Ms +2(Tp — 2) Mo + (32 — 13 p)aBeol(1 + p)
—(13u% — 64 + 13)(My + paBco)
= =9 (144) My +9(1 =) (1410) Mo+ (=270 + 54 —9) Mo—45 (1 — ) Beo
45u(1 — p)Mo — 45u(1 — waPco
> 0.

IV

Where the first inequality follows from Lemma 7.3.4. Thus IT,(w) is decreasing
when ¢y < w < Wy, and the maximizer of IT,(w) is w2 = ¢(. Furthermore, the
—Olﬂfo) + (/"lo—Ofﬁco)2

9

optimal revenue of manufacturer 2 is IT,(w}) = (M

If p = 3= 3‘F , since
0Tl o
200 2 fopy — (1 — )M + 27~ 2) Mo + wB2 — 3w)apa)

_ —(13p% — 64p + 13) (Mo + perBeo)
- I+ pu

=0.

Where the first inequality follows from (7.9). We find that I1,(w) is decreasing in w
and hence the optimal price is w3 = co.
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If %ﬁ <p < %, then 13u” — 641 + 13 < 0 and hence IT,(w) is concave

9y —9(1 =) M +2(Tu—2) Mo+ (32— 13p)upcq
(=131 +64p—13)ap

_ _ 9M,+4My—13aBco 1
If 3My — 3M, + 2My — 2afcy < 0, then 9M1+9M2+14M0—32a[56022 and we
1 IM>r+4Mo—13afco

find that u < 5 < My 9N, T 143, —320Fcg Thus it is straightforward to verify

OuM1—9(1—p) M +2(7u—2) Mo+ (32—13 ) aBco .
that IRt 6i—13)0p < ¢p. Finally we find that the revenue
function is decreasing in w when w > ¢( and consequently the optimal price is

*
w, = Co.

If 3M, — 3Ms + 2Mo — 2aBcy > 0, then g HBala— < 1 Further we

in w. The maximizer of IT,(w) is

OMy+4My—13aBey - 13Mg—13afcy _ 13 _ 32-34/95

find that 55 —550pe; = 3aMo—32afc, — 32 > — 13 (tom Lemma 7.3.4.
32— 3~/ IM>+4My—13aBco

Next when <pu= M, oM, 143 —320Fc W€ find that

OuMy —9(1 — w)Mp +2(T — 2)My + (32 — 13u)aBco -
(—1312 + 6410 — 13)ap =

Thus the revenue function is decreasing in w when w > ¢ and consequently the

. S MyF4My—1
optimal price is w3 = ¢o. When 3 M19+92Aj;2 14 Mjﬁgg‘;ﬁm < | < 5, in following ways
we verify

M —9(1 — WMy +2(Tpn — 2)Mo + (32 — 13p)afey .00
co < 3 < min{w}, wjy}.
(=132 + 64p — 13)ap

(7.10)

The first inequality is straightforward. The proof for the maximizer less than or
equal to wyo follows from inequality (7.9). The rest proof is as follows

UMy —9(1 — W)My + 2(70 — 2)My + (32 — 13p)afco — (—13/L2 + 64u — 13) M,
= (13u% = 551 + 13)M| — 9(1 — )M + 2(Ti — 2)My + (32 — 13)aBeo

2M,
< (13u% = 55u + 13)%04360 + (23u — 13)Moy + (32 — 13p)aBeo
2602 — 41 — 13
- %(Mo — apeo)

3
<0.

Where the first inequality follows from Lemma 7 3 4 and noting that
13u% =55 + 13 < 0 when p > -——dat4Mo—13afico Therefore, inequality

SN, +OM, + 14Mo—320Bc0. — B
(7.10) is true when o——d2t4Mo=l3afco 1. and the optimal price for

OMi+9MyF14Mo—320Pcy Ko<
is w¥ = Mi=90=) Mo +2(Tp=2) Mo+ (32=13 )y
manufacturer 2 is wy = DR+ 6h—13)af O







Chapter 8
Conclusions and Further Research Topics

Today’s operating environment calls for a supply chain design that is both secure
and resilient. The field of risk management in supply chain is young, growing, and
promising.

As we have discussed in previous chapters, a large amount of the literature have
been devoted to the study on risk analysis of supply chain models. Hence, we first
review the existing literature which is categorized into three kinds of perspectives:
modeling of decision maker’s risk preference, supply disruption management, and
financial risk measurement in supply chains. We further point out that within the
three perspectives of risk management in supply chains, the modeling of decision
maker’s risk preference has been studied a lot and many results have been obtained
to guide the practice. However, the analysis on the other two kinds of topics is still
in its infancy, and more efforts are needed from academia.

Under this background, this book mainly discusses the problems of risk analysis
of supply chain uncertainty and financial risk measurement. For each problem, we
provide feasible solutions and insights for managing risk in supply chains. However,
the new problem springsup on how such solutions can be evaluated. Works that
simply help managers to find a proper trade-off between the cost of solution and
the revenue are not enough. Therefore, it will become a hot topic to quantify the
benefits of these various solutions.

In this book we address a two-periods inventory control problems faced by a
retailer who is served by two unreliable suppliers. The retailer facing stochastic
demand needs to determine the sourcing strategy, i.e., which supplier to select and
further how much to order. For each period, we identify the conditions under which
the retailer will choose single sourcing or dual sourcing, and find that the supplier
selection process is the trade-off between the ordering cost and the randomicity
of the yield rate. Along this direction, we could further consider the Stackelberg
game in which the suppliers determine the wholesale price and then the retailer can
choose the sourcing strategy as well as the ordering quantity. In addition, issue of
yield information update could be incorporated into the supplier selection model.
Specifically, the retailer can collect the yield information after the first period,
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based on how many units the retailer ordered and actually delivered by the supplier.
The more the ordered units, then the more information about the yield rate of the
supplier is acquired. The optimal sourcing strategy and the ordering quantity need
to be computed in the new setting. We investigate not only the sourcing strategy of a
retailer but also the pricing strategies of the two suppliers under an environment
of supply disruption. We characterize the sourcing strategies of the retailer in a
centralized and a decentralized system. Based on the assumption of a uniform
demand distribution, we obtain an explicit form of solutions when the suppliers
are competitive in nature. Finally we devise a coordination mechanism to maximize
the profits of both the suppliers.

The book also studies the dynamic inventory control problem with cash flow
constraints and short-term financing. We derive the optimal inventory policy for
each period, and characterize the dependence of the firm’s optimal operational
policy on its financial status. As we have shown, many interesting issues remain
to be investigated. To make the model suit practice better, a holding cost rate
and shortage cost rate b could be incorporated, and demands over periods could
be assumed not to be identically distributed. Furthermore, the modeling of decision
maker’s risk preference could be applied to study the risk-averse retailer here. We
will find that the optimal inventory control policy is still capital-dependent policy,
but more structural results are hard to obtain. We considered the model of inventory
financing. In reality, there is always a borrowing limit such that the lender could
avoid the risk of borrower bankruptcy.

By studying a one-supplier and two-manufacturers supply chain, the book further
dealt with the annual international iron ore price negotiation. The negotiation
process is modeled as two sequences of Nash bargaining. The results show that the
investment on iron ore brings more advantages to manufacturer 2 in the quantity
competition as well as the iron ore price negotiation. It also demonstrates the im-
portance of steel manufacturer considering more investment on iron ore. The future
research could be related to the practice of iron ore price negotiation. For example,
Chinese and Japanese steel manufacturers provide steel of different quality. Hence,
they compete in different market. In addition, there are more than one supplier in
the market as well as the negotiation. Therefore, more general model should be
established for the new relationships among the manufacturers and the suppliers.

In recent years, the development of B2B online exchanges has brought high
liquidity and hence more risks. Since it provides an alternative channel for the
traditional supply chain participants, it also could be applied to handle the supply
chain risks. Firms have began doing business through these markets. Also in
academia, we have seen some research works along this direction. Please see Seifert
et al. (2004); Wu et al. (2002) and Peleg and Lee (2002) for reference.

Finally, it can be found that implementing a supply chain—wide risk assessment
is a complex and difficult task. It is important for managers to understand risk
assessment along the supply chain and developing more practicable approaches
to guide the process. Therefore, it will be the future direction to investigate risk
implications of different network structures and to develop effective tools for
identifying and mitigating network-related risks, to quantify the benefits of the tools
and to find a proper trade-off between the revenue and the cost of tools.
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